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CHAPTER 1 INTRODUCTION

CHAPTER 1
INTRODUCTION

1.1 Background of the Study

The retail landscape in India is undergoing rapid transformation, with traditional brick-and-
mortar stores, large organised retail chains and various e-commerce platforms co-existing,
while simultaneously integrating to serve customers across multiple channels. Customers are
engaging with businesses across multiple touchpoints, product/service offerings are easily
mimicked, and competition is intense across industries. In this competitive environment,
offering a good product or an efficient service is no longer the path to building a competitive
advantage. Businesses are increasingly being evaluated for their performance, from the pre-
purchase search to the post-purchase interactions and the value delivered at each stage. This
revolution has brought the philosophy of customer experience to the centre of marketing and

retail strategies.

Over time, research has examined the evolution in the bases for competitive differentiation.
Palmer (2010) asserted that there has been an intensive evolution in differentiation strategies
between companies over a period of time. During the 1950s and 1960s, firms used tangible
product qualities to gain a competitive advantage. As development of tangible bases for
differentiation reached a standstill, the focus in the 1970s shifted to services. In turn, services,
which began as a differentiator, eventually became generic, and from the 1980s, the quality of
ongoing relationships became a new differentiator. Palmer (2010) then posed the question of
what would happen if relationships themselves became generic, and all companies operating in
a product area and targeting similar groups of customers followed similar patterns of
relationship development. This led to the construct of experience being proposed, which could
be the differentiator in the current competitive scenario. Schmitt (2003) was amongst the
earliest scholars to formalise Customer Experience Management as a strategic, firm-level
approach to designing and managing customer experiences. Edvardsson et al. (2007) discussed
the role of emotions in a service setting and concluded that service quality research focuses on
cognitive dimensions and quality factors linked to service episodes and critical incidents.

Researchers (Hirschman & Holbrook, 1982; Pine II & Gilmore, 1998) argue that there is a need

Page | 1



CHAPTER 1 INTRODUCTION

to discuss the service experience through the lens of the customer and go beyond a purely

cognitive assessment.

Figure 1.1: Evolution of Customer-Centric Models

Product Service Relationship Customer
Quality Quality Quality Experience
(TQM) (SERVQUAL) (CRM) (CEM) (2003)
(1950s) (1985) (1995)

Source: AIHarbi et al. (2016)

AlHarbi et al. (2016) discussed a model (Figure 1.1) showcasing the chronological evolution
of customer interaction approaches. Through the model, it is explicitly clear how the focus of
businesses evolved from being product-centric to customer-centric and what the strategies of
firms should be that aim to achieve sustainability and prosperity in the long run. They contended
that Customer Relationship Management (CRM) and Customer Experience Management
(CEM) operate in a complementary manner. While CRM emphasises the systematic
management of customer data, CEM goes beyond the boundaries of CRM by focusing on the

management of customers’ experiences across the organisation based on the CRM data.

Academicians and Practitioners have begun to agree that we no longer live in a product or
service-dominated economy but in an “experience economy” which will be the key to
sustaining in this competitive marketing environment. Pine II & Gilmore (2017) liken each
business to a theatrical stage, the offering to a theatrical play, and the customer to a guest in the

theatre. They critically laid out a distinction between services and experiences (Table 1.1).

Table 1.1: Distinction between Services and Experiences

Services Experiences
Economic Function Deliver Stage
Nature of Offering Intangible Memorable
Key attribute Customised Personal
Method of Supply Delivered on demand Revealed over a duration

Source: Pine Il & Gilmore (2017)
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CHAPTER 1 INTRODUCTION

Meyer & Schwager (2007) argue that CRM captures what a company knows about a particular
customer—such as the customer’s history of service requests, product returns, and inquiries—
, whereas customer experience data captures customers’ subjective perceptions and evaluations
of an organisation. The concepts of Total Quality Management, Service Quality, and Customer
Relationship Management cannot be undermined in business, but at the same time cannot be
used in isolation to measure customer outcomes. Therefore, research in retailing posited the
need for a new construct that wholly measured the experience of customers. In this context,
Customer Experience Management is viewed as a retailer’s strategy to design and manage
customer interactions to create value both to the customer and the firm. Unlike Customer
Relationship Management, which is rooted in recorded customer histories, Customer
Experience Management focuses on the customers’ current experience during their interactions

with the retailer (Verhoef et al., 2009).

Retailers intending to be sustainable have to differentiate themselves from the competitors by
offering customers a positively differentiated shopping experience throughout their journey that
will keep bringing customers back for more. Customer experience leads to customer
satisfaction, which in turn acts as an antecedent of brand loyalty, customer retention, market
growth and the overall profitability of the organisation. In the changing scenario from product-
centric to customer-centric approaches, managerial attention has shifted towards their
customers and more deliberately towards their experiences. As consumers use varied platforms
to voice their expectations, evaluations and grievances, customer experience has become a
significant and critical focus area among marketing practitioners and academia, considering its
role in shaping the reputation and long-term survival of businesses (Siqueira et al., 2020). The
goal of customer experience management is to move customers from satisfied to loyal and then
from loyal to advocates. Kriss (2014) used data collected on the experience and revenue from
two global businesses and found that not only was it possible to quantify the impact of the
customer experience, but the effects were significant. The study analysed the effects of other
drivers besides customer experience on two outcomes: customer feedback and future spending
by individual customers. It was found that after taking into account other factors that drove
repeat purchases or increased retention rates, customers with the best past experiences spent
140% more compared to those with sub-standard past experiences. Hence, retailers have to be
focused on creating a new integrated customer experience that depends on satisfying customer

expectations (Kazancoglu & Aydin, 2018).
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CHAPTER 1 INTRODUCTION

1.1.1 Customer Experience

Customer experience involves understanding the customer’s cognitive and sensorial evaluation
of their shopping experience. Lemon & Verhoef (2016) argue that customer experience could
be viewed as a phenomenon encompassing customers’ cognitive, emotional, social, sensory and
behavioural responses to the organisation’s offerings over time, including pre- and post-
consumption. Meyer & Schwager (2007) define customer experience as “the internal and
subjective response customers have to any contact (direct or indirect) with a company. Direct
contact occurs in the course of purchase, use, and service and is usually initiated by the
customer. Indirect contact most often involves unplanned encounters with representatives of a
company’s products, services or brands and takes the form of word-of-mouth recommendations
or criticisms, advertising, news reports, reviews and so forth”. Verhoef et al. (2009) explain
customer experience as the overall experience the customer has with the retailer, based on all
interactions and thoughts about the business. Customer Experience could be defined as a “set
of interactions between a customer and a product, a brand, a service, a company or part of its
organisation, which provokes a reaction as a result of an ordinary or extraordinary experience”
(Wallsetal.,2011). Pine II & Gilmore (1998) define customer experience as “distinct economic
offerings that are as different from services as services are from goods, and successful
experiences are those that the customer finds unique, memorable and sustainable over time,

would want to repeat and build upon, and enthusiastically promote via word of mouth™.

1.1.2 Omnichannel Retailing

Having examined the concept of customer experience, the question that arises is how retailers
can develop positive experiences for their customers. Retailing has evolved and taken a multi-
dimensional form with the advent of technology-driven retail. The brick-and-mortar retailers,
though with inherent advantages, are at times struggling to compete with large online retailers.
At a time when retail firms face tremendous uncertainties and intense competitive pressure to
survive in the multichannel marketplace, the capability to identify and leverage the factors that
drive customer satisfaction and loyalty across channels could be a key competitive advantage
(Hult et al., 2019). As observed by Rigby (2011), digital retailing is no longer limited to online
selling alone. It is increasingly developing into an omnichannel model in which retailers are
able to connect with customers through many touchpoints, including websites, physical outlets,

kiosks, direct mail and catalogues, call centres, social media, mobile devices, gaming consoles,
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televisions, connected appliances, home services, and more. The issue that arises is whether
online and offline retailers could be integrated so that each could benefit from the strength of
the other and have a win-win situation. The answer to this lies in the adoption of an omnichannel

strategy.

Retailing is immersed in the most significant revolution of recent decades, and omnichannel
retailing is one of the major trends that is transforming the retail sector (Pezzini, 2017).
Omnichannel retailing also deserves attention due to the fact that the use of online channels 1s
increasing, which has to be considered from the perspective of brick-and-mortar retailers.
Customers expect businesses to deliver the full spectrum of benefits associated with online and
offline platforms. On the digital side, they appreciate wider product variety, detailed
information, reviews and practical suggestions from other buyers. At the same time, they also
value what physical stores offer, such as personal assistance, the ability to see and touch
products, and the pleasure of shopping as an experiential activity. Different customer segments
value parts of the shopping experience differently, but all are likely to want perfect integration
of the digital and the physical (Rigby, 2011). Siqueira et al. (2020) in their study asserted that
an active customer experience program and the integration of digital merchandising with
physical stores in a truly omnichannel fashion were antecedents of long-term success and
proposed that retailers needed to operate in an integrated manner so as to combine the
advantages of various channels and provide a complete experience to the customers across
channels. Ewerhard et al. (2019) believe that retailers who wish to remain competitive will need
to move towards omnichannel retailing. Omnichannel businesses represent an unprecedented
opportunity for retailers to leverage synergies between both channels in synchronising their

interactions with consumers across multiple touch points (Brynjolfsson et al., 2013).

Mosquera et al. (2018) define an omnichannel store as one that blends the advantages of
physical stores (i.e. the ability for consumers to see, feel, touch and try the product) with those
of the online world (i.e. a greater product offering and 24/7 availability and information). An
omnichannel strategy integrates all actions, including buying online through various
technological developments such as mobile applications, and picking up in store; buying from
an online store but exchanging at a physical store; and selecting from an online store while
reserving or having delivery to a physical store (Verhoef et al., 2015). Cunnane (2012) define
omnichannel retailing as “a set of integrated processes and decisions that support a unified view

of'a brand from a product purchase, return, and exchange standpoint, irrespective of the channel
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(in-store, online, mobile, call centre, or social)”. Rigby (2011) defined omnichannel as “an
integrated sales experience that melds the advantages of physical stores with the information-
rich experience of online shopping”. Shen et al. (2018) defined omnichannel as “a unified
approach that manages channels as intermingled touch points to allow consumers to have a

seamless experience within an ecosystem.”

1.1.3 Omnichannel Customer Experience (OCCE)

In an omnichannel framework, customer experience is enhanced by giving customers the
flexibility to initiate and complete the buying process on their own terms and at their
convenience. In an omnichannel environment, channels are used seamlessly and
interchangeably during the search and purchase process, and it is difficult, if not virtually
impossible, for retailers to control the use (Neslin et al., 2014; Verhoef et al., 2015).
Omnichannel presents the retailer with the opportunity to make the experience so smooth that
the customer wants to keep coming back (Cook, 2014). Changing lifestyles mean that today’s
customers want to undertake the buying process at a time and place that suits their own needs,
using the technology that they have in their hand or in front of them. From an information
perspective, a customer should have access to the entire product variety, whether they are online
or at the store. Such an omnichannel structure is likely to offer great value to the customer while
reducing the cost of fulfilment (Chopra, 2016). Instead of competing against each other, online
and brick-and-mortar stores could function in an integrated manner so as to capitalise on the
strengths of each other. Herhausen et al. (2015) provide evidence that online-offline integration
does not result in channel cannibalisation and has no negative effects on the physical store.
They also asserted that channel integration diverted customers who would otherwise purchase
from other, non-integrated online stores to an integrated internet store. Both academia and
management have come to realise that the overall experience quality is one of the top elements
that affect customers’ shopping intention, which in turn influences omnichannel business
(Cunnane, 2012). As such, shifting to an omnichannel strategy commits a brand to a process of
optimising customer experience and redesigning channels and touch points from this
perspective (Picot-Coupey et al., 2016). In this study, omnichannel customer experience is
conceptualised as a phenomenon encompassing customers’ cognitive, emotional, behavioural,
sensorial and social responses (Lemon & Verhoef, 2016) in a framework that manages channels
as intermingled touch points to allow consumers to have a seamless experience pre- and post-

consumption (Shen et al., 2018).
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1.1.4 Technical Consumer Goods Sector

The retail industry is dominated by two key sectors---goods and services. Goods could take the
form of consumer goods and industrial goods. A further categorisation of consumer goods
would be Slow-Moving Consumer Goods (SMCG) and Fast-Moving Consumer Goods
(FMCG) (Ewerhard et al., 2019). The behaviour of customers across FMCG and SMCG varies
to a great extent as FMCG entails more spontaneous decisions due to the low values of products,
regular purchase of the same, whereas the SMCG sector entails more expensive products,

showcasing high involvement behaviour (Nordfalt, 2005; Szopinski et al., 2019).

Figure 1.2: Categorisation of Goods

| Goods |

[ Consumer goods ] [ Industrial Goods ]

Slow Moving Consumer
Goods (SMCG)

Goods (FMCG)

[ Fast Moving Consumer

Technical Consumer Goods (TCG)/ Appliance & Consumer
Electronics (ACE)

Consumer Electronics Home Appliances

Air conditioners, dishwashers, clothes dryers,
refrigerators,mixers, kitchen stoves, fans, Vaccum cleaners,
Garment care, water heaters, washing machines,
microwave ovens, and induction cookers.

Televisions, cameras, DVD players, audio devices,
headphones, tablets, smartphones, laptops,
computers, printers, accessories

Source: Author’s Compilation

The present study focuses on a sector in the SMCG segment, which is the Technical Consumer
Goods Sector (International TCG Retail Summit Smart Report, 2018). Technical Consumer
Goods (TCGs) include product lines such as home appliances and consumer electronics. The
TCG sector may also be referred to as the ‘Appliances and Consumer Electronics (ACE)’ sector

(Future of Consumer Durables and Electronics in India: The Changing Landscape, 2018). These
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are usually expensive products which customers do not purchase very often, and therefore
purchasing an inappropriate model usually entails considerable financial losses for the customer
as well as dissatisfaction because of one’s varying levels of involvement in the decision-making

process, to the extent that a particular product is important for the customer.

With the growth of e-commerce channels, the TCG sector is revisiting the overall channel mix
and spending on the same (Future of Consumer Durables and Electronics in India: The
Changing Landscape, 2018). The brick-and-mortar stores face heavy competition from online
players in this sector, especially during the festive season, when online players lure customers
by offering deep discounts and a wide variety. This could be avoided if online and offline

retailers integrate to cash in on the strengths of the other.

This study empirically determines the key antecedents and outcomes of omnichannel customer
experience (OCCE) within the technical consumer goods (TCG) sector, which includes high
involvement products consisting of consumer electronics and home appliances. Given the
infrequent nature and high cost of purchase, these products are characterised by decisions that
are marked by significant involvement and risk, making the overall shopping experience a
critical precursor to satisfaction and loyalty (Nordfalt, 2005; Szopinski et al., 2019). The
emergence of electronic commerce has transformed the retail environment for TCG products,
compelling firms to reconsider the role of physical outlets and determine how resources should
be distributed across offline and online channels (Future of Consumer Durables and Electronics
in India: The Changing Landscape, 2018). Additionally, the study also examines the variations
in antecedents across various demographic groups, providing deeper insights to brands/retailers
building and implementing omnichannel frameworks. Further, the study establishes the
relationship between the antecedents and each of the dimensions of OCCE. Besides, the study
also examines the outcomes of OCCE in terms of satisfaction, repurchase intention, and word-
of-mouth intention, and the relationship between them in an omnichannel framework. Lastly,

the study develops an OCCE index to measure the experiences of customers in the TCG sector.

1.2 Theoretical Background

The literature on omnichannel customer experience draws upon several theoretical perspectives
such as the Service Dominant Logic (SDL), Customer Experience Theory, Technology
Acceptance Models (TAM and UTAUT), Expectancy-Confirmation Theory (ECT), and the
Stimulus-Organism-Response (SOR) framework. The SDL approach suggested by Vargo &
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Lusch (2004) defined value creation as a creative process between organisations and customers,
with value emerging through experience rather than basic product transactions. In an
omnichannel context, the SDL highlights how various touchpoints, such as physical stores and
various online platforms, collectively allow value co-creation to support decision-making. The
Customer Experience Theory (Hirschman & Holbrook, 1982; Pine II & Gilmore, 1998;
Schmitt, 2009) further extends this logic by conceptualising experience as a multidimensional
construct encompassing cognitive, emotional, sensorial, behavioural and social dimensions
(Gentile et al., 2007; Lemon & Verhoef, 2016). Since technical consumer goods are high-
involvement products, omnichannel frameworks provide integrated experiences that are a result
of the convenience of online channels and sensory engagement and personalisation of offline
interactions, making these critical antecedents of the quality of customer experiences. The
Technology Acceptance model (UTAUT) proposed by Venkatesh et al. (2003) identifies
performance expectancy, effort expectancy, social influence and facilitating conditions as
important determinants of technology acceptance, with some relationships moderated by
demographics such as age, gender, experience and voluntariness of use. Within omnichannel
frameworks, acceptance of developments such as augmented reality, interactive kiosks, and
product visualisation determines the overall experience evaluations. The Expectancy-
Confirmation Theory, which was introduced by Oliver (1980), asserts that satisfaction results
from the confirmation or disconfirmation of pre-purchase expectations, where experiences that
meet or exceed expectations are bound to lead to higher satisfaction. This is significant for
consumers of technical consumer goods who have high expectations of consistency across
channels, timely deliveries and prompt post-sale services. Another theoretical perspective
incorporated in omnichannel studies is the SOR framework suggested by Russell & Mehrabian
(1977) which links the antecedents (Stimuli) to OCCE and satisfaction (Organism) which then
drive behavioural responses (Response). In the present study, this framework provides the
overarching logic linking antecedent conditions to OCCE, satisfaction and subsequent
behavioural outcomes. Its relevance is also evident when examining demographic moderators,
since different customer segments may respond differently to similar omnichannel conditions.
Together, these theories provide a comprehensive foundation for the study, while the SOR
framework provides the broad organising structure for understanding the relationships among

the antecedents, OCCE, satisfaction and behavioural outcomes.
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1.3 Research Questions

Alvesson & Sandberg (2013) suggested that, from the existing literature, key issues of
constructing research questions should be addressed, which leads to more interesting and
influential theories in social science. They further added that research questions should be of
descriptive, explanatory and prescriptive nature. Good research questions do not only focus on
purpose, topic, and defining the domain, but also involve contextual issues, the involvement of
various stakeholders, the background of researchers and the field of study (Silverman, 2020).
Flick (2014) suggested that formulating research questions means taking into account various
things such as the type of approach, method, designs or entire projects. Though Lofland &
Lofland, (1984) listed many points on issues of research questions, the key things such as
phenomena, causes, process and consequences are taken care of in this research. The following
questions have been raised after conducting a literature review and identifying a gap in the

existing literature:

1) What are the antecedents of omnichannel customer experience in the technical consumer
goods sector?

2) Do demographics moderate the relationship between the antecedents and omnichannel
customer experience in the technical consumer goods sector?

3) What is the impact of the antecedents of omnichannel customer experience on each of the
dimensions of omnichannel customer experience?

4) Is there a relationship between omnichannel customer experience, customer satisfaction and
behavioural outcomes, specifically repurchase intention and word-of-mouth intention, in the
technical consumer goods sector?

5) Does customer satisfaction mediate the relationship between omnichannel customer
experience and behavioural outcomes, specifically repurchase intention and word-of-mouth

intention, in the technical consumer goods sector?
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1.4 Research Objectives

Objective 1: To determine the antecedents influencing omnichannel customer experience in

the technical consumer goods sector.

Objective 2: To examine the role of select demographics in moderating the relationship
between the antecedents and omnichannel customer experience in the technical

consumer goods sector.

Objective 3: To analyse the impact of the antecedents on each of the dimensions of

omnichannel customer experience in the technical consumer goods sector.

Objective 4: To examine the effect of omnichannel customer experience on customer
satisfaction and the effect of customer satisfaction on repurchase intention and

word-of-mouth intention in the technical consumer goods sector.

Objective 5: To analyse the mediating relationship of customer satisfaction between
omnichannel customer experience and the behavioural outcomes, specifically
repurchase intention and word-of-mouth intention, in the technical consumer

goods sector.

Objective 6: To develop an omnichannel customer experience index.

1.5 Significance of the study

With the advancement in technology, there has been an evolution in the retail formats. A key
challenge facing every retailer is how to build a larger customer base and improve loyalty and
retention rates. Organisations have evolved from being product-centric to customer-centric. In
the stages of advancing towards being customer-centric, a number of strategies have been
adopted by business organisations, such as service quality, customer relationship management,
etc. These strategies may have proved successful for a stipulated period, but as customer needs
keep evolving, organisations have felt a need to adopt experiential strategies, which have given
rise to the concept of customer experience. Based on the existing literature, it is consensual
among scholars that, with the commoditisation of products and services, companies have to
learn how to design, create, deliver and manage experiences that customers are ready to pay
for, in order to obtain corporate reputation, to achieve competitive advantage and differentiate

themselves from competitors, to create value and be difficult to imitate (Klaus & Maklan, 2012;
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Verhoef et al., 2009). Pine II & Gilmore (2017) opine that the best way for retailers to generate
demand is with an experience so engaging that consumers cannot help but spend time with the
firm, give their attention, and then purchase merchandise as memorabilia for that experience.

Firms are replacing their customer relationship managers with customer experience managers.

In these competitive times, customer channel choice is not restricted to the traditional brick-
and-mortar store. Customers have access to multiple channels, and hence each channel
competes against the other with an aim to seek a larger customer base. Each channel has its
strengths and weaknesses. The most significant change witnessed in the retail space during the
last 5 years has been the admission of the fact that both online and offline will coexist, and
instead of competing, will collaborate. Within the framework, burning loads of cash for market
share is unlikely to work for online retailers; norms for deep discounting are being tightened by
the Government, and additionally, they will need continuous investments in the ecosystem for
supply chain, warehousing, and logistics, amongst others. In brick-and-mortar retail, occupancy
is the highest cost, while for e-commerce, it is the fulfilment cost. The omnichannel strategy
(online + offline) is expected to help in optimising inventory holding costs, operating costs, and
real estate costs, while increasing brand visibility and consumer base across various regions in

the country (‘Emergence of Omnichannel Retail in India’, 2020).

Customers want to engage with the brand irrespective of the channel they use and expect
consistent management. They want to be able to buy a product in the online shop, pick it up at
a physical store, notify the retailer via their favourite social media platform that in the end they
would rather have it shipped to their home, and be able to return it to a physical store because
they would prefer a different colour and have determined through the mobile application which
stores have it in their size. And they want to do all of this effortlessly, without having to start
the purchase process over again each time they switch platforms. For all these reasons,
companies need to know who their customers are and what they want, and they should use this
information to build a customer experience that leads to loyalty. Integrating the in-store, mobile,
social, and web customer data into a single intelligent business system, which is able to identify
the best offers and deliver a custom, one-to-one experience, should be the ultimate goal

(Mosquera et al., 2017).

The key objective of this study is to determine the antecedents and outcomes of customer
experience in an omnichannel setup. This can have significant implications for retailers who

are struggling to build loyal customer bases. The research focuses on the key outcomes of
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omnichannel experience in the context of customer satisfaction, repurchase intention, and word-
of-mouth intention. Retailers can therefore incorporate strategies that can truly achieve a

seamless/omnichannel experience for their customers.

1.6 Scope of the study

The research is restricted to the antecedents of customer experience in omnichannel retailing.
The study is confined to the technical consumer goods sector, which includes products such as
consumer electronics and home appliances. The study also analyses the moderating effect of
demographics (gender, age, income, and education) between the antecedents and OCCE.
Further, the research determines the relationship between omnichannel experience and
outcomes such as customer satisfaction, repurchase intention, and word-of-mouth intention.
The respondents for the study are persons who have shopped for technical consumer goods
across India. Additionally, the study aims to develop an OCCE index that will assist retailers
in measuring the OCCE in the technical consumer goods sector and the index is developed
based on the inputs received from senior practitioners in India’s technical consumer goods

sector.

1.7 Chapterisation Scheme

Chapter 1: Introduction

This chapter provides an overview of the study with a focus on customer experience and
omnichannel retailing and establishes the context and rationale for examining omnichannel
customer experience in the technical consumer goods sector. It also presents the theoretical
foundations, research questions, objectives, significance, scope and chaperisation scheme of the

study.
Chapter 2: Review of Literature

This chapter provides a theoretical background to the study. It further outlines the literature on
the antecedents researched in the domains of customer experience and omnichannel retailing,
moderating effects of demographics in the omnichannel domain, outcomes of omnichannel
retailing, and the rationale for developing an omnichannel customer experience index.
Moreover, this chapter presents the identification of the research gap, the subsequent research

model based on the gap, and the development of hypotheses to empirically test the model.
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Chapter 3: Research Methodology

This chapter outlines the research methodology and design of the study with respect to the data
collection, sampling design, statistical methods, and software used in the study. Further, this
chapter also outlines the measurement scales used in the study, content validity of the scales,

results of the pilot study and the development of the final questionnaire.
Chapter 4: Antecedents of Omnichannel Customer Experience

This chapter presents the demographic profile of the respondents, followed by an assessment
of the measurement model through tests of reliability, construct validity, multicollinearity, and
common method bias. It then presents a detailed analysis of Objective 1, along with the results
and a discussion regarding the key antecedents of omnichannel customer experience in the

technical consumer goods Sector.
Chapter 5: Moderating effect of demographics

This chapter presents a detailed analysis of Objective 2, which examines the moderating role
of demographics, including gender, age, income, and education, on the relationship between
antecedents and omnichannel customer experience in the technical consumer goods sector. It
further presents the results of the objective with respect to the moderating effect of the stated
demographics in the relationship between the key antecedents and omnichannel customer

experience.

Chapter 6: Impact of Antecedents of Omnichannel Customer Experience on the

dimensions of Omnichannel Customer Experience

For the purpose of this study, omnichannel customer experience has been defined and
operationalised in terms of five dimensions. This chapter outlines the analysis of objective 3,
which examines the relationship between the antecedents and each of the dimensions of

omnichannel customer experience and presents the results of the analysis.
Chapter 7: Outcomes of Omnichannel Customer Experience

This chapter presents a detailed analysis of objectives 4 and 5, which examine the effect of
omnichannel customer experience on key outcomes, including customer satisfaction,
repurchase intention, and word-of-mouth intention, and further test the mediating effect of
customer satisfaction between omnichannel customer experience and the behavioural outcomes

and provides the results of the analysis.
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Chapter 8: Development of the Omnichannel Customer Experience Index.

The study aims to develop an omnichannel customer experience index to measure customers'
experiences within omnichannel frameworks in the technical consumer goods sector. This
chapter presents a detailed analysis of Objective 6, which aims to develop the OCCE Index

based on inputs received from practitioners in the technical consumer goods sector.
Chapter 9: Findings, Conclusions and Suggestions

This chapter summarises the entire study, along with the findings of the study, and offers
concluding remarks for the analysis. It further outlines the contributions of the study, along with
managerial implications and suggestions for organisations in the technical consumer goods

sector. It also highlights the limitations of the study and suggests the scope for future research.
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CHAPTER 2
REVIEW OF LITERATURE

2.1 Introduction

The increasing adoption of omnichannel strategies reiterates a shift from transactional retail to
experience-centred approaches, where customer interactions across multiple channels become
the key competitive differentiator (Huré et al., 2017). Omnichannel strategies such as seamless
channel integration, consistent services, and personalised interactions enable retailers dealing
in technical consumer goods to build trust, reduce uncertainty, and enhance overall satisfaction
and loyalty. Since technical consumer goods are high-involvement and involve complex
decision processes, characterised by frequent comparisons of price, product quality, pre- and
post-purchase service delivery, managing the omnichannel customer experience seems like the
only way forward. This necessitates empirically studying the antecedents, moderators,
mediators, and behavioural outcomes of omnichannel customer experience in the technical
consumer goods sector. Accordingly, the following literature review is presented to build the
theoretical and empirical foundations for the study. The literature is structured into four
sections: antecedents influencing omnichannel customer experience, moderating effects of
demographics, outcomes of omnichannel customer experience, and the rationale for developing
an omnichannel customer experience index. Moreover, this chapter presents the identification
of the research gap, the subsequent research model based on the gap, and the development of

hypotheses to empirically test the model.

2.2 Antecedents of customer experience and omnichannel

retailing

2.2.1 Experiential and emotional antecedents

Research on omnichannel retail and customer experience has discussed various antecedents that
can affect consumer behaviour, satisfaction, and loyalty. Early work on customer experience
(Bagdare & Jain, 2013; Klaus & Maklan, 2013; Riaz et al., 2022) highlighted emotional and

experiential dimensions such as joy, mood, leisure, and peace of mind, showing their strong
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influence on satisfaction, loyalty, and word-of-mouth. The argument made by these studies is
that customers not only evaluate what they receive but also how they feel during the process,
and these feelings become significant antecedents of behavioural outcomes. In this context,
Kamaladevi (2010) undertook an exploratory study to identify macro factors in the retail
environment that could deliver a superior customer experience and which resulted in higher
customer satisfaction, more frequent shopping visits, larger wallet shares, and higher profits.
The study highlighted a comprehensive set of factors such as brand, price, promotion, supply
chain management, location, advertising, packaging and labelling, service mix, and
atmosphere, suggesting that customer experience is determined by an integrated basket of retail

decisions.

Building on this experiential view, research work led to the development of measurement
scales. Bagdare & Jain (2013) developed a scale to measure retail customer experience,
explained in four dimensions: leisure, joy, distinctive, and mood. Klaus & Maklan (2012)
constructed and validated a multiple-item scale for measuring customers’ service experience.
The scale developed consisted of a total of 19 items in four dimensions identified as product
experience, outcome focus, moments-of-truth and peace-of-mind. These dimensions reflected
service experience perceptions, and the findings concluded that service experience had a

significant impact on customer satisfaction, loyalty and word-of-mouth intentions.

Researchers also extended this experiential work to online environments. Novak et al. (2000)
proposed a general structural model of the online customer experience centred on the construct
of flow. Their research aimed to understand the factors that make using the web a compelling
experience for its users and the key consumer-behaviour outcomes of such a compelling
experience. Flow on the web was defined as a cognitive state experienced during online
navigation, determined by high levels of skill, control, challenge, arousal, focused attention,
interactive speed and telepresence. The results asserted that direct paths to flow from skill,
challenge and telepresence were positive and significant. Focused attention did not correspond
directly to greater flow, although it corresponded to greater telepresence and time distortion,
thereby influencing flow indirectly through these variables. Dabrynin & Zhang (2019)
examined the effects of online experience and perceived risk on purchase intention in China.
Online customer experience was defined in terms of internet experience, internet shopping
duration, online shopping frequency, product preferences, and money-spending. Perceived risk

was defined in terms of product risk, financial risk and privacy risk. The findings proved that
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there was a strong relationship between purchase intentions and online shopping experience.
The results also indicated that privacy and financial risk had no significant effect on purchase
intention, though product risk had a negative impact on purchase intentions. Also, online
customer experience had a significant and negative impact on perceived risk, indicating that

rich experiences reduce perceived risk and strengthen future purchase intentions.

Additional models tested the atmospheric and social interactions in physical retail. Ogruk et al.
(2018) examined the impact of the ideal mix of atmospheric factors, such as ambience factors
(volume of music, type and strength of aroma, level of lighting), interaction with salespeople,
and store display, on the in-store customer experience and shopping behaviour through the
mediating effect of customer emotions. The results indicated that customers’ positive
perception of interactions with sales employees was the main determinant of total customer
experience; a proper blend of ambience variables triggered a customer’s positive emotional
state, leading to an enjoyable, memorable store visit, which resulted in more time and money
spent in the store, and more products purchased. The interplay between cognitive and affective
states is also evident in online shopping. Rose et al. (2012) developed a model of the
relationship between antecedents and outcomes of online customer experience (OCE) within
Internet shopping websites. OCE was defined in terms of Cognitive Experiential State (CES)
and Affective Experiential State (AES). The findings revealed that CES and AES did not
directly influence repurchase intention, but rather customer satisfaction was an important
mediator between them. Satisfaction had both a direct and indirect relationship with repurchase

intention via trust.

As digital technologies entered retail spaces, the concept of smart customer experience
emerged. Roy et al. (2017) identified the constituents of smart customer experience, i.e.,
customer experience with smart retail technologies such as displays, smart shopping carts, radio
frequency identification systems, shopping assistant systems, near-field communication
systems, and augmented-reality interactive technology. The dimensions of smart customer
experience were relative advantage, perceived enjoyment, perceived control, personalisation,
and interactivity. They also modelled the outcomes of smart customer experience and indicated
that smart customer experience directly enhanced satisfaction and reduced perceived risk
towards smart retail technologies. Customer satisfaction thereby increased behavioural
intentions, word-of-mouth intentions, stickiness to the retailer, shopping effectiveness, and

customer well-being. Serra-Cantallops et al. (2018) examined the role of positive emotional
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experiences in the generation of electronic word-of-mouth (eWOM) and the effect of both
variables, together with customer satisfaction and brand reputation, on customer loyalty in the
area of hospitality services. The results indicated that positive emotional experiences had a
positive effect on satisfaction, eWOM generation and company reputation. Results also prove
the mediating effects of customer satisfaction on the relationship between positive emotional
experiences and loyalty, but there was no significant effect of customer satisfaction on eWOM
intention. Siqueira et al. (2019) examined the nexus of customer experience within a physical
store and the resulting customer WOM behaviour intention, in both a traditional and electronic
setting, thus promoting a better understanding of the role of experience in one channel and the
behavioural response it produces in another. The results showed that there was no clear
relationship between the customer experience construct and the consumer sentiment of peace-
of-mind and new media influence, unlike previous research (Klaus & Maklan, 2012), which
was conducted within a financial services context, thus raising the question of the importance
of context in customer evaluation of customer experience. The study concluded that the
importance of antecedents may vary depending on the context and suggested that, when given
a choice, traditional retail consumers opt for traditional WOM over social WOM to share
experiences related to purchase-related outcomes. Overall, these studies imply that emotional
states, atmospherics, social interactions, and smart technologies constitute significant

antecedents that shape customer experience in physical and virtual environments.

2.2.2 Channel integration as an antecedent of omnichannel experience

As retailing evolved into omnichannel frameworks, focus shifted from experiences within
mono-channels to multi-, cross-, and omnichannel experiences. The channel integration
dimensions proposed by Oh et al. (2012) such as integrated promotion, integrated transaction
information, integrated product and pricing information, integrated information access,
integrated order fulfilment, and integrated customer service have shown to have enabled
customers to make informed decisions, build trust, and perceive continuity in their shopping
journeys (Chen & Chi, 2024; Gao & Fan, 2021; Hua et al., 2025; Lee, 2020; Yang et al., 2024).
Buckley & Feldman (2024) analysed the effects of channel integration (integration of
promotion information, integration of product and pricing information, integration of
transaction information, integration of access to information, integration of customer service,
and integration of order fulfilment) on customer experience. Omnichannel Customer

Experience was defined in terms of affective, cognitive, physical, relational, and sensorial
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experience. The results showed that the integration of pricing and product, transaction
information, and order fulfilment significantly impacted the affective and cognitive experience.
Furthermore, the integration of promotion affected the relational and sensorial customer
experience. The integration of service impacted physical, relational, and affective customer
experience, while the integration of access to information affected the physical and sensorial

customer experience.

Chen & Chi (2024) applied the cognitive-affective-conative model to investigate the effect of
channel integration quality (integrated promotion, integrated product and price, integrated
transaction information, integrated information access, integrated order fulfilment and
integrated customer service) on perceived fluency and cognitive trust and their subsequent
effect on affective trust and omnichannel shopping intention. The findings demonstrated that
channel integration quality substantially affects consumers' intrinsic cognition (cognitive trust
and perceived fluency), which consequently fosters consumers' affective trust and shopping
intentions. Specifically, integrated promotion and transaction information positively affected
cognitive trust, while integrated product and price and integrated information access negatively
impacted consumer trust. All the dimensions of channel integration quality, except integrated

promotion, significantly affected perceived fluency.

In a study by Hua et al. (2025), the authors concluded that consumer perception of channel
integration (integrated customer service, integrated information access, integrated order
fulfilment, integrated product and price, integrated promotion, integrated transaction
information) significantly impacted consumer empowerment, which subsequently influenced
trust and satisfaction, ultimately affecting patronage intention. Lee (2020) investigated the
impact of omnichannel characteristics (integrated customer service, integrated information
access, integrated order fulfilment, integrated product and price, integrated promotion,
integrated transaction information) on customer satisfaction and intention to revisit
omnichannel. They found that only integrated promotion and integrated information access
were significant. Also, the relationship between customer satisfaction and the intention to revisit

the omnichannel was positively supported.

Additional work has viewed how integration interacts with cognitive and affective experiences.
Mishra et al. (2024) identified the most important factors affecting customer experiences of
channel integration (integrated promotion, integrated product and price, integrated transaction

information, integrated information access, integrated customer service, and integrated order
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fulfilment) and examined how customer experience affected customer value. The findings
indicated that the customer drew greater value from integrated promotions, product, and price
in the presence of cognitive customer experience, whereas information access was more
valuable in the presence of affective customer experience. Similarly, Gao & Fan et al. (2021)
investigated the effects of channel integration (integrated promotion, integrated product and
price, integrated transaction information, integrated information access, integrated order
fulfilment and integrated customer service) on cognitive and affective customer experiences
and omnichannel usage intention. Integrated efforts encompassing promotion, product, price,
and transaction information were more influential in enhancing the cognitive customer
experience than the affective customer experience. Integrated customer service had a weaker
effect on the cognitive customer experience than on the affective customer experience. The
results also indicated that integrated information access and order fulfilment did not differ
significantly in their contributions to cognitive and affective customer experiences. Another
study (Yang et al.,, 2024) examined the impact of omnichannel integration (integrated
promotion, integrated product and price, integrated transaction information, integrated
information access, integrated order fulfilment and integrated customer service) and digital
value on brand trust building through positive and negative psychological perceptions. The
findings revealed that customer perception of omnichannel integration and perceived digital
value were critical drivers of omnichannel brand trust, with customer empowerment playing a
mediating role. Customer perception of omnichannel integration and perceived digital value
positively impacted customer empowerment. However, integrated promotion was not

significant.

2.2.3 Omnichannel customer experience scale and dimensions

With the rise of omnichannel strategies, researchers began to develop scales for measuring
omnichannel customer experiences. Shi et al. (2020) were among the earliest to operationalise
OCCE and proposed a scale to measure OCCE with five dimensions — integration, connectivity,
consistency, personalisation and flexibility. This scale has subsequently been used by
researchers (Akturan & Kuter, 2024; Bahri et al., 2023; Calvo et al., 2023; Jaengprajak &
Chaipoopiratana, 2022; Riaz et al., 2024; Salem & Alanadoly, 2024) as predictors of
compatibility, trust, and purchase intention, though perceived risk often weakened outcomes.
Akturan & Kuter (2024) explored the effects of the omnichannel experience (consistency,

connectivity, personalisation, integration and flexibility) on customer commitment and word-
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of-mouth (wom) intention within the context of fashion retailing. Consistency and
personalisation positively affected customer commitment but did not indicate any direct
influence on wom intention. On the other hand, connectivity affected wom intention but not
customer commitment. Bahri et al. (2023) investigated how omnichannel experience
(connectivity, integration, consistency, flexibility, and personalisation) impacts trust, how trust
influences repurchase intention, how omnichannel experience affects repurchase intention, and
how omnichannel experience affects repurchase intention when trust is considered as a
mediating factor. Omnichannel experience had a positive effect on trust, and trust had a positive
effect on repurchase intention. Furthermore, the study revealed that trust played a mediating

role between omnichannel experience and repurchase intention.

In another study, Jaengprajak & Chaipoopiratana (2022) empirically proved that there were
seven dimensions of omnichannel customer experience, namely consistency, connectivity,
personalisation, accessibility, order fulfilment, flexibility, and retailer responsiveness. Riaz et
al. (2022) investigated the effectiveness of the omnichannel customer experience (connectivity,
integration, consistency, flexibility, and personalisation) and its long-term impact on customer
satisfaction and explored the mediating role of customer trust. The study found that all
dimensions of the omnichannel customer experience, except for connectivity, positively
impacted customer trust. Customer trust was identified as a mediator between the omnichannel
experience and customer satisfaction, again excluding the dimension of connectivity. Salem &
Alanadoly (2024) found that customer experiences of integration and flexibility positively
influenced customer engagement, while experiences of connectivity, consistency, and

personalisation did not show significant effects.

2.2.4 Technology acceptance and omnichannel adoption

A complementary body of literature investigates the omnichannel experience through
technology acceptance. The Unified Theory of Acceptance and Use of Technology (UTAUT)
model has also been researched in omnichannel frameworks (Ha et al., 2024; Hasbullah et al.,
2025; Jayasingh et al., 2022; Juaneda-Ayensa et al., 2016; Kaur & Sandhu, 2022; Kazancoglu
& Aydin, 2018; Mosquera et al., 2018) with factors like performance expectancy, effort
expectancy, habit, facilitating conditions, social influence, hedonic motivation, price value, and
personal innovativeness significantly driving adoption and purchase intention, while perceived

risk and privacy concerns act as deterrents. Hasbullah et al. (2025) explored the adoption of
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sustainable omnichannel grocery technologies (performance expectancy, effort expectancy,
facilitating conditions, price value, hedonic motivation, habit) among Generation Z in Malaysia
in influencing customer purchase intentions in omnichannel grocery retailing. The study found
that performance expectancy and facilitating conditions were the only factors that exhibited a
direct and significant correlation with the intention to engage in omnichannel grocery shopping.
Jayasingh et al. (2022) identified the determinants (performance expectancy, effort expectancy,
social influence, habit, hedonic motivation, facilitating condition, and perceived value) of
omnichannel shopping intention for sporting goods. Performance expectancy emerged as the
major contributor, followed by hedonic motivation, habit, perceived value, effort expectancy,
and social influence of the omnichannel shopping intention. Juaneda-Ayensa et al. (2016)
examined the factors (performance expectancy, effort expectancy, social influence, habit,
hedonic motivation, facilitating condition, perceived value, personal innovativeness, and
perceived security) that influence omnichannel consumers’ behaviour through their acceptance
of and intention to use new technologies during the shopping process. The results indicated that
the key determinants of purchase intention in an omnichannel context were personal
innovativeness, effort expectancy, and performance expectancy. Kaur & Sandhu (2022)
investigated the factors (performance expectancy, effort expectancy, social influence, habit,
hedonic motivation, fashion engagement, facilitating condition, perceived value) that influence
purchases of fashion apparel through omnichannel retailing. The strong causal contributors to
omnichannel usage included performance expectation, hedonic motivation, habit, fashion
engagement, and personal innovativeness. Kazancoglu & Aydin (2018) analysed the purchase
intentions of consumers towards omnichannel shopping in the apparel sector by studying the
factors that would influence consumers’ intentions. The findings revealed that performance
expectancy, effort expectancy, facilitating conditions, hedonic motivation, habit, and price
value affected purchasing intentions towards omnichannel shopping. The authors additionally
proposed six other variables which were perceived trust, situational factors, perceived risk,
anxiety, need for interaction and privacy concern which also influenced intentions towards
omnichannel shopping. The technology-based studies show that even with strong channel
integration and well-designed experiences, customers’ willingness to adopt omnichannel
platforms is influenced by the consumer perception of ease, enjoyment, trust and security of

such platforms.
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2.2.5 Retail mix and product-type determinants of omnichannel experience

A further set of studies emphasised retail-mix elements and product characteristics as important
antecedents of omnichannel customer experience. Ahmad Mahyadin (2024) studied the factors
influencing consumer intention to purchase via omnichannel fashion retail and found that
perceived compatibility is the essential factor in consumer intention to purchase via
omnichannel fashion retail, followed by perceived value of webrooming and perceived value
of showrooming. Perceived risk was negatively correlated with the purchasing intention of
omnichannel. Gao & Jiang (2024) found that customer experience would be higher when both
channel consistency and channel seamlessness were at a high level than when both were at a
low level. Customer experience increased by the combined effect of high (low) channel
consistency and low (high) channel seamlessness. Within the retail mix, Hickman et al. (2020)
identified the factors (brand familiarity, customisation, perceived value, and technology
readiness) that influenced an omnichannel experience (online, in-store and mobile). Brand
familiarity had a strong influence on omnichannel (in-store, online and mobile), while perceived

value had a negative impact on the mobile experience.

Jeong & Jo (2024) studied the impact of merchandise variety, monetary saving, personal
interaction, complaint handling on relative advantage, satisfaction and word of mouth in the
omnichannel environment and found that merchandise variety neither significantly enhanced
relative advantage nor satisfaction; monetary saving influenced both relative advantage and
satisfaction; personal interaction was observed to affect complaint handling and relative
advantage; complaint handling had a significant positive effect on consumer satisfaction but
not on relative advantage; relative advantage was found to impact both satisfaction and word
of mouth. In a similar study, Jo & Bang (2024) identified the determinants such as personal
interaction, merchandise variety, crowd perception, perceived ease of use, perceived usefulness,
attitude toward online reviews and found that personal interactions and merchandise variety
significantly influenced crowd perception. Perceived ease of use was found to significantly
affect perceived usefulness, attitude, and satisfaction. Furthermore, both crowd perception and

attitudes toward online reviews influenced the overall attitude toward omnichannel.

Technology-enabled retail-mix capabilities also played a role. Kumar & Uma (2019) examined
the key technology dimensions (Distinctive Digital Technology Capabilities, Personalised
Content and Recommendation Capabilities and Distinctive In-store Technology Capabilities).

towards fostering a seamless Omnichannel Retail Experience. It was observed that Personalised
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Content and Recommendation Capabilities were significantly and positively associated with
Omnichannel Retail Experience, and the other two dimensions did not emerge as significant in
influencing Omnichannel Retail Experience. Lee & Lim (2017) examined the relationship
between customer experience and customer satisfaction, and customer experience and store
attitude by focusing on the mediating effect of Omnichannel shopper type (showroomer &
reverse showroomer) among customers of an apparel brand. The study found that customer
experience had been stimulated by experiential providers such as product assortment, store
environment, promotion and salesperson. It was also found that customer experience positively
influenced store attitude and customer satisfaction. Customer satisfaction, in turn, had a positive
effect on store attitude. Also, the reverse showroomers greatly influenced the relationship
between customer experience and store attitude, whereas it was less in the case of showroomers.
Within online components of omnichannel, Marinao-Artiga et al. (2025) proposed a model to
illustrate how online shopping intention is influenced by the online shopping experience
(cognitive and emotional experiences; cognitive (timely delivery, payment security); emotional
(interactive layout, personalised attention) within an omnichannel environment. Online
shopping intention was significantly influenced by the interaction between cognitive and
emotional experiences, with a higher impact from cognitive experiences. Payment security had
a higher impact on cognitive experience as compared to timely delivery. An interactive layout

had a higher impact on emotional experience as compared to personalised attention.

Several studies explicitly link channel integration, experience and patronage. Mishra et al.
(2021) confirmed that a customer's perceived online-offline channel integration increased their
patronage intention directly and through the mediating role of consumer empowerment and
satisfaction. Nguyen & Tran (2023) investigated the relationships among showrooming,
webrooming, channel integration, omnichannel customer experience, customer satisfaction,
and word-of-mouth intention. Webrooming, showrooming and channel integration were the
antecedents of the omnichannel customer experience, and its outcomes were customer
satisfaction and, word-of-mouth intention. Riaz et al. (2022) investigated the factors
(integration, order fulfilment, usability and seamlessness) affecting omnichannel retailing, and
determined the effects on the omnichannel customer’s experience. The results showed that
omnichannel retailing helps to enhance the customer experience via determinants of

omnichannel integration, order fulfilment, usability and seamlessness, which emerged as a

Page | 26



CHAPTER 2 REVIEW OF LITERATURE

major direct and indirect contributor, followed by omnichannel integration and usability

dimensions.

Finally, product type and decision style were recognised as important moderators of
omnichannel antecedents. Sharma & Dutta (2025) found that experience-based products, such
as clothing, require sensory evaluation, leading customers to prioritise fashion consciousness,
hedonistic orientation, and quality consciousness. Customers often engage in online research
but also value in-store experiences to assess fit, fabric, and style. In contrast, search products
like electronics trigger different decision-making styles, where price and convenience
consciousness become more prominent. Customers tend to rely on online research but may
prefer in-store purchases for high-involvement products. Sharma et al. (2024) found that in-
store employee interactions strongly affected cognitive engagement, while digital interactions
predominantly influenced affective engagement. Affective engagement was key for value
consciousness, which, along with affective engagement, drove habit development. Singh &
Srivastava (2019) concluded that perceived usefulness, perceived risk and perceived self-
efficacy were important drivers of online consumer behaviour, and online consumers were more
comfortable and confident in using smartphones for fashion purchases rather than for
electronics; respondents preferred laptops/desktops while purchasing electronic goods.
Tyrvéinen et al. (2020) examined the effects of personalisation and hedonic motivation on
customer experience and confirmed that personalisation and hedonic motivation had positive
relationships with cognitive and emotional customer experience components. Chang & Geng
(2022) found that hedonic value was the main demand of omnichannel customers. Specifically,
the effect of utilitarian value on attitude was greater for unplanned purchases than for planned
purchases, whilst the effects of hedonic and social value had no difference between planned

and unplanned purchases.

Overall, literature indicates that the antecedents of omnichannel customer experience span
across emotions, atmospherics, channel integration dimensions, and technology acceptance

factors.
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2.3 Role of demographics in determining omnichannel

experiences

2.3.1 Gender

The research in omnichannel and customer experience domains shows that demographic
variables significantly shape how customers perceive and adopt omnichannel strategies. Gender
emerged as a strong moderator in a study conducted by Alesanco-Llorente et al. (2023) among
Spanish Consumers. The significant antecedents for omnichannel acceptance among men were
performance expectancy and effort expectancy, while for women it was performance
expectancy and social influence. This suggests that male consumers may respond more strongly
to functional and efficiency-related factors, while female consumers may additionally be
influenced by interpersonal and normative cues. Ameen et al. (2020) examined gender
differences among millennials in omnichannel experience in modern shopping malls,
combining personal, physical and virtual encounters in a cross-cultural context (UK and UAE).
They found that males were more attentive to peer interaction on social platforms, service
excellence, convenience, diversity and personalisation in shopping malls, while female
shoppers valued aesthetics and privacy. These results collectively imply that the same
omnichannel environment may be interpreted differently depending on gender-based
preferences and expectations. However, the empirical evidence is not uniformly conclusive.
Jeong & Jo (2024) studied the impact of antecedents (merchandise variety, monetary saving,
personal interaction, complaint handling) on relative advantage, satisfaction and word of mouth
in the omnichannel environment and reported that gender did not moderate any of the examined
relationships, indicating that in some settings, gender may not meaningfully alter the way
consumers respond to omnichannel stimuli. Similarly, Mosquera et al. (2018) analysed the
relationship between the intention to use different interactive technologies in a clothing store
and its effects on purchase intention; however, no significant differences were found between
the two genders. These findings indicate that the influence of gender cannot be assumed to be
universal and may depend on the product category, retail format, and the particular antecedents
under consideration. Other studies, however, continue to demonstrate the situational importance
of gender. Joshi et al. (2024) found that gender moderated the relationship between key
adoption determinants of two omnichannel strategies - buy-online-pickup-in-store and buy-in-

store-ship-direct, suggesting that channel fulfilment preferences may vary between male and
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female consumers. In the electronics context, Szopinski et al. (2019) verified whether gender
influenced the way a consumer purchased electronics during the stages of information search
and purchase. It was found that women sought information on the internet and then bought
equipment in stationary stores, while men looked for information about the equipment on the
internet and bought it online. This is particularly relevant to the technical consumer goods
sector, where information search and purchase channels may differ according to perceived risk,
confidence, and convenience. Likewise, in a study conducted by Kalayci et al. (2024), male
participants chose brands’ D2C webstores more often than female participants in the case of
the category characteristic assortment depth. Moliner & Tortosa-Edo (2023) analysed how
omnichannel consumer journey design influenced the online customer experience and e-
satisfaction in consumers' multirooming behaviour (searching for information in online and
offline channels and purchasing the product online). They found that females had higher levels
of e-satisfaction. Hence, gender may or may not moderate relationships between independent
and dependent constructs and the moderation may be situational or context-specific. Hence,
these studies suggest that gender may moderate relationships between independent and
dependent constructs in omnichannel frameworks, but such moderation is not consistent across
all contexts. Rather, the evidence indicates that gender effects are contingent on the nature of
the product, the shopping task, the retail environment, and the specific constructs being
examined. Thus, gender should be treated as a potentially important, yet context-specific,

moderator in omnichannel customer experience research.

2.3.2 Age

Age has also emerged as a relevant demographic variable in omnichannel research, although its
moderating role appears to vary across contexts, product categories, and outcomes. Basu &
Sondhi (2021) examined the prevalent triggers that motivate a premium brand apparel purchase
in an online vs offline retail format, and found that age did not moderate the examined
relationships in the online/offline contexts, suggesting that age may not always be a decisive
factor in explaining omnichannel behaviour. Johnson & Ramirez (2020) identified the role of
showrooming in decreasing risk in an online shopping context using millennial generational
cohorts as moderators in exploring the differences between the dimensions of perceived risk
and online shopping intention. Their study found that Younger Millennials (18-23 years)
experienced the highest level of financial risk and time/convenience risk, whereas Middle

Millennials (24-30 years) experienced the highest level of product risk. The results revealed
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significant differences between Younger Millennials and Older Millennials and Middle
Millennials and Older Millennials in relation to financial risk. In relation to time/convenience
risk, younger millennials were significantly different from both middle millennials and older
millennials. These findings indicate that age influences not only the level of perceived risk but
also the nature of the risk that consumers associate with omnichannel shopping. While Jeong
& Jo (2024) studied the impact of merchandise variety, monetary saving, personal interaction,
and complaint handling on relative advantage, satisfaction and word of mouth and found that
age had an impact on word of mouth. Joshi et al. (2024) found that age moderated the
relationship between key adoption determinants of two omnichannel strategies: buy-online-
pickup-in-store and buy-in-store-ship-direct. Collectively, these studies indicate that age may
function as a significant moderator in omnichannel frameworks, although its influence is not

consistent across all relationships.

2.3.3 Income

Income has been examined as another demographic variable that may shape consumer
behaviour in omnichannel environments. Basu & Sondhi (2021) examined the prevalent
triggers that motivate a premium brand apparel purchase in an online vs offline retail format,
and found that income moderated the examined relationships in the online/offline contexts, and
90% of the consumers of premium brands were the younger millennials (24-29 years). In
contrast, Jeong & Jo (2024) studied the impact of merchandise variety, monetary saving,
personal interaction, and complaint handling on relative advantage, satisfaction and word of
mouth and found that income did not show any impact in any of the relationships. Similarly,
income did not moderate the relationship between key adoption determinants of two
omnichannel strategies: buy-online-pickup-in-store and buy-in-store-ship-direct (Joshi et al.,
2024). In a study conducted by Kalayci et al. (2024), household income was positively related
to channel choice as participants with higher incomes were inclined toward brands’ Direct-To-
Customer webstores. These findings suggest that income may influence omnichannel behaviour

in certain contexts, particularly where channel choice and premium positioning are involved.
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2.4 Outcomes of customer experience and omnichannel
retailing

Research in omnichannel retailing consistently shows that a well-designed omnichannel
customer experience produces favourable outcomes in the form of customer satisfaction, trust,
engagement, loyalty, repurchase intention, and word-of-mouth behaviour. Omnichannel
retailing enhances these outcomes by enabling effective channel integration, seamless
transitions, personalisation, and consistency across platforms. In particular, integration of
promotion, product and pricing information, transaction data, order fulfilment, information
access, and customer service are found to significantly improve affective, cognitive, and
relational experiences, thereby increasing loyalty, repurchase intentions, stickiness, and
willingness to pay a premium (Buckley & Feldman, 2024; Chen & Chi, 2024; Mishra et al.,
2024; Yangetal., 2024). Similarly, Al-Adamat et al. (2024) found that strong integration across
sales channels, fast delivery options, simple interfaces, and seamless transitions significantly

enhance consumer decision-making in omnichannel frameworks.

Beyond decision-making, several studies highlight that omnichannel integration contributes
significantly to satisfaction and customer retention. Frasquet & Miquel (2017) revealed that
Multichannel Integration positively affected both offline and online loyalty directly and through
the partial mediation of satisfaction. Likewise, Lee (2020) found that the relationship between
customer satisfaction and the intention to revisit omnichannel was supported positively while
Nguyen & Tran (2023) found that omnichannel customer experience had three dominant
outcomes - customer satisfaction, customer-brand engagement and word-of-mouth intention.
However, the pathway from omnichannel experience to behavioural outcomes is not always
straightforward. Choubey & Gautam (2024) found a positive association between omnichannel
and both customer retention and customer engagement. Customer satisfaction did not mediate
the omnichannel retailing — customer retention relationship. Customer engagement emerged as

a significant mediator between omnichannel retailing and customer retention.

Another important stream of research emphasises the role of empowerment, trust, and perceived
risk in shaping post-experience outcomes. Zhang et al. (2018) asserted that consumer
perceptions of channel integration had a positive relationship with consumer empowerment,
which had a significant effect on trust and satisfaction, and both trust and satisfaction had a

strong positive effect on patronage intention. Hua et al. (2025) indicated that channel integration
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perception significantly impacted consumer empowerment, which subsequently influenced
trust and satisfaction, ultimately affecting patronage intention. Mishra et al. (2021) confirmed
that customers’ perceived online-offline channel integration increases their patronage intention
directly and through the mediating role of consumer empowerment and satisfaction. Roy et al.
(2017) modelled the outcomes of smart customer experience and indicated that smart customer
experience directly enhanced satisfaction and reduced perceived risk towards smart retail
technologies. Customer satisfaction thereby increased behavioural intentions, word-of-mouth
intentions, stickiness to the retailer, shopping effectiveness, and customer well-being. Serra-
Cantallops et al. (2018) indicated that positive emotional experiences had a positive effect on
satisfaction, eWOM generation and company reputation. Their results also proved the
mediating effects of customer satisfaction on the relationship between positive emotional
experiences and loyalty, but there was no significant effect of customer satisfaction on eWOM
intention. These findings collectively indicate that omnichannel experiences are valuable not
only because they improve the shopping journey, but also because they create psychological

states that encourage continued patronage.

Repurchase intention has been evaluated by multiple researchers (Bahri et al., 2023; Lee et al.,
2019; Li et al., 2025; Rahman et al., 2025; Rose et al., 2012) as an outcome of customer
experience and omnichannel retailing. Seamlessness, consistency, and connectivity are shown
to reduce perceived risks and strengthen engagement, though excessive service breadth may
sometimes reduce engagement due to complexity (Gao & Jiang, 2024; Sinha et al., 2025).
Personalisation and hedonic motivations boost loyalty and word-of-mouth (Jeong & Jo, 2024;
Kim & Kim, 2017; Li & Chang, 2024; Natarajan & Veera, 2023; Rodriguez-Torrico et al.,
2021; Tyrvéinen et al., 2020), while empowerment through integrated services enhances trust
and satisfaction, driving patronage (Chen et al., 2024; Hua et al., 2025; Mishra et al., 2021;
Nguyen, 2021; Zhang et al., 2018). Li et al. (2025) explored customer post-adoption decisions
in omnichannel retailing, specifically focusing on omnichannel stickiness and repurchase
intention and found 74% of the variance in customer stickiness and 69% in repurchase intention
was explained by the antecedents of omnichannel synergy. Rahman et al. (2025) indicated a
positive relationship between omnichannel customer experience and direct customer
engagement (repurchase intentions), which varied depending on the stage of the customer-
retailer relationship. Additionally, customer traits such as novelty-seeking and time-

consciousness were found to strengthen the positive relationship between omnichannel
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customer experience and indirect measures of customer engagement (influence, feedback, and
referral intentions). Tyrvidinen et al. (2020) concluded that cognitive and emotional customer
experience components were positively linked to loyalty (word of mouth, repeat purchase
intentions). Lee et al. (2019) stated that channel integration quality positively influenced
customer engagement, which in turn led to higher levels of repurchase intention and positive
word-of-mouth. Kim & Kim (2017) examined the key triggers of customer negative emotions
inclusionary need threat and power need threat were triggers for customer rage in service
recovery failure which was positively related to outcomes such as market aggression, vindictive
complaining, negative word of mouth and support seeking negative word of mouth. Rodriguez-
Torrico et al. (2021) examined how a seamless omnichannel environment (consistency,
freedom in channel selection, synchronisation) could contribute to a more optimal shopping
experience (flow state) and the subsequent impact on the likelihood of generating mixed
(positive and negative) word of mouth (wom). The study confirmed a positive direct effect of
a seamless environment on consumers' flow state and a positive (negative) direct impact of flow

on the likelihood of generating positive (negative) wom.

The literature suggests that the outcomes of omnichannel customer experience extend well
beyond immediate satisfaction. A positive omnichannel experience can strengthen trust,
engagement, empowerment, loyalty, stickiness, repurchase intention, and both traditional and
electronic word-of-mouth. These studies confirm that omnichannel customer experience is a
strategically important construct because it influences not only how customers evaluate the

retailer, but also whether they continue purchasing from it and recommend it to others.

2.5 Analytical Hierarchy Process in Omnichannel Retailing

The dimensions of OCCE are complex and cover numerous facets that jointly enhance the
overall customer journey (Rahman et al., 2022), which makes their evaluation both
conceptually important and practically challenging. Past studies have measured OCCE with
varied dimensions across diverse contexts and sectors. Kumar & Uma (2019) identified the
dimensions fostering omnichannel retail experience as “distinctive digital technology
capabilities”, “personalised content and recommendation capabilities”, and “distinctive in-store
technology capabilities”, of which only “personalised content and recommendation

capabilities” significantly influence the omnichannel retail experience. In a cross-cultural study

conducted by Ameen et al. (2020), the omnichannel experience dimensions varied across
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gender, with factors such as service excellence, personalisation, and peer interaction
influencing male shoppers while privacy and aesthetics influencing female shoppers.
Omnichannel elements such as integration, individualisation, and interaction are generally
helpful in retaining customers, and omnichannel elements influence sensory, affective,
intellectual, and behavioural customer experiences (Yin et al., 2022).

Similarly, Rahman et al. (2022) proposed a perceived OCCE scale with dimensions such as
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“social communications”, “value”, “personalisation”, “customer service”, “consistency of both
product availability and prices across channels”, “information safety”, “delivery”, “product
returns”, and “loyalty programs”. Additionally, the dimensions of OCCE include functional,
emotional, and seamless experiences, which influence channel choice depending on the product
type and shopping stage. For instance, functional and seamless experiences positively affect
omnichannel usage for utilitarian products, while emotional and seamless experiences do so for
hedonic products. Frasquet-Deltoro et al. (2021) conceptualised OCCE to include behavioural,
pragmatic, sensory, social, affective, lifestyle, intellectual and relational dimensions. Likewise,

a scale developed by Gahler et al. (2023) measured OCCE in terms of affective, cognitive,

physical, relational, symbolic and sensorial aspects.

Among the available scales, Shi et al. (2020) proposed and developed one of the most widely
used scales and conceptualised OCCE in terms of consistency, personalisation, connectivity,
flexibility, and integration. Subsequently, many researchers have employed the scale suggested
by Shi et al. (2020) and found different associations between the dimensions and behavioural
outcomes (Bahri et al., 2023; Calvo et al., 2023). Akturan & Kuter (2024) empirically tested
the OCCE scale proposed by Shi et al. (2020) and found that only connectivity, consistency and
personalisation enhance customer commitment. While Salem & Alanadoly (2024) concluded
that customer experiences of integration and flexibility positively influenced customer
engagement, while experiences of connectivity, consistency, and personalisation did not show
significant effects. In a study undertaken by Riaz et al. (2024), all dimensions of the
omnichannel customer experience, except for connectivity, positively impacted customer trust.
This variation indicates that the importance of OCCE dimensions is likely to depend on the

sector, customer profile, and purchase context.

Conceptually, each of these five dimensions describe a distinct aspect of omnichannel customer
experience. Integration involves aligning information systems and operations across channels

and touchpoints to maintain a unified brand experience (Shi et al., 2020). Saghiri et al. (2017)
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assert that channel integration is the key difference between multi-channel and omnichannel
retail, as it enables retailers to maintain a unified record of each customer across channels.
Personalisation involves customising product and service offerings (Rooderkerk & Kok, 2019).
Personalisation can help reduce the uncertainty faced by customers in an omnichannel
framework by assisting them in making more informed purchases. Connectivity involves
linking the information available across channels to give a unified image of the brand (Shi et
al., 2020). It refers to the process by which customers can check for product availability across
the channels and reveals how well the channels are interlinked. Consistency is concerned with
providing customers with the same product, same information, and same service across
channels (Shi et al., 2020), and inconsistency in messaging, pricing, promotions, or experiences
causes customer confusion, leading to low customer satisfaction and reduced spending
(Cunnane, 2012). Kazancoglu & Aydin (2018) assert that the consistency of product quality
and pricing strategy across channels reduces information asymmetry and perceived risk, and
hence, omnichannel systems demand the development of technical infrastructure to ensure
consistency in data maintained across channels. Flexibility refers to the extent to which
customers are provided with flexible options as they migrate from one channel to another. As
Kazancoglu & Aydin (2018) noted, customers might be anxious about product availability,
payment risks, and delivery processes when they switch across channels, and therefore,
omnichannel retailers need to offer flexible options to their customers across channels. This
enhances the shopping experience due to the convenience offered to the customers. Thus, the
dimensions of OCCE are diverse and require a strategic approach to ensure a seamless,

consistent, and personalised customer journey across all channels.

In this regard, the use of AHP and multi-criteria decision approaches in omnichannel studies
becomes pertinent. A study conducted by Kim et al. (2019) employed the AHP to prioritise the
factors influencing omnichannel use among Korean and Japanese customers and concluded that
the three factors — multiple touch points, payment options and superior customer value were
prioritised differently by customers across the two countries. Similarly, Sharma et al. (2019),
while using the AHP method, determined that price inconsistency and lack of centralised
product assortment were the top two barriers preventing young consumers from engaging with
omnichannel platforms. In another study (Mishra et al., 2023) using AHP, six barriers
(inventory, transportation, pricing, information, channel relationship, network related) and

twenty-six sub-barriers to omnichannel adoption were identified and prioritised, with lack of
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information sharing and unified infrastructure (information related) and geographical variations

in the supply chain network (network related) emerging as the major barriers.

These studies show that AHP and similar multi-criteria decision-making approaches can be
effectively used to prioritise omnichannel dimensions and barriers in a structured manner. In
the present study, this becomes particularly relevant because the five dimensions of OCCE do
not contribute equally to the overall customer experience, and their systematic prioritisation
helps in developing a practical and sector-specific OCCE index for the technical consumer

goods sector.

2.6 Research Gap

Based on the review conducted, the phenomenon of customer experience has been widely
researched in single-channel and cross-channel retail formats (Barari et al., 2020; Cao & Li,
2015; Dabrynin & Zhang, 2019; Gunawan et al., 2023; Kim & Kim, 2017; Li et al., 2018;
Maggioni et al., 2020; Rose et al., 2012; Szopinski et al., 2019). With regard to the review
conducted on omnichannel retailing, key areas that have been researched are purchase
intentions towards omnichannel frameworks (Ahmad Mahyadin, 2024; Jaengprajak &
Chaipoopiratana, 2022; Jayasingh et al., 2022; Juaneda-Ayensa et al., 2016; Kazancoglu &
Aydin, 2018; Liu & Zheng, 2023; Xu & Jackson, 2019) and consumer behaviour (Agarwal &
Singh, 2018; Johnson & Ramirez, 2020; Juaneda-Ayensa et al., 2016; Kang, 2018; Lazaris et
al., 2014; Natarajan & Veera Raghavan, 2023) in omnichannel frameworks. The experiential
nature of omnichannel shopping remains relatively unexplored, especially relating to the
antecedents of OCCE. This study aims to analyse the experiences of customers in omnichannel
frameworks and the antecedents of such experiences. Empirical studies that have investigated
the relationship between customer experience and antecedent variables in omnichannel retail
environments are scarce. From the research survey conducted, it can be concluded that most of
the studies carried out so far have been in the grocery (Gunawan et al., 2023; Hasbullah et al.,
2025; Yen, 2023) and fashion (Ahmad Mahyadin, 2024; Akturan & Kuter, 2024; Chen & Chi,
2024; Fares et al., 2023; Jaengprajak & Chaipoopiratana, 2022; Kang, 2018; Kaur & Sandhu,
2022; Lee & Jung, 2020; Riaz et al., 2022; Robertson & Kopot, 2023; Salem & Alanadoly,
2024) retail industries, and this calls for more omnichannel retailing-related research in other
retail sectors. The present study aims to focus on the Technical Consumer Goods Sector. This

sector comprises primarily of consumer electronics and household appliances. The key
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characteristics of these goods are that they are expensive and are not purchased very often by
an individual. Hence, the buying decision-making process is lengthy, and a lot of research is
done by the consumer before making a final choice. With the development of numerous retail
channels, the consumer has the option of seeking information during the decision-making
process across these channels. The consumer may visit the offline retail store to seek first-hand
information about the product and assistance from the retailer in decision-making. While
making the final decision to purchase, the consumer may purchase it from the channel which
offers it at the lowest cost; in most cases, this could be the online platform. In such a situation,
the offline retailers lose out on business. To a certain extent, this problem can be eliminated by
incorporating an omnichannel strategy which offers consistency in information, promotional

offers and pricing across all channels.

While prior studies have independently researched the phenomena of channel integration and
technology adoption in omnichannel frameworks, this study examines their combined effects
and importance in India’s dynamic retail industry. Even though previous research has examined
the role of demographics in omnichannel contexts, evaluating the role of demographics in the
present study will provide a nuanced and comprehensive perspective. To further analyse the
relevance and importance of the phenomenon of OCCE, understanding key customer responses,
such as customer satisfaction and loyalty, is of utmost relevance. Lastly, the study also develops
an index to measure OCCE in the TCG sector by prioritising the dimensions of OCCE, and it
establishes a relationship between the antecedents and each of the OCCE dimensions to provide

actionable insights to omnichannel retailers in India.

2.7 Conceptual Model and the Development of the Hypotheses

The study proposed a conceptual model to capture the critical antecedents influencing OCCE
in the technical consumer goods sector by consolidating structural antecedents - Integrated
Product, Pricing and Promotion (IPPP), Integrated Information (IINFO), Integrated Customer
Service (ICS), and experiential antecedents - Perceived Trust (PT), Perceived Risk (PR), and
Hedonic Motivation (HM). Further, since demographics have been found to moderate the
relationships in omnichannel frameworks, this study has examined the moderating role of
gender, age, income, and education between the antecedents and OCCE. OCCE in the study
has been operationalised in terms of five dimensions (Integration, Consistency, Connectivity,

Personalisation and Flexibility) based on the scale proposed by (Shi et al., 2020). To derive
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nuanced insights, the study investigates the relationship between the antecedents and each of
the dimensions of OCCE. Additionally, the study also evaluates the outcomes of OCCE in
terms of Customer Satisfaction (CS), Repurchase Intention (RPI), and Word-of-Mouth
Intention (WOM). The research model (Figure 2.1) is proposed, followed by the development
of the hypotheses.

Figure 2.1: Research Model
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Source: Author’s Compilation based on Literature Review
2.7.1 Hypotheses of the study

The following objective-wise hypotheses are proposed:

Objective 1: To determine the antecedents influencing omnichannel customer experience

in the technical consumer goods sector.

Hla: Integrated product, pricing, and promotion positively influences OCCE.
HI1b: Integrated information positively influences OCCE.
Hlc: Integrated customer service positively influences OCCE.

H1d: Perceived risk negatively influences OCCE.
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Hle: Perceived trust positively influences OCCE.
HIf: Hedonic motivation positively influences OCCE.

Objective 2: To examine the role of select demographics in moderating the relationship
between the antecedents and omnichannel customer experience in the technical consumer

goods sector.

H2a: The gender of the consumer moderates the relationship between the selected antecedents
and OCCE.

H2ai: Gender of the consumer moderates the relationship between IPPP and OCCE.

H2aii: Gender of the consumer moderates the relationship between IINFO and OCCE.

H2aiii: Gender of the consumer moderates the relationship between ICS and OCCE.

H2aiv: Gender of the consumer moderates the relationship between PT and OCCE.

H2av: Gender of the consumer moderates the relationship between PR and OCCE.

H2avi: Gender of the consumer moderates the relationship between HM and OCCE.

H2b: The age of the consumer moderates the relationship between the selected antecedents and
OCCE.

H2bi: Age of the consumer moderates the relationship between IPPP and OCCE.

H2bii: Age of the consumer moderates the relationship between IINFO and OCCE.

H2biii: Age of the consumer moderates the relationship between ICS and OCCE.

H2biv: Age of the consumer moderates the relationship between PT and OCCE.

H2bv: Age of the consumer moderates the relationship between PR and OCCE.

H2bvi: Age of the consumer moderates the relationship between HM and OCCE.

H2c: The income of the consumer moderates the relationship between the selected antecedents
and OCCE.

H2ci: Income of the consumer moderates the relationship between IPPP and OCCE.

H2cii: Income of the consumer moderates the relationship between IINFO and OCCE.

H2ciii: Income of the consumer moderates the relationship between ICS and OCCE.

H2civ: Income of the consumer moderates the relationship between PT and OCCE.

H2cv: Income of the consumer moderates the relationship between PR and OCCE.

H2cvi: Income of the consumer moderates the relationship between HM and OCCE.
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H2d: The education of the consumer moderates the relationship between the selected
antecedents and OCCE.

H2di: Education of the consumer moderates the relationship between IPPP and OCCE.

H2dii: Education of the consumer moderates the relationship between IINFO and OCCE.

H2diii: Education of the consumer moderates the relationship between ICS and OCCE.

H2div: Education of the consumer moderates the relationship between PT and OCCE.

H2dv: Education of the consumer moderates the relationship between PR and OCCE.

H2dvi: Education of the consumer moderates the relationship between HM and OCCE.

Objective 3: To analyse the impact of the antecedents on each of the dimensions of

omnichannel customer experience in the technical consumer goods sector.

H3a: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
integration dimension of OCCE.

H3ai: IPPP has a significant impact on Integration.

H3aii: IINFO has a significant impact on Integration.

H3aiii: ICS has a significant impact on Integration.

H3aiv: PT has a significant impact on Integration.

H3av: PR has a significant impact on Integration.

H3avi: HM has a significant impact on Integration.

H3b: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
consistency dimension of OCCE.

H3bi: IPPP has a significant impact on Consistency.

H3bii: IINFO has a significant impact on Consistency.

H3biii: ICS has a significant impact on Consistency.

H3biv: PT has a significant impact on Consistency.

H3bv: PR has a significant impact on Consistency.

H3bvi: HM has a significant impact on Consistency.
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H3c: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
personalisation dimension of OCCE.

H3ci: IPPP has a significant impact on Personalisation.

H3cii: IINFO has a significant impact on Personalisation.

H3ciii: ICS has a significant impact on Personalisation.

H3civ: PT has a significant impact on Personalisation.

H3cv: PR has a significant impact on Personalisation.

H3cvi: HM has a significant impact on Personalisation.

H3d: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
connectivity dimension of OCCE.

H3di: IPPP has a significant impact on Connectivity.

H3dii: IINFO has a significant impact on Connectivity.

H3diii: ICS has a significant impact on Connectivity.

H3div: PT has a significant impact on Connectivity.

H3dv: PR has a significant impact on Connectivity.

H3dvi: HM has a significant impact on Connectivity.

H3e: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the flexibility
dimension of OCCE.

H3ei: IPPP has a significant impact on Flexibility.

H3eii: IINFO has a significant impact on Flexibility.

H3eiii: ICS has a significant impact on Flexibility.

H3eiv: PT has a significant impact on Flexibility.

H3ev: PR has a significant impact on Flexibility.

H3evi: HM has a significant impact on Flexibility.
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Objective 4: To examine the effect of omnichannel customer experience on customer
satisfaction and the effect of customer satisfaction on repurchase intention and word-of-

mouth intention in the technical consumer goods sector.

H4a: OCCE significantly influences CS.
HA4b: CS significantly influences the RPI of the customers.
Hd4c: CS significantly influences the WOM of the customers.

Objective 5: To analyse the mediating relationship of customer satisfaction between
omnichannel customer experience and the behavioural outcomes, specifically repurchase

intention and word-of-mouth intention, in the technical consumer goods sector.

H5a: CS mediates the relationship between OCCE and RPI in the technical consumer goods
sector.
H5b: CS mediates the relationship between OCCE and WOM in the technical consumer goods

sector.

2.8 Summary

This chapter deliberates the existing theoretical and empirical foundations of omnichannel
customer experience in the technical consumer goods sector. The review is organised around
four themes: key antecedents shaping omnichannel experience, the moderating role of
demographic factors, the behavioural and relational outcomes of omnichannel experience, and
the need to develop an omnichannel customer experience index. The chapter concludes by
identifying the research gap and presenting the proposed model and hypotheses for empirical

testing.
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CHAPTER 33
RESEARCH METHODOLOGY

3.1 Introduction

The research methodology and design adopted for the study are presented in this chapter. It
discusses the data collection process, sampling design, statistical methods, and software used
for analysis. It also covers the measurement scales, their content validity, the results of the pilot

study, and the development of the final questionnaire.

Quantitative research in psychology and the social sciences is grounded in positivist or post-
positivist assumptions that emphasise objectivity, theory-driven inquiry, and deductive
reasoning. Within this approach, researchers derive research questions and hypotheses from
existing theory and then test them against empirical data (Crick, 2024; Lim et al., 2026).
Accordingly, quantitative studies commonly employ structured procedures such as

questionnaire construction, measurement design, and statistical data analysis.

Questionnaire construction is key in a survey-based quantitative research approach. This study
has identified various constructs and their measurement scales from various domains, which
include customer experience, channel integration, technology adoption, and consumer
behaviour. A standard scale is chosen in order to ensure the reliability and validity of the study

outcome.

Although probability sampling is generally preferred when the objective is statistical
generalisation (Lynch, 1982), non-probability sampling is widely used in marketing and
consumer research because many studies prioritise practical access to respondents, speed, and
cost efficiency over absolute population representativeness (Calder et al., 1981; Goodman &
Paolacci, 2017; Peterson, 2001). Convenience sampling is often adopted when respondents are
readily accessible, while purposive or judgmental sampling is used when participants must
possess specific characteristics and snowball sampling is useful when the target group is

difficult to identify, reach, or list through a formal sampling frame (Johnson, 2014).

Data analysis is pivotal to substantiate the hypotheses; choosing appropriate statistics displays

the rigour of the research, and it helps to attain relevance, too. Besides the research questions
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and methods, data analysis demands greater rigour to make the research effective (Houston,
2019). This study has captured the data through the questionnaire-based method, where data is
predominantly perceptual data or psychometric data, and in this scenario, structural-based
statistical techniques such as PLS-SEM are most suitable. Besides this, to describe and compare
the omnichannel experience and other constructs through various demographic characteristics,
PLS-MGA was employed. Additionally, to determine the impact of the antecedents on each of
the dimensions of omnichannel customer experience, regression analysis is employed. Finally,

an omnichannel customer experience index is developed using AHP.

3.2 Research Design — Antecedents and OQutcomes of

Omnichannel Customer Experience

The research design describes the sampling design, including defining the population, target
population, sampling frame, sampling technique, sample size, and study period. It then details
the type of data used, the procedures followed for data collection, and the development of the
structured questionnaire. Finally, it discusses the steps taken to establish content validity and
reliability through expert evaluation and a pilot study, thereby ensuring that the measures

employed are robust and appropriate for the study objectives.

3.2.1 Sampling Design

The sampling design of the research study consists of the population of the study, the target
population, the sampling frame, the sampling technique, the sample size, the justification of the

sample size and the period of the study.

3.2.1.1 Population of the study

The population of the study comprised individuals in India who used different omnichannel
platforms for purchasing technical consumer goods.

3.2.1.2 Target Population

The target population of the study included individuals residing in India who used a minimum
of two channels while purchasing technical consumer goods in the 12 months prior to the date

the questionnaire was administered.
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3.2.1.3 Sampling frame

The details of the individuals using a minimum of two channels while shopping for technical
consumer goods were not available on any public platform; thus, a non-probability sampling

method was employed in the study.

3.2.1.4 Sampling technique

The primary data were collected using a non-probability sampling technique, namely purposive

(judgmental) sampling. This technique was considered appropriate because the study required

respondents who possessed specific and relevant shopping experience related to the research

problem. Since the objective was to obtain responses from consumers familiar with

omnichannel purchasing of technical consumer goods, respondents were selected on the basis

of predefined eligibility criteria rather than through random selection. The respondents were

selected using the following criteria:

1) The respondents or sample units were persons who shopped for consumer electronics or
home appliances using a minimum of two channels.

2) The respondents should have shopped for these goods in the past 12 months prior to
responding to the questionnaire.

3) This ensured that the data were collected only from respondents who had a recent and
relevant omnichannel shopping experience and were therefore in a position to provide

informed responses.

3.2.1.5 Sample size

The data were collected from 715 respondents; however, only 703 respondents i.e. 98% of the
respondents, fulfilled the selection criteria, wherein the respondents had to have previous
purchase experience of using a minimum of two channels and shopping for technical consumer
goods in the one year prior to the questionnaire being administered to them. The sample size of
703 respondents is assumed as representative based on the “10-times rule”. For determining the
minimum sample size while using PLS-SEM, the “10-times rule” method suggested by Hair et
al. (2012) and Peng & Lai (2012) can be used. This method suggests that the sample size should
be greater than 10 times the maximum number of inner and outer model links pointing at any
latent variable in the model (Goodhue et al., 2012). As there are 69 items in the various scales,

an appropriate sample size would be 69*10 = 690. Therefore, the final sample of 703 is
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sufficiently large for PLS-SEM analysis and exceeds commonly cited minimum thresholds

(Hair et al., 2014).

3.2.1.6 Period of the study
The data were collected between March 2024 and October 2024.

3.2.2 Data type and method of collection

The primary data, which were cross-sectional in nature, were collected through a structured
questionnaire designed using Google Forms. The link was circulated via various platforms,
including social media. All respondents were informed about the purpose of the study, and their
participation was voluntary, with assurances of confidentiality and anonymity of their responses
and no personal identifiers were collected in the survey to maintain their anonymity. To ensure

data completeness, all items were marked as mandatory.

3.2.3 Questionnaire design, Content validity, and Pilot study

The draft questionnaire for the study was developed based on an extensive literature review.
The various items were adapted from validated measurement scales reported in prior published
research, and the responses were evaluated on a seven-point Likert scale where 1= Strongly
Disagree, 2 = Disagree, 3 = Somewhat Disagree, 4 = Neutral, 5 = Somewhat Agree, 6 = Agree,
and 7 = Strongly Agree. Once the initial draft was prepared, the content validity of the
questionnaire was examined through discussions with academic and industry experts. Their
feedback and inputs assisted in refining the wording, structure, and clarity of items, as well as
eliminating repetitive items, thus ensuring relevance to the study context. After incorporating
these expert recommendations, a pilot survey was conducted with a sample of 50 respondents
from the target population. The pilot survey served to assess the reliability of the constructs and
also confirmed the face validity of the questionnaire by establishing that the respondents found
the items clear, understandable, and relevant to the study. Subsequently, the questionnaire was
approved for full-scale data collection, ensuring that it was both methodologically sound and

contextually tailored to the research objectives.

3.2.3.1 Constructs — Definition and Measurement

This section defines each construct examined in the study and describes the measurement scale

(Table 3.1) used for its operationalisation, including the source of the items. Firstly, the

Page | 46



CHAPTER 3 RESEARCH METHODOLOGY

antecedents of OCCE are defined, followed by the definition of OCCE and its dimensions and

subsequently, the outcomes of OCCE are defined.
Integrated Product, Pricing, and Promotion (IPPP)

Integrated product, pricing and promotion refers to the extent to which a retailer presents
uniform product information, pricing, and promotional content across all channels to minimise
consumer confusion and maintain brand consistency (Gao et al., 2021; Oh et al., 2012; Zhang
et al., 2018). As suggested by (Gao et al., 2021; Oh et al., 2012; Zhang et al., 2018) IPPP
impacted the OCCE, especially the cognitive experience. This facet is commonly treated as a

dimension of channel integration quality in omnichannel retailing research.
Integrated Information (IINFO)

Integrated information involves maintaining a singular account of a customer to record and
track all the transactions and interactions of the customer with the brand, irrespective of the
channel of transaction and interaction (Gao et al., 2021; Oh et al., 2012; Zhang et al., 2018). It
captures whether customer profiles, interaction histories, and transaction records are accessible
across systems, enabling continuity when customers switch channels during the journey.
(Iglesias-Pradas et al., 2022). This information integration supports seamless movement
between online and offline touchpoints and reduces the need for customers to repeat

information (Gao et al., 2021; Lee, 2020).
Integrated Customer Service (ICS)

Integrated customer service means offering a unified service to the customer, irrespective of
the channel of transaction or channel of availing the customer service (Gao et al., 2021; Oh et
al., 2012; Zhang et al., 2018). This includes cross-channel visibility of purchase histories,
uniform complaint handling, and consistent follow-up and escalation rules (Piotrowicz &
Cuthbertson, 2014). Such service integration is treated as a key operational capability in
omnichannel retailing and is theorised to improve customer experience by reducing effort and

friction across touchpoints (Barari et al., 2020).
Perceived Risk (PR)

Perceived risk can be defined as the uncertainty experienced by a consumer with regard to the
possibility of undesirable effects while shopping on omnichannel platforms (Ariffin et al., 2018;

Xu & Jackson, 2019). By building fully integrated platforms and providing consistent
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information about products, prices, and services across platforms, omnichannel retailers
alleviate the risk experienced by consumers, especially while shopping for high-involvement
products (Ariffin et al., 2018; Xu & Jackson, 2019), and therefore perceived risk is an important

psychological mechanism linking channel design to customer responses.
Perceived Trust (PT)

Perceived trust reiterates the consumer’s belief in a retailer to deliver on its promises across all
channels (Bahri et al., 2023; Rahman et al., 2022; Zhang et al., 2018). If customers trust a
retailer, they are more confident to make a purchase and spend a higher share of their wallet
(Wang et al., 2022). Perceived trust captures confidence that the retailer’s information,
processes, and service commitments can be depended on throughout the omnichannel journey,

including payment, fulfilment, returns, and post-purchase support (Yen, 2023).
Hedonic Motivation (HM)

Venkatesh et al. (2012) define hedonic motivation as the “fun or pleasure derived from using a
technology”. Kazancoglu & Aydin (2018) asserted that hedonic motivation affected OCCE as
customers wanted to have an engaging experience and enjoy the entire purchase journey to
reduce negative feelings. In omnichannel environments, it captures the extent to which the

journey is engaging and enjoyable, beyond purely functional benefits.
Omnichannel Customer Experience (OCCE)

Omnichannel experience is conceptualised as a ‘“phenomenon encompassing customers’
cognitive, emotional, social, sensory and behavioural responses” (Lemon & Verhoef, 2016) in
a framework that “manages channels as intermingled touch points to allow consumers to have
a seamless experience pre- and post-consumption” (Shen et al., 2018). For the purpose of the
study, OCCE is measured in terms of five dimensions as suggested by Shi et al. (2020). The

dimensions are Integration, Personalisation, Connectivity, Consistency and Flexibility.

Integration involves aligning information systems and operations across channels and
touchpoints to maintain a unified brand experience (Shi et al., 2020). Saghiri et al. (2017) assert
that channel integration is the key difference between multi-channel and omnichannel retail, as
it enables retailers to maintain a unified record of each customer across channels.
Personalisation involves customising product and service offerings (Rooderkerk & Kok, 2019).
Personalisation can help reduce the uncertainty faced by customers in an omnichannel

framework by assisting them in making more informed purchases. Connectivity involves
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linking the information available across channels to give a unified image of the brand (Shi et
al., 2020). It refers to the process by which customers can check for product availability across
the channels and reveals how well the channels are interlinked. Consistency is concerned with
providing customers with the same product, same information, and same service across
channels (Shi et al., 2020), and inconsistency in messaging, pricing, promotions, or experiences
causes customer confusion, leading to low customer satisfaction and reduced spending
(Cunnane, 2012). Kazancoglu & Aydin (2018) assert that the consistency of product quality
and pricing strategy across channels reduces information asymmetry and perceived risk, and
hence, omnichannel systems demand the development of technical infrastructure to ensure
consistency in data maintained across channels. Flexibility refers to the extent to which
customers are provided with flexible options as they migrate from one channel to another.
Kazancoglu & Aydin (2018) noted that customers might be anxious about product availability,
payment risks, and delivery processes when they switch across channels, and therefore,
omnichannel retailers need to offer flexible options to their customers across channels. This
enhances the shopping experience due to the convenience offered to the customers. Thus, the
dimensions of OCCE are diverse and require a strategic approach to ensure a seamless,

consistent, and personalised customer journey across all channels.
Customer Satisfaction (CS)

Customer satisfaction has been defined as “a judgment that a product or service feature, or the
product or service itself, provides a pleasurable level of consumption-related fulfilment”
(Oliver, 2014). Bezes (2022) defines customer satisfaction as “the customer’s overall evaluative
judgment of the retailer based on their end-to-end omnichannel shopping experiences (online
and offline), reflecting the extent to which the retailer’s performance meets or exceeds

expectations over time.”
Repurchase Intention (RPI)

Repurchase intention refers to the “subjective probability that an individual will continue to
purchase products from the online vendor or store in the future” (Chiu et al., 2009). According
to Seiders et al. (2005), repurchase intentions “represent the customer’s self-reported likelihood

of engaging in future repurchase behaviour”.
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Word-of-Mouth Intention (WOM)

Zeithaml et al. (1996) defined WOM as a consumer’s likelihood to recommend and say positive

things about a company to other consumers. WOM refers to “informal communications directed

at other consumers about the ownership, usage, or characteristics of goods/services and/or their

sellers” (Westbrook, 1987).

Table 3.1: Constructs, Items and Sources

Constructs

Statements (Items)

Sources

Integrated
Product, Pricing

and Promotion

The name/tagline/logo of the brand I am looking for
is consistent across both online and offline channels

(IPPPI).

The online channels (website, mobile application,
social media pages) highlight in-store promotions (eg,
new arrivals, discount sales, etc.) that are taking place

in the physical store (IPPP2).

Product details are consistent across both the physical
store and online channels (website, mobile

application, social media pages) (IPPP3).

The physical store advertises the online channels
(website, mobile application, social media pages)
through pamphlets/standees/carrying bags/receipts
(IPPP4).

Inventory information 1is consistent across the

physical store and the online channels (IPPP5).

Product prices are consistent across the physical store

and the online channels (IPPP6).

Integrated

Information

The brand keeps an integrated purchase history of my
online and offline purchases (IINFOI).

Future recommendations are made by the brand to me

based on my past offline/online purchases (IINFO2).

(Gao et al.,
2021; Oh et
al., 2012;
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Zhang et al.,
2018)

Web pages/ mobile applications/social media pages
are customised for me based on my past oftline/online

purchases (IINFO3).

I am able to check the availability of stock at the
physical store via the online channels (IINFO4).

Internet kiosks are available in the physical store to

access information on online channels (IINFOS).

The customer service centre managed by the physical
store accepts exchange, return, and repair requests for

products purchased online (ICS1).

I am able to redeem the gift coupons/vouchers issued

by the brand either online or offline (1CS2).

The brand, through its online channels (website,

Integrated mobile application, social media pages), provides

Customer post-purchase services such as exchange, returns, and

Service repairs for the products purchased at the physical store
(ICS3).

The brand, through its online channels (website,
mobile application, social media pages), provides
interactive access to the customer service assistant

through a chatbot (1CS4).

The brand allows me to collect my online purchases

in the physical store (ICS35).

I believe that there’s a high risk when making | (Shi et al.,
omnichannel (using more than 1 channel) shopping | 2020)

(search, purchase) decisions (PR1).

Perceived Risk
I am more likely to suffer losses when using

omnichannel brands to make purchase decisions

(PR2).
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The probability that I will get a good bargain from
omnichannel shopping is small (PR3).

Perceived Trust

I feel my personal information is securely managed by
the omnichannel brand, irrespective of my shopping

channel (PT1).

I feel that the brand transmits my transactional
information (purchase histories, order details)

accurately (P72).

I would feel safe providing sensitive information
(bank details, card numbers) over the omnichannel

platforms (P73).

I believe that this brand is reliable and trustworthy
(PT4).

I believe that this brand’s products are dependable
(PT5).

(Zhang et al.,
2018)

Hedonic

Motivation

Being able to use omnichannels throughout the
purchase of technical consumer products is enjoyable

(HM]).

Being able to use omnichannels throughout the
purchase of technical consumer products is

pleasurable (HM2).

Being able to use omnichannels throughout the
purchase of technical consumer products is interesting

(HM3).

(Jaengprajak
&
Chaipoopirata
na, 2022;
Venkatesh et
al., 2012)

Integration

My interactions across different channels are

integrated and considered for each purchase (INTG1).

Descriptions of products are integrated across

different channels (INTG2).

(Shi et al.,
2020)
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New products are simultaneously launched across

different channels (INTG3).

Product wvariants are available across different

channels (INTG4).

Shopping recommendations are made based on my
personal information and purchase records across

different channels (PERI).

Discounts and incentives are offered based on my
personal information and purchase records across

Personalisation | different channels (PER2).

Web pages are customised based on my personal
information and purchase records across different

channels (PER3)

Client-specific rewards/points are awarded based on

my past purchases across different channels (PER4).

Trademarks, brand names, and slogans are consistent

across different channels (CONS1).

I receive consistent responses across different

channels (CONS2).

Consistency
The quality of products is consistent across different

channels (CONS3).

The service performance is consistent across different

channels (CONS4).

I can examine products in the physical store and order

them online (FLEX]).

Flexibility
I am able to choose alternative channels for a given

service (FLEX2).
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I can order online and pay and pick-up offline

(FLEX3).

The after-sales service is available across different

channels (FLEX4).

I can accomplish specific tasks through preferred

channels (FLEXS).

Connectivity

I can check the stock availability across different

channels (CNNV1).

I can enquire about product information across

different channels (CNNV2).

I can check offline stock status through different

online channels (CNNV3).

My reading of the content is continuous and connected

across different channels (CNNV4).

My member accounts across different channels are

connected (CNNYV5).

My interactions with customer service representatives
across different channels are interconnected

(CNNYVG).

Customer

satisfaction

I am satisfied with my overall experience of

omnichannel shopping (CS1).

I am satisfied with the pre-purchase (product search,
quality of product information, product comparison)

experience of omnichannel shopping (CS2).

I am satisfied with the purchase (ordering, payment)

experience of omnichannel shopping (CS3).

(Rose et al.,
2012)
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I am satisfied with the post-purchase (post-sales
support, returns/refunds) experience of omnichannel

shopping (CS4).

I will use omnichannel shopping in the near future | (Taylor &
(RPII). Todd, 1995;
Wu et al.,
2014)

Repurchase
I intend to use omnichannel shopping frequently in the

future (RPI2).

Intention

I prefer to recommend omnichannel shopping to

people around me (RPI3).

I would like to introduce omnichannel brands to others | (Eisingerich

(WOMI). etal, 2015;

Roy et al.,
2017)

I would speak favourably about the omnichannel

brands to others (WOM?2).

I would assist other customers with the omnichannel

brands if they need my help (WOM3).

Word-of-mouth

intention

I would say positive things and recommend the
omnichannel brands on social networking sites

(WOM4).

I would use social sites to encourage friends and

relatives to buy the omnichannel brand’s products

(WOM5)

3.2.3.2 Content Validity

To establish content validity, the draft questionnaire was evaluated by five subject-matter
experts from academia and industry, including senior marketing faculty and experienced
practitioners in the technical consumer goods sector. Their feedback was systematically

reviewed and incorporated into the final questionnaire.

The three academic experts noted that, although the underlying model and constructs were
appropriate, the initial questionnaire was relatively lengthy and attempted to capture too many

aspects simultaneously. They advised reducing overall complexity, eliminating double-barreled
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items, and rephrasing several statements to improve clarity and respondent comprehension.
They also recommended consolidating overlapping constructs and retaining approximately four
to five well-formulated items per construct, given the likelihood that some indicators might not
achieve satisfactory factor loadings during subsequent analysis. The two industry practitioners
who were approached similarly observed that most items were relevant to omnichannel practice
but identified a few statements as repetitive. In addition, they recommended restructuring the
customer satisfaction items to capture overall and phase-wise omnichannel experience (pre-

purchase, purchase and post-purchase).

In line with these suggestions, the questionnaire was refined by shortening its length, removing

double-barreled and repetitive items and consolidating overlapping constructs.

3.2.3.3 Pilot study

The pilot survey was conducted among 50 respondents who had previously purchased technical
consumer goods using a minimum of two channels. The questionnaire was circulated among
the respondents via social media and other platforms using Google Forms. The objective of the
pilot survey was to examine the relevance and reliability of the draft questionnaire designed for
the study. The reliability of the constructs was tested using Cronbach’s Alpha. The statements
of the various constructs were found to be reliable, as the Cronbach’s Alpha was between 0.7

and 0.9.

3.3 Research Design — Analytical Hierarchy Process

The sample for objective 6, i.e. the development of the OCCE index, consisted of 29 senior
practitioners in India’s technical consumer goods sector, having more than 5 years of
experience. The data were collected between October 2024 and January 2025. These
respondents were selected based on their expertise and experience in omnichannel retailing and
customer experience management. The search for industry experts meeting the study-specific
criteria was undertaken through personal networks and social media websites such as LinkedIn
and Rocket Reach. A structured pairwise comparison questionnaire was shared via email with
the experts. A total of 50 industry professionals were identified, and these experts were
requested to participate in the survey. However, only 29 consented to do so. The survey was
conducted through a combination of a structured questionnaire and follow-up interviews to

clarify any queries.
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3.4 Statistical Methods Used in the Study

3.4.1 Descriptive Analysis

The study applied descriptive analysis to the collected responses received from the customers
who participated in the survey. The descriptive analysis includes the description of the mean
score, which indicates the level of agreement of the customer with respect to the different
statements included in the questionnaire. The standard deviation of the responses indicates the
dispersion in the responses received in the survey. The skewness and kurtosis of the responses

represent the distribution of the responses.

3.4.2 Reliability Analysis

The internal consistency reliability is examined in order to test the relationship between the
statements used to measure the factors in the questionnaire. The internal consistency reliability
is required in the responses in order to achieve reliable results from the hypothesis testing. The
Cronbach’s alpha is used to test the presence of internal consistency reliability of the responses
for each factor included in the scale. The Cronbach’s alpha for each factor is required to be

greater than 0.7 in order to ensure the presence of reliability (Cavana et al., 2001).

3.4.3 Construct Validity

The construct validity examined the two dimensions of the measurement scale namely
convergent validity and discriminant validity. The convergent validity of the questionnaire
examines the relationship between the statements and the construct measured by them, which
is expected to be high. The convergent validity of the scale used in the study is examined using
construct loadings, composite reliability (CR) and average variance extracted (AVE). The
expected value of both construct loadings and CR in order to satisfy the criteria of convergent
validity is 0.7 and above (Cavana et al., 2001), whereas the AVE of each construct must be
greater than 0.5 (Fornell & Larcker, 1981). The second dimension of construct validity is
discriminant validity, which indicates the low relationship between statements measuring the
different constructs. The discriminant validity of the questionnaire used in the study is

examined with the help of HTMT ratio and Fornell-Larcker criteria.
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3.4.4 Multicollinearity

The multicollinearity among the items measuring different factors influencing the omni channel
customer experience is examined with the help of Variance Inflation Factor (VIF) estimates.
Multicollinearity refers to high correlation among items. The VIF measures of all the included

items in the questionnaire is expected to be less than 3 (Kock, 2015).

3.4.5 Structural Equation Modelling (SEM)

The SEM approach is used to test the hypotheses associated with the research model proposed
to be examined in the study. The model includes six factors (integrated product, pricing &
promotion, integrated information, integrated customer service, perceived risk, perceived trust,
and hedonic motivation) that are assumed to influence the omnichannel customer experience.
These factors are included in the structural model as exogenous constructs, and omnichannel
customer experience is assumed to be endogenous. The omnichannel customer experience is
hypothesised to influence customer satisfaction, which, in turn, influences customer responses
in terms of repurchase intention and word-of-mouth intention. The structural model is examined

with the help of SEM analysis using SmartPLS 4 software.

3.4.6 Moderation Analysis

The moderating effect of the consumer demographics (gender, age, income and education) is
examined for the relationship between six included factors as antecedents, namely integrated
product, pricing, & promotion, integrated information, integrated customer service, perceived
risk, perceived trust, and hedonic motivation and omnichannel customer experience. The multi-
group moderation method is used to compare the slope coefficient of the different groups in the
case of gender, age and income. The moderation is said to exist if the differential slope
coefficients are found statistically significant. In addition to this, the moderating effect of

education is also examined with the help of the interaction moderation analysis.

3.4.7 Correlation Analysis

The correlation analysis is applied to examine the relationship between the different variables
included in the regression analysis. The six antecedents of OCCE (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing & promotion,

perceived risk and perceived trust) and the five different dimensions of OCCE (integration,
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personalisation, connectivity, flexibility and consistency) are included and examined using

Pearson correlation.

3.4.8 Multiple Regression Analysis

The impact of the antecedents (hedonic motivation, integrated information, integrated customer
service, integrated product, pricing and promotion, perceived risk and perceived trust) on
different dimensions of OCCE (integration, connectivity, consistency, flexibility, and
personalisation) in the technical consumer goods sector is examined using multiple regression
analysis. The multiple regression approach is applied, assuming the different dimensions as

dependent variables and the six antecedents as independent variables.

3.4.9 Mediation Analysis

The level of satisfaction of the customers is assumed to play a mediating role between the
omnichannel customer experience and repurchase intention, and the omnichannel customer
experience and word-of-mouth intention in the technical consumer goods sector. It is expected
that the omnichannel customer experience leads to repurchase intention and word-of-mouth
intention via their satisfaction in the technical consumer goods sector. In the structural model,
customer satisfaction is assumed to be a mediating construct, whereas the OCCE of the
customers is assumed to be an independent construct and repurchase intention and word-of-
mouth intention are assumed to be endogenous constructs. The mediating effect of customer
satisfaction between OCCE and RPI and OCCE and WOM is examined with the help of the
process suggested by Baron and Kenny (1986) along with the bootstrap method.

3.4.10 Analytical Hierarchy Process (AHP)

The fuzzy AHP approach is used to develop an OCCE index by prioritising the five key
dimensions of OCCE suggested by Shi et al., (2020). AHP employs a multi-criteria decision-
making technique suggested by Saaty (1987), which helps prioritise criteria based on expert
pairwise comparisons. It decomposes complex decision problems into hierarchical structures
by quantifying the intuitions of marketing professionals. The outcome of AHP is a ranking of

the five OCCE dimensions with associated weights indicating their relative importance.
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3.5 Confidence Level and Level of Significance

The framed hypotheses in the study are examined using suitable statistical analysis, employing
the p-value approach. The p-value indicates the probability of committing a Type I error, which
is restricted to the value of 5%. Thus, all the conclusions drawn in the study are based on the
assumption of a 95% confidence level. This implies that when the same study is repeated with
different samples from the same population, it is expected that in about 95 out of 100 such
studies, the conclusions drawn using this procedure would be correct, and only in 5 out of 100

studies, the conclusion might be wrong due to random chance.

3.6 Software used for Data Analysis

The study employed three software applications for data analysis, based on the specific
requirements of each research objective. SmartPLS 4 was used for Objectives 1, 2, 4, and 5, as
these objectives required structural equation modelling to examine direct, moderating, and
mediating relationships among the study constructs. Specifically, it was used to identify the
antecedents influencing omnichannel customer experience, assess the moderating role of
demographic variables, analyse the effect of omnichannel customer experience on customer
satisfaction and behavioural outcomes, and test the mediating role of customer satisfaction
between omnichannel customer experience and the behavioural outcomes. IBM SPSS Statistics
Version 26 was used for Objective 3, where multiple regression analysis was applied to analyse
the impact of the antecedents on each dimension of omnichannel customer experience in the
technical consumer goods sector. For Objective 6, Microsoft Excel was used to develop the
omnichannel customer experience index through the Analytic Hierarchy Process (AHP). Excel
was used to perform calculations for the geometric mean, the normalised pairwise comparison

matrix, local weights, and global weights.

3.7 Summary

This methodological framework adopted to address the objectives of the study has been
discussed in this chapter. It detailed the research design and the procedures followed for data
collection, sampling, and respondent selection. The chapter also explained the statistical
techniques used for analysis and the software employed to implement them. In addition, it
documented the definitions and operationalisation of the constructs in the study by specifying

the measurement scales and their sources, along with the steps taken to establish content
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validity. The pilot study findings were summarised to justify any refinements, culminating in
the development of the final questionnaire and the finalised approach for empirical analysis in

the subsequent chapters.
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CHAPTER 4
ANTECEDENTS OF OMNICHANNEL

CUSTOMER EXPERIENCE

4.1 Introduction

A detailed analysis of the first research objective is presented in this chapter, which focuses on
identifying and examining the key antecedents of OCCE in the technical consumer goods
sector. It includes descriptive analysis, the assessment of the measurement model, and the

subsequent evaluation of the hypothesised relationships in line with Objective 1.

The chapter begins by presenting the demographic profile of the respondents in order to provide
an overview of the sample characteristics. This is followed by the descriptive statistics of the
various items, which offer an initial understanding of the responses and the distribution of the
observed variables. Thereafter, the measurement model is evaluated through appropriate
statistical procedures, including the assessment of reliability, construct validity,
multicollinearity, and common method bias, to establish the adequacy and robustness of the

constructs used in the study.

Subsequently, the chapter presents a detailed analysis of Objective 1 by examining the empirical
relationships among the constructs, i.e. the structural model. The results are interpreted in
relation to the research objective and the proposed framework, with particular emphasis on
identifying the significant antecedents of OCCE in the technical consumer goods sector. The
chapter concludes with a discussion of the key findings and their implications for understanding

customer experience in an omnichannel retail context.

4.2 Demographic Profile of the Respondents

The data for the study were collected through a structured questionnaire administered via
Google Forms and shared across online platforms. In total, 715 respondents from various states
across India participated in the survey. Out of these, 703 responses were found to be valid and

were retained for analysis, while the remaining responses were excluded because they did not
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satisfy the prescribed eligibility criteria. The dataset contained no missing values since all the

questions were marked as mandatory.

Table 4.1: Demographic Profile of the Survey Respondents

Demographics Sub Categories Frequency (%)
Male 378 (53.8%)
Gender
Female 325 (46.2%)
18 to 30 years 276 (39.3%)
Age Group 31 to 45 years 263 (37.4%)
Above 45 years 164 (23.3%)
Less than Rs 5 lakhs 203 (28.9%)
Annual Income Rs 5 to Rs 10 lakhs 284 (40.4%)
Above Rs 10 lakhs 216 (30.7%)
Under Graduate 87 (12.4%)
Graduate 190 (27.0%)
Education
Post Graduate 240 (34.1%)
Professionally Qualified 186 (26.5%)

Source: Primary Data

Table 4.1 provides a summary of the respondents’ demographic profile. The study was
conducted among 703 respondents across India who had previously shopped for technical
consumer goods using a minimum of two channels. The sample comprises 378 males (53.8%)
and 325 females (46.2%). Hence, with an almost equal number of males and females, the
findings would be less skewed and more widely generalisable across genders. With respect to
age, most respondents are in the age group of 18-30 years (276; 39.3%), followed by 31-45
years (263; 37.4%), and Above 45 years (164; 23.3%). The sample mainly comprises working
adults, which is appropriate for the study, considering that technical consumer goods are
purchased more frequently and at higher values by employed people. Regarding the annual
income distribution, the sample is skewed towards higher-earning segments — Rs 5—10 lakhs
(284; 40.4%), Above Rs 10 lakhs (216; 30.7%), and Less than Rs 5 lakhs (203; 28.9%).
Approximately 70% of the respondents earn more than Rs 5 lakhs annually, indicating
substantial purchasing power and a strong fit with the target market for technical consumer
goods, which often entails premium pricing. Lastly, with respect to the educational

qualifications of the respondents, 34.1% are postgraduates; 27% are graduates, 26.5% are
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professionally qualified individuals, and only 12.4% are undergraduates. The overall level of
education of the respondents is consistent with omnichannel behaviour, which involves

extensive information search, comparison, and evaluation across online and offline touchpoints.

Overall, the demographic distribution of the respondents indicates a balanced representation of
genders, a higher concentration of working-age adults with comparatively high purchasing
power, and a largely well-educated sample, which is appropriate for drawing inferences about

omnichannel experiences in a high-involvement retail sector.

4.3 Descriptive Statistics

This section presents the descriptive statistics of the responses received. The descriptive
analysis includes the description of the mean score, which indicates the level of agreement of
the respondents with respect to the different statements included in the questionnaire. It also
includes the standard deviation of the responses, which indicates the dispersion in the responses
from the mean. The skewness and kurtosis of the responses are also included, which represent

the distribution of the responses.

Table 4.2 presents the descriptive statistics for all measurement items, measured on a 7-point
Likert scale. After reverse-coding any negatively worded items, the mean score of the items
measuring the various constructs is around 4, evidencing moderate to high agreement (DeVellis,
2017). The standard deviations of the various items are of moderate magnitude, evidencing
adequate dispersion. Skewness values lie within commonly accepted bounds (-1 to +1)
(Zikmund et al., 2013), implying near-symmetry of the item distributions. Kurtosis values are
also within recommended limits (-1 to +2) (Zikmund et al., 2013), indicating no tail heaviness.
Altogether, these mean and variability patterns, along with acceptable skewness and kurtosis,
support the suitability of the data for subsequent estimations and reduce concerns about

violations of distributional assumptions at the indicator level.

Table 4.2: Descriptive Analysis

Standard
Construct
Items Mean deviation Kurtosis Skewness

IPPP1 4.738 1.666 -0.728 -0.357
Integrated Product,

IPPP2 4.767 1.64 -0.72 -0.364
Pricing and Promotion

IPPP3 4.787 1.661 -0.647 -0.433
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IPPP4 4.789 1.679 -0.695 -0.405
IPPP5 4.743 1.701 -0.697 -0.431
IPPP6 4.814 1.641 -0.611 -0.427
IINFOL1 4.772 1.687 -0.486 -0.514
I[INFO2 4.801 1.613 -0.505 -0.47
Integrated Information | IINFO3 4.727 1.633 -0.739 -0.288
IINFO4 4.762 1.632 -0.49 -0.471
IINFOS5 4.745 1.654 -0.612 -0.42
ICS1 4.805 1.584 -0.056 -0.626
ICS2 4.861 1.572 -0.069 -0.65
Integrated Customer
Service ICS3 4.731 1.539 -0.52 -0.262
ICS4 4.825 1.469 -0.253 -0.44
ICS5 4.812 1.624 -0.373 -0.526
PR1 3.856 1.549 -0.428 0.199
Perceived Risk PR2 3.855 1.579 -0.493 0.171
PR3 3.815 1.533 -0.369 0.263
PTI 4.735 1.619 -0.657 -0.351
PT2 4.787 1.58 -0.654 -0.339
Perceived Trust PT3 4.791 1.557 -0.631 -0.297
PT4 4.728 1.556 -0.802 -0.177
PT5 4.737 1.623 -0.738 -0.26
HM1 3.986 1.605 -0.556 0.1
Hedonic Motivation HM2 4.024 1.573 -0.51 0.092
HM3 3.976 1.601 -0.598 0.164
INTG1 4.651 1.685 -0.795 -0.286
INTG2 4.752 1.6 -0.593 -0.365
INTG3 4.674 1.709 -0.717 -0.355
Integration INTG4 4.752 1.629 -0.595 -0.316
PER1 4.926 1.595 -0.347 -0.513
Personalisation PER2 4.959 1.493 -0.645 -0.32
PER3 4.94 1.547 -0.474 -0.456
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PER4 4919 1.607 -0.499 -0.464
CONSI1 4.663 1.612 -0.597 -0.237
CONS2 4.646 1.519 -0.588 -0.073
Consistency
CONS3 4.751 1.643 -0.763 -0.245
CONS4 4.643 1.595 -0.683 -0.132
FLEXI1 4.973 1.674 -0.706 -0.442
FLEX2 4.945 1.696 -0.794 -0.425
Flexibility FLEX3 4.984 1.691 -0.667 -0.516
FLEX4 4.862 1.753 -0.858 -0.384
FLEXS5 5.028 1.505 -0.43 -0.35
CNNV1 5.074 1.688 -0.695 -0.529
CNNV2 5.078 1.67 -0.793 -0.512
CNNV3 5.122 1.649 -0.706 -0.557
Connectivity
CNNV4 4.987 1.706 -0.829 -0.447
CNNVS5 5.092 1.556 -0.275 -0.509
CNNV6 5.021 1.523 0.165 -0.627
CS1 4.869 1.41 -0.531 -0.17
CS2 4.876 1.426 -0.464 -0.22
Customer Satisfaction
CS3 4.933 1.348 -0.261 -0.234
CS4 4.842 1.731 -0.956 -0.458
RPI1 4.666 1.412 -0.707 0.202
Repurchase Intention | RPI2 4.671 1.451 -0.645 0.022
RPI3 4.881 1.459 -0.635 -0.051
WOMI1 4.885 1.194 0.682 -0.224
WOM2 4.639 1.555 -0.322 -0.311
WOM3 4.531 1.72 -1.075 0.044
Word-of-Mouth
) WOM4 4.579 1.508 -0.611 0.078
Intention
WOMS 4.526 1.669 -0.989 0.085

Source: Primary Data
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4.4 Assessment of the Measurement Model

This section presents the results of the testing of the measurement model to ensure that the
dataset satisfies the statistical assumptions required for further analysis. The evaluation includes
an analysis of the reliability and validity of the constructs to verify the internal consistency and
distinctiveness of constructs. Further, tests for multicollinearity and common method bias are
also performed to confirm that the data is free from high correlation and bias. The establishment
of these assumptions is essential to ensure the robustness, accuracy, and interpretability of

subsequent structural model estimations.

4.4.1 Reliability analysis

The internal consistency reliability was examined in order to test the relationship between the
statements used to measure the various constructs. Cronbach’s Alpha and Composite Reliability
are used to assess the internal consistency reliability. Cronbach’s Alpha and the Composite
Reliability for each factor are required to be greater than 0.7 in order to ensure the presence of
internal consistency within the constructs (Cavana et al., 2001). The result of the reliability

analysis is reported in Table 4.3 and the values in case of all the constructs exceeded 0.7.

4.4.2 Construct validity

The construct validity is examined through convergent validity and discriminant validity. The
convergent validity examines the relationship between the construct and the statements
measuring the construct. The relationship between the items and the construct is expected to be
high. The convergent validity is examined using construct item loadings, which indicate the
relationship between the statements and constructs, and Average Variance Extracted (AVE),
which indicates the proportion of the variance in the constructs explained by its own items. The
item loadings are expected to be greater than 0.7, whereas the AVE should be greater than 0.5
as per the criteria proposed by Fornell & Larcker (1981). The discriminant validity of the scale
anticipates a minimal correlation among items that assess the various constructs encompassed
within the scale and is examined with the help of the Heterotrait-Monotrait (HTMT) ratio and
Fornell-Larcker criterion. The HTMT ratio examines the ratio of the relationship between the
items of different constructs (Heterotrait) to the relationship between the statements (Monotrait)
measuring the same construct. According to Henseler et al. (2015), a HTMT ratio of less than

0.85 is required to satisfy the criteria of discriminant validity. The Fornell-Larcker criterion
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compares the square root of the AVE of each factor to its relationship with other factors in the
scale (Fornell & Larcker, 1981). To satisfy the criteria of discriminant validity, the square root
of the AVE of each factor must be greater than its relationship with other factors in the scale.
The data meet the basic assumptions of construct validity, and the results of the item loadings,

AVE, HTMT, and Fornell-Larcker criterion are presented in Table 4.3, Table 4.4. and
Table 4.5 respectively.

Table 4.3: Construct Reliability, Convergent Validity, and Item Multicollinearity
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CNNV1 0.826 2.607
CNNV2 0.811 2.553
CNNV3 0.825 2.395
Connectivity 0.905 0.901 0.605
CNNV4 0.817 2.203
CNNV5S 0.719 1.998
CNNV6 0.651 1.878
CONSI1 0.831 2.499
CONS2 0.813 2.465
Consistency 0.901 0.901 0.694
CONS3 0.85 2.632
CONS4 0.838 2.594
CSl1 0.883 2.052
CS2 Customer 0.876 2.494
Satisfacti 0.904 0.901 0.696
CS3 atistaction 0.889 2.609
CS4 0.868 1.584
FLEX1 Flexibility 0.906 0.904 | 0.828 0.654 | 2.435
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FLEX2 0.835 3.263
FLEX3 0.832 3.019
FLEX4 0.813 2.765
FLEX5 0.73 1.726
HM1 0.903 2.625
HM?2 Hedonic 0.892 0.891 | 0.907 0.731 | 2.564
motivation
HM3 0.907 2.66
ICS1 0.843 2.307
ICS2 0.864 2.644
1CS3 Integrated 0.899 0.897 | 0.876 0.635 | 2.716
customer service
ICS4 0.866 2.631
ICS5 0.825 2.102
IINFO1 0.834 2.357
IINFO2 0.837 2.296
[INFO3 | Integrated 0911 0.911| 0.852 0718 | 2.322
information
IINFO4 0.817 2.19
IINFO5 0.865 2.666
INTG1 0.836 2.36
INTG2 0.851 3.033
Integration 0.909 0.908 0.664
INTG3 0.853 2.977
INTG4 0.849 2.924
IPPP1 0.845 2.479
IPPP2 Integrated 0.810 2.143
product, pricing 0.917 0.917 0.648
IPPP3 and promotion 0.839 2.425
IPPP4 0.844 2.471
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IPPP5 0.845 2.523
IPPP6 0.862 2.719
PERI 0.847 3.295
PER2 0.878 2.869
Personalisation 0916 0916 0.732
PER3 0.865 2.835
PER4 0.831 2.992
PRI 0.837 1.857
PR2 Perceived risk 0.83 0.821 | 0.879 0.606 | 1.935
PR3 0.855 1.745
PTI 0.836 2.252
PT2 0.833 2.216
PT3 Perceived trust 0.901 0.900 | 0.853 0.644 | 2.504
PT4 0.847 2.366
PTS 0.860 2.559
RPI1 0.851 2.665
RPI2 Repurchase 0.899 0.899 | 0.882 0.748 | 2.829
Intention
RPI3 0.861 2.854
WOMI 0.833 1.636
WOM2 0.687 2.28
WOM3 Kt"eﬁigﬁM"mh 0.891 0.888 | 0.787 0.615| 2.57
WOM4 0.781 2.477
WOMS5 0.825 2.705

Source: Primary Data
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Table 4.4: HTMT Ratio for Discriminant Validity

> 22! ~ o
CONS 0.737
CS 0.746 0.662
FLEX 0.746 0.77 0.633
HM 0.399 0472 0.374 0.455
IINFO 0.695 0.732 0.619 0.747 0.495
INTG 0.604 0.699 0.543 0.714 0.538 0.635
ICS 0.747 0.755 0.659 0.735 0.456 0.703 0.626
IPPP 0.775 0.793 0.692 0.772 0.528 0.791 0.624 0.785
PER 0.621 0.751 0.586 0.702 0.537 0.673 0.758 0.655 0.694
PR 0.444 0.437 0.445 0.348 0.042 0.321 0.144 0.332 0.455 0.233
PT 0.718 0.724 0.596 0.72 0.535 0.717 0.643 0.731 0.736 0.632 0.234
RPI 0.617 0.61 0.775 0.592 0.44 0.596 0.512 0.614 0.635 0.533 0.267 0.582
WOM 0.676 0.697 0.583 0.693 0.526 0.667 0.605 0.661 0.714 0.609 0.213 0.699

Source: Primary Data
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Table 4.5: Fornell- Larcker Criterion for Discriminant Validity

> 2 W =)
CNNV 0.778
CONS 0.739 | 0.833
CS 0.742 | 0.663 | 0.835
FLEX 0.746 | 0.771 | 0.631 | 0.809
HM 0.397| 0472 | 0374 | 0.454 | 0.855
IINFO 0.697 | 0.732 | 0.619 | 0.747 | 0.495 0.797
INTG 0.606 | 0.699 | 0.544 | 0.713 | 0.537 0.636 | 0.847
ICS 0.748 | 0.755| 0.66 | 0.733 | 0.457 0.704 | 0.627 | 0.815
IPPP 0.774 | 0.793 | 0.691 0.77 | 0.529 0.791 | 0.623 | 0.785 | 0.805
PER 0.623 | 0.751 | 0.585 | 0.701 | 0.538 0.675 | 0.758 | 0.656 | 0.694 | 0.856
PR -0.443 | -0.436 | -0.444 | -0.348 | -0.009 -0.32 | -0.146 | -0.333 | -0.455 | -0.235 | 0.779
PT 0.717 | 0.724 | 0.597 0.72 | 0.535 0.718 | 0.643 | 0.731 | 0.737 | 0.633 | -0.237 | 0.802
RPI 0.616 | 0.61| 0.778 | 0.59| 0.44 0.596 | 0.511 | 0.614 | 0.634 | 0.534 | -0.266 | 0.582 | 0.865
WOM 0.678 | 0.698 | 0.587 | 0.692 | 0.526 0.668 | 0.606 | 0.662 | 0.714| 0.611 | -0.216 0.7 0.62] 0.784

Source: Primary Data
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4.4.3 Multicollinearity

The multicollinearity among the items measuring different factors influencing OCCE is
examined using the Variance Inflation Factor (VIF) estimates. Multicollinearity refers to high
correlation among items. The result of the multicollinearity analysis is reported in Table 4.3.
The result reported that the VIF measures of all the included items in the study are found to be
less than 5, which is adequate as per Kock (2015). Thus, it can be concluded that the responses
received against the different items measuring factors influencing omnichannel customer

experience are free from the problem of multicollinearity.

4.4.4 Common Method Bias

Common method bias can occur when both the independent and dependent variables are
measured within one survey, using the same (common) response method (ordinal scales) (Kock
et al., 2021). If the research instrument is drafted in a manner in which there is a possibility of
bias in the responses, it will lead to biased conclusions. In order to ensure that the results are
free from bias, the responses received from the survey are examined with the help of Harman’s
single-factor test. The Harman’s single-factor test is applied using exploratory factor analysis,
with the condition that a single factor is to be extracted as a result of a principal component
analysis (PCA). The result reported in Table 4.6 shows that the single extracted factor explains
only 40.818% of the variance of the entire responses against all the items included in the study,
and according to Podsakoff et al. (2003) it should be less than 50%. Thus, it can be concluded

that the responses received in the study are free from bias caused by CMB.

Table 4.6: Results of CMB using Harman single factor method

Initial Eigenvalues Extraction Sums of Squared Loadings
% of | Cumulative % of Cumulative
Component | Total | Variance % Total Variance %
1 28.165 40.818 40.818 28.165 40.818 40.818
2 4.702 6.814 47.633
3 3.051 4.422 52.055
4 2.052 2.974 55.029
5 1.846 2.676 57.705
6 1.616 2.342 60.047
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7 1.447 2.097 62.145
8 1.399 2.027 64.172
9 1.275 1.848 66.020
10 1.206 1.748 67.768
11 1.097 1.590 69.358
12 991 1.436 70.794
13 915 1.326 72.120
14 .855 1.240 73.360
15 .807 1.170 74.529
16 .614 .890 75.419
17 .606 878 76.298
18 568 .823 77.121
19 550 197 77.917
20 522 157 78.674
21 501 726 79.401
22 484 702 80.103
23 474 .686 80.789
24 458 .663 81.452
25 434 .629 82.082
26 426 617 82.699
27 414 599 83.298
28 403 584 83.882
29 392 568 84.450
30 389 563 85.013
31 .380 551 85.564
32 377 546 86.111
33 364 528 86.639
34 361 523 87.162
35 .345 499 87.662
36 341 494 88.155
37 332 481 88.637
38 329 477 89.114
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39 326 473 89.586
40 315 457 90.044
41 313 454 90.498
42 308 446 90.944
43 299 434 91.378
44 296 430 91.808
45 287 416 92.224
46 283 410 92.634
47 274 397 93.030
48 272 394 93.424
49 269 390 93.814
50 266 386 94.200
51 .260 377 94.577
52 258 374 94.952
53 252 365 95.317
54 250 362 95.679
55 242 351 96.030
56 233 338 96.368
57 227 329 96.697
58 225 326 97.023
59 217 315 97.338
60 211 305 97.643
61 204 295 97.938
62 200 289 98.227
63 192 279 98.506
64 .188 273 98.778
65 .180 261 99.040
66 175 254 99.294
67 173 251 99.545
68 163 237 99.782
69 151 218 100.000
Source: Primary Data Extraction Method: Principal Component Analysis.
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4.5 Antecedents of Omnichannel Customer Experience

(OCCE)

The six antecedents, namely integrated product, pricing and promotion, integrated information,
integrated customer service, perceived risk, perceived trust, and hedonic motivation, are
assumed to influence OCCE. These factors are included in the structural model as exogenous
constructs, and OCCE is treated as the endogenous construct. The structural model (Figure 4.1)

is examined with the help of Structural equation modelling using the SmartPLS 4 software.

To evaluate the statistical significance of the hypothesised relationships, a non-parametric
bootstrapping analysis was conducted in SmartPLS 4 using 5,000 resamples and a two-tailed
test at p = 0.05. The “no sign-change” option and bias-corrected confidence intervals were
adopted to ensure robust parameter estimation. For each path, standardised coefficients, t-
statistics, p-values, and 95% confidence intervals were generated. The result of the hypothesis

testing is reported in Table 4.7. The following hypotheses are examined:

HI: The selected antecedents (integrated product, pricing, and promotion, integrated
information, integrated customer service, perceived risk, perceived trust, and hedonic
motivation) significantly influence omnichannel customer experience.

Hla: Integrated product, pricing, and promotion positively influences OCCE.

HIb: Integrated information positively influences OCCE.

Hlc: Integrated customer service positively influences OCCE.

Hld: Perceived risk negatively influences OCCE.

Hle: Perceived trust positively influences OCCE.

HIf: Hedonic motivation positively influences OCCE.
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Table 4.7: Antecedents of OCCE

Path
Exogeneous Endogenous T-
Hypothesis Coefficien R? Conclusion
Constructs Construct statistic
t
Integrated
Product,
Hla o 0.253 | 7.065** Supported
Pricing and
Promotion
Integrated
Hl1b ‘ . 0.216 | 6.274%** Supported
information
Integrated Omnichannel
Hlc Customer Customer 0.249 | 7.864** | 77% | Supported
Service Experience
Perceived
H1d _ -0.063 | 2.925%* Supported
Risk
Perceived
Hle 0.211 | 5.664** Supported
Trust
Hedonic
H1f o 0.08 | 3.551** Supported
Motivation

Source: Primary Data ** Significant at 5% Level of Significance
4.6 Results

The result of the SEM analysis supported the hypothesis that “The selected antecedents
(integrated product, pricing, and promeotion, integrated information, integrated customer
service, perceived risk, perceived trust, and hedonic motivation) significantly influence
OCCE”. The path coefficients in the case of integrated product, pricing, and promotion,
integrated information, integrated customer service, perceived trust, and hedonic motivation are
found to be significant and positive. However, in the case of perceived risk, the path coefficient
is significant but negative. The highest path coefficient is found in the case of integrated
product, pricing, and promotion (path coefficient = 0.253), followed by integrated customer
service (path coefficient = 0.249), integrated information (path coefficient = 0.216), and
perceived trust (path coefficient=0.211), indicating the maximum positive influence on OCCE.

Whereas hedonic motivation is found to have the least but significant impact on OCCE (path
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coefficient = 0.08). In case of perceived risk, a significant, however, negative impact is found
on OCCE (path coefficient = -0.063). The R-squared signifies that around 77% of the variance
of OCCE is explained with the help of the structural model.

4.7 Discussion

Integrated product, pricing, and promotion has the highest impact on OCCE. This is partly in
line with previous research (Lee, 2020) which suggested that integrated promotion impacts
customer satisfaction but not integrated product and pricing. However, the above findings
challenge this by demonstrating that customers in the technical consumer goods sector expect
product and price transparency across all channels to enhance trust and reduce confusion.
Therefore, retailers must ensure price and product standardisation across online and offline

channels to optimise customer experience.

The study confirms that integrated information positively influences OCCE, suggesting that
when customers can easily access order history, product availability, and service records across
channels, they experience less cognitive overload (Ngo et al., 2024) and a greater sense of
control (Wathieu et al., 2002). Given that technical consumer goods involve high-involvement
purchases, customers invest significant effort in gathering information before making decisions

(Arora & Sharma, 2018).

Integrated customer service is also found to positively impact OCCE. Verhoef et al. (2009)
suggest that customer service is a critical touchpoint in shaping the overall brand experience.
This is particularly relevant in high-involvement product categories, where customers require
after-sales support, installation assistance, and warranty management. Perceived trust and
perceived risk have also emerged as antecedents (negative for perceived risk) of OCCE. Trust
has been studied as a second-order construct in previous research (Bahri et al., 2023; Rahman
et al., 2022; Yen, 2023; Zhang et al., 2018). This study empirically determined that perceived
trust is one of the antecedents/drivers of OCCE, similar to the research carried out by
Kazancoglu & Aydin (2018). The findings suggest that maintaining brand transparency,
ensuring data security, and delivering on service promises fosters an experiential advantage,
ultimately improving customer satisfaction in omnichannel shopping. Perceived risk has also
emerged as an antecedent with a negative impact on OCCE, similar to previous research
(Kazancoglu & Aydin, 2018; Nguyen, 2021; Shi et al., 2020). Retailers must address these

concerns by enhancing transaction transparency, ensuring consistency in return policies, and
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safeguarding customer data. This strategy reinforces enhancing trust and reducing risk as

suggested by Venkatesh et al. (2012) in their technology adoption model.

Hedonic motivation, though significant, has had the least impact (path coefficient = 0.08) on
OCCE, suggesting that most customers do not prioritise pleasure and enjoyment while shopping
for technical consumer goods with omnichannel retailers. This is in contrast to previous
research (Jayasingh et al., 2022; Kaur & Sandhu, 2022; Kazancoglu & Aydin, 2018; Mosquera
et al., 2018; Tyrvéinen et al., 2020), which showed that hedonic motivation has a strong and
significant impact on customer experiences in omnichannel frameworks in sectors such as
fashion, grocery, and sporting goods. This study demonstrates that for technical consumer
goods, utilitarian motivations may be more crucial than hedonic motivations. However, retailers
could still enhance the experiential appeal by integrating personalised recommendations, virtual
try-ons, or gamified interactions, which have been shown to increase engagement with

omnichannel platforms (Choi et al., 2020).

4.8 Summary

The above discussion empirically validated that omnichannel customer experience in the
technical consumer goods sector is primarily driven by structural integration and experiential
factors. Integrated product, pricing and promotion, integrated customer service, integrated
information, and perceived trust emerged as the strongest positive predictors, while perceived
risk exerted a negative influence. Hedonic motivation had a modest but significant effect,
reflecting the utilitarian orientation of high-involvement purchases. The model explained 77%

of the variance in OCCE, confirming its strong explanatory power.
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CHAPTER 5 MODERATING EFFECT OF DEMOGRAPHICS

CHAPTER S
MODERATING EFFECT OF

DEMOGRAPHICS

5.1 Introduction

This chapter presents a detailed analysis of Objective 2, which examines the moderating role
of demographics - gender, age, income, and education- on the relationship between antecedents
and omnichannel customer experience in the technical consumer goods sector. It further
presents the results of the objective with respect to the moderating effect of the stated
demographics in the relationship between the key antecedents and omnichannel customer

experience.

This objective examines the moderating effect of gender, age, income and education in the
relationship between the six antecedents and OCCE. The multi-group analysis (MGA) in
SmartPLS 4 is used to compare the slope coefficients of the predefined groups in the case of
gender, age, and income. A moderating effect is said to exist if the differential slope coefficient
between the groups is found statistically significant. The analysis examines whether the
relationship between the antecedents and OCCE is stronger, weaker or unchanged when the
sample is split by gender, age and income. For the purpose of the analysis, the defined groups
are Gender (male and female), Age (18 to 30 years and 31-45 years, 18 to 30 years and above
45 years, 31-45 years and above 45 years), and Income (less than Rs 5 lakhs and Rs 5 lakhs —
Rs 10 lakhs, less than Rs 5 lakhs and above Rs 10 lakhs, and Rs 5 — Rs 10 lakhs and above Rs
10 lakhs).

However, in the case of education, since there are more than four categories, MGA cannot be
used, and therefore, the moderating effect is examined through the interaction variable, which
is created between education and each antecedent. Under this approach, a moderating effect is
said to exist if the slope coefficients of the interaction variable (Edu x Xi) for the different
relationships are found statistically significant, indicating that changes in education levels alter
the impact of the antecedents on OCCE. Education is defined in terms of four categories:

undergraduate, graduate, post-graduate, and professionally qualified.
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5.2 Moderating Effect of Gender

The following hypotheses are examined using the group moderation effect:

H2a: The gender of the consumer moderates the relationship between the selected antecedents
and OCCE.
H2ai: Gender of the consumer moderates the relationship between IPPP and OCCE.

H2aii: Gender of the consumer moderates the relationship between IINFO and OCCE.

H2aiii: Gender of the consumer moderates the relationship between ICS and OCCE.

H2aiv: Gender of the consumer moderates the relationship between PT and OCCE.

H2av: Gender of the consumer moderates the relationship between PR and OCCE.

H2avi: Gender of the consumer moderates the relationship between HM and OCCE.

Table 5.1: Moderating effect of Gender

No. | Relationship Path Path Diff. in P- Conclusion
Coefficient- Coefficient - Path | Value
Male Females Coeff
(t-statistic) (t-statistic) (M -F)
IPPP > 0.303 0.067
H2ai 0.236 | 0.000 | Supported
OCCE (6.468%*%*) (2.085%%*)
IINFO - 0.163 0.145 Not
H2aii 0.018 | 0.789
OCCE (3.85%%) (3.658*%*) Supported
ICS > 0.158 0.386
H2aiii -0.228 | 0.000 | Supported
OCCE (4.491*%) (8.322%%)
0.186 0.154 Not
H2aiv | PT - OCCE 0.032 | 0.579
(4.009%%) (3.416*%) Supported
-0.043 -0.059 Not
H2av | PR - OCCE 0.016 | 0.631
(1.389) (2.937*%) Supported
HM > 0.045 0.167
H2avi -0.122 | 0.002 | Supported
OCCE (1.664) (5.912%%)

Source: Primary Data

** Significant at 5% Level of Significance

5.2.1 Results

The results of the group moderation effect supported the hypothesis “The gender of the

consumer moderates the relationship between the selected antecedents and OCCE” for
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the relationships between Hedonic Motivation = OCCE, Integrated Customer Service —>
OCCE and Integrated Product, Pricing, and Promotion > OCCE. In case of the relationship
between hedonic motivation and OCCE, the path coefficient was found to be higher in case of
females (path coefficient = 0.167) as compared to the male consumers (path coefficient=0.045).
Thus, it can be concluded that the impact of hedonic motivation on OCCE is found to be
significantly stronger among female consumers than among male consumers. Similarly, in the
case of the relationship between integrated customer service and OCCE, the result reported a
significantly stronger impact for female consumers as compared to male consumers. However,
in the case of the relationship between integrated product, pricing and promotion and OCCE,
the impact was found to be significantly stronger in the case of male consumers as compared
to female consumers. For the remaining relationships, no significant moderation was found,

indicating the absence of the moderating effect of gender.

5.2.2 Discussion

Hedonic motivation has been widely documented as a key factor influencing online shopping
behaviour, especially for female consumers (Hirschman & Holbrook, 1982). Retailers should
craft emotion-rich, immersive online experiences for female shoppers—especially in high-
touch electronics like smart kitchen appliances or personal gadgets. For males, the focus may

need to shift more towards utility or technical information.

Females are generally more responsive to relational and emotional service quality
(Wolfinbarger & Gilly, 2003). They often seek reassurance in post-purchase services,
especially for durable goods like appliances. Female consumers need accessible and proactive
service options, such as live chat, product setup guidance, and after-sales support. For males,

while still relevant, service expectations may skew toward efficiency and resolution speed.

Integrated product, pricing, and promotion have been shown to strongly influence consumer
behaviour, especially for male consumers, who may prioritise price sensitivity more than
females (Kim et al., 2008). For women, while promotions are still influential, they may place

more importance on other factors, such as product quality or customer service, as seen earlier.
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5.3 Moderating Effect of Age

The following hypotheses are examined using the group moderation effect:

H2b: The age of the consumer moderates the relationship between the selected antecedents and

OCCE.

H2bi: Age of the consumer moderates the relationship between IPPP and OCCE.
H2bii: Age of the consumer moderates the relationship between IINFO and OCCE.
H2biii: Age of the consumer moderates the relationship between ICS and OCCE.
H2biv: Age of the consumer moderates the relationship between PT and OCCE.
H2bv: Age of the consumer moderates the relationship between PR and OCCE.
H2bvi: Age of the consumer moderates the relationship between HM and OCCE.

Table 5.2: Individual slope coefficients

Path Coeff (t value)

Relationship 18 to 30 years 31-45 years Above 45 Years
IPPP - OCCE 0.213 (4.24*%*) 0.218 (4.287*%) 0.094 (2.399*%*)
IINFO - OCCE 0.110 (3.056*%*) 0.112 (2.175*%*) 0.746 (14.765*%*)

ICS = OCCE 0.164 (4.051**) 0.287 (5.28*%*) 0.059 (1.343)

PT = OCCE 0.232 (3.542%*%*) 0.236 (4.444%**) 0.07 (1.727)

PR = OCCE -0.048 (1.532) -0.075 (2.322%*%*) -0.003 (0.009)

HM - OCCE 0.131 (3.749**) 0.042 (1.409) 0.016 (0.804)

Source: Primary Data ** Significant at 5% Level of Significance
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Table 5.3: Moderating effect of Age

Diff. in Diff. in Diff. in
path path path
Coeff Coeff Coeff
(18 -30 (18 to 30 (3145
No. | Relationship Conclusion Conclusion Conclusion
years - years - years -
31to Above Above
45 45 45
years) years) years)
Hobi IPPP > -0.005 0.119 Not 0.124 Not
i
OCCE (0.998) (0.059) | Supported (0.052) | Supported
IINFO = -0.002 -0.636 -0.634
H2bii Supported Supported
OCCE (0.994) (0.000) (0.000)
ICS > -0.123 0.105 Not 0.228
H2biii Supported
OCCE (0.071) Not (0.061) | Supported (0.000)
) -0.004 | Supported 0.162 0.166
H2biv | PT - OCCE Supported Supported
(0.901) (0.029) (0.009)
0.027 -0.045 Not -0.072 Not
H2bv | PR 2 OCCE
(0.509) (0.253) | Supported (0.079) | Supported
) HM > 0.089 0.115 0.026 Not
H2bvi Supported
OCCE (0.054) (0.0006) (0.546) | Supported
Source: Primary Data **Significant at 5% level of significance

5.3.1 Results

5.3.1.1 18 to 30 years and 31-45 years

No significant group-moderation effect was observed between the age groups 18-30 years and
31-45 years for any of the relationships included in the model. Therefore, the hypothesis that
“The age of the consumer moderates the relationship between the selected antecedents
and OCCE” is not supported for this comparison. This indicates that the relationships between
the selected antecedents and OCCE are statistically similar across the age groups 18 to 30 years

and 31-45 years.
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5.3.1.2 18 to 30 years and Above 45 years

The results of the group moderation effect for the pair (18 to 30 years and Above 45 years)
supported the hypothesis that “The age of the consumer moderates the relationship between
the selected antecedents and OCCE” for the relationships between Hedonic Motivation =
OCCE, Integrated Information > OCCE, and Perceived Trust = OCCE. In the case of the
relationship between hedonic motivation and OCCE, the impact was found to be significantly
stronger in the case of consumers in the age group of 18-30 years of age, as compared to
consumers above 45 years of age. Similarly, in the case of the relationship between integrated
information and OCCE, the results reported a significantly stronger impact for consumers in
the age group of above 45 years of age as compared to young consumers in the age group of
18-30 years of age. However, in the case of the relationship between perceived trust and OCCE,
the impact was found to be significantly stronger in the case of consumers in the age group of
above 45 years as compared to young consumers in the age group of 18-30 years. For the

remaining relationships, no significant moderation was found.

5.3.1.3 31-45 years and Above 45 years

For the comparison between consumers aged 3145 years and those above 45 years, The results
of the group moderation effect for the pair (31-45 years and Above 45 years) supported the
hypothesis that “The age of the consumer moderates the relationship between the selected
antecedents and OCCE” for the relationships between Integrated Information - OCCE,
Integrated Customer Service > OCCE and Perceived Trust = OCCE. In the case of the
relationship between integrated information and OCCE, the impact was found to be
significantly stronger in the case of consumers in the age group of 31-45 years as compared to
consumers above 45 years of age. However, in case of the relationship between integrated
customer service and OCCE, the results reported a significantly stronger impact for consumers
in the age group of above 45 years of age as compared to young consumers in the age group of
31-45 years of age. Also, in the case of the relationship between perceived trust and OCCE, the
impact was found to be significantly stronger in the case of consumers in the age group of above
45 years as compared to young consumers in the age group of 31-45 years. For the remaining

relationships, no significant moderation was found.
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5.3.2 Discussion

With respect to hedonic motivation, younger consumers (especially Gen Z and Millennials) are
more influenced by hedonic and experiential values in shopping. They seek enjoyment,
gamification, and immersive digital interactions in omnichannel journeys (Kusumawardani et
al., 2023; Tyrvéinen et al., 2020). Retailers should invest in emotionally engaging and playful
omnichannel experiences for younger consumers, especially for electronics and gadgets, where

experiential browsing is common.

With regard to integrated information, younger consumers are digital natives, used to
seamlessly switching between online and offline channels and expecting consistent information
across them. Older consumers (>45) are more likely to find fragmented or inconsistent
information frustrating (Pantano et al., 2020). Juaneda-Ayensa, et al. (2018) suggest that older
customers value information quality more due to their more deliberate decision-making
process, especially for expensive goods like electronics. However, this may be outweighed by

usability issues and digital fatigue in this age group.

Older customers have higher expectations for human-centred service and are less tolerant of
disjointed experiences (Zeithaml et al., 2002). Human-assisted omnichannel service (call centre
agents with access to online and in-store purchase history), CRM systems that allow seamless

transitions across touchpoints for older customers could enhance their omnichannel experience.

Perceived trust has a significant impact on OCCE in the case of customers in the 18-30 years
and 31- 45 years segments. Surprisingly, in the case of individuals in the age group of above
45 years, perceived trust does not have a significant effect. The effect of integrated product,
pricing, and promotion on OCCE is significant across all age groups, and there are no
significant differences among the groups. Across all age groups, perceived risk is a universal

deterrent to online and omnichannel adoption (Featherman & Pavlou, 2003).

5.4 Moderating Effect of Income

The following hypotheses are examined using the group moderation effect:

H2c: The income of the consumer moderates the relationship between the selected antecedents
and OCCE.

H2ci: Income of the consumer moderates the relationship between IPPP and OCCE.

H2cii: Income of the consumer moderates the relationship between IINFO and OCCE.
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H2ciii: Income of the consumer moderates the relationship between ICS and OCCE.

H2civ: Income of the consumer moderates the relationship between PT and OCCE.

H2cv: Income of the consumer moderates the relationship between PR and OCCE.

H2cvi: Income of the consumer moderates the relationship between HM and OCCE.

Table 5.4: Individual slope coefficients

Path Coeff (t value)
Relationship
Less than Rs 5 lakhs 5 to 10 lakhs Above 10 lakhs
IPPP - OCCE 0.068 (1.663) 0.197 (4.246*%*) 0.316 (5.154%**)
IINFO - OCCE 0.175 (4.598%*%*) 0.214 (4.744%%) 0.13 (2.126*%*)
ICS - OCCE 0.089 (2.174%*%) 0.219 (4.83*%*) 0.282 (5.103*%*)
PT - OCCE 0.382 (7.934%*%*) 0.185 (4.078*%*) 0.081 (1.39)
PR - OCCE -0.066 (1.297) -0.03(0.974) | -0.072 (2.413%*%*)
HM - OCCE 0.043 (1.292) 0.077 (2.888**) 0.077 (2.446*%*)
Source: Primary Data ** Significant at 5% Level of Significance
Table 5.5: Moderating effect of Income
Diff. in Diff. in
Diff. in
path path
path
Coeff Coeff
Coeff
(<5 (5to10
No. | Relationship (<5 Conclusion Conclusion Conclusion
lakhs - lakhs -
Lakhs -
Above Above
5to 10
10 10
lakhs)
lakhs) lakhs)
IPPP > -0.129 -0.248 -0.119
H2ci1 Supported Supported
OCCE (0.029) (0.000) (0.122)
Not
N [INFO > -0.039 Not 0.045 Not 0.084
H2cii Supported
OCCE (0.569) | Supported | (0.432) Supported | (0.244)
ICS > -0.13 -0.193 -0.063
H2ciii Supported Supported
OCCE (0.033) (0.006) (0.365)
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_ 0.197 0.301 0.104
H2civ | PT > OCCE Supported Supported
(0.005) (0.000) (0.127)
0.096 Not 0.138 0.042
H2cv | PR - OCCE Supported
(0.113) | Supported | (0.020) (0.274)
HM > -0.034 Not -0.034 Not 0.00
H2cvi
OCCE (0.498) | Supported | (0.485) Supported | (0.932)
Source: Primary Data **Significant at 5% level of significance

5.4.1 Results

5.4.1.1 Less than Rs 5 lakhs and Rs 5 lakhs — Rs 10 lakhs

A significant group moderation effect was observed between the income groups of less than Rs
5 lakhs and Rs 5 lakhs — Rs 10 lakhs for the relationships Integrated Customer Service —
OCCE, Integrated PPP — OCCE, and Perceived Trust — OCCE. Therefore, the hypothesis that
“The income of the consumer moderates the relationship between the selected antecedents
and OCCE” is supported for these relationships. The effect of Integrated Customer Service on
OCCE was significantly stronger among consumers in the income group of Rs 5 lakhs — Rs 10
lakhs than among those earning less than Rs 5 lakhs. A similar pattern was found for Integrated
PPP — OCCE, where the impact was significantly stronger for consumers in the Rs 5 lakhs —
Rs 10 lakhs income group. In contrast, the effect of Perceived Trust on OCCE was significantly
stronger among consumers earning less than Rs 5 lakhs than among those in the Rs 5 lakhs —
Rs 10 lakhs category. No significant moderation effect was found for the remaining

relationships.

5.4.1.2 Less than Rs 5 lakhs and Above Rs 10 lakhs

For the comparison between consumers earning less than Rs 5 lakhs and those earning above
Rs 10 lakhs, income significantly moderated four relationships: Integrated Customer Service
— OCCE, Integrated PPP — OCCE, Perceived Risk — OCCE, and Perceived Trust — OCCE.
Thus, the hypothesis that “The income of the consumer moderates the relationship between
the selected antecedents and OCCE” is supported for these relationships. The effect of
Integrated Customer Service on OCCE was significantly stronger among consumers in the
income group of above Rs 10 lakhs than among those earning less than Rs 5 lakhs. Likewise,
the impact of Integrated PPP on OCCE was significantly stronger for consumers in the above

Rs 10 lakhs category. However, Perceived Trust — OCCE was significantly stronger among
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consumers earning less than Rs 5 lakhs than among those in the highest income group. In the
case of Perceived Risk — OCCE, the highest effect was observed among consumers earning
less than Rs 5 lakhs, and this effect was negative when compared with consumers in the stronger

income categories. No significant moderation was found for the remaining relationships.

5.4.1.3 Rs5—Rs 10 lakhs and Above Rs 10 lakhs

The results of the group moderation effect do not support the hypothesis that “The income of
the consumer moderates the relationship between the selected antecedents and OCCE”
for all the included relationships. Thus, it can be concluded that all the relationships between

the selected antecedents and OCCE are statistically similar for the income groups Rs 5 —Rs 10

lakhs and Above Rs 10 lakhs.

5.4.2 Discussion

The influence of hedonic motivation (enjoyment or pleasure derived from shopping) on
omnichannel experience does not vary by income. This aligns with Verhoef et al. (2015), who
argue that experiential components like fun or enjoyment are universally important in retail

experiences, regardless of income.

All income groups value seamless access to product and inventory information similarly in
omnichannel settings. Lemon & Verhoef (2016) note that integrated information enhances
customer experience consistently, but does not find significant demographic variation in its

effect.

With respect to integrated customer service, affluent customers value seamless, cross-channel
service interactions more—perhaps due to higher expectations regarding convenience,
responsiveness, and personalisation across digital and physical touchpoints. According to
Pantano & Gandini (2017), high-income customers engage more frequently with multi-channel
environments and are more sensitive to service consistency, particularly when moving between
online and offline channels. However, low-income consumers may still value human assistance
more due to lower digital literacy, though they may have limited exposure to omnichannel

touchpoints.

Concerning integrated product, pricing, and promotion, the higher the income group, the greater

the impact of product, pricing, and promotion integration on their omnichannel experience. This
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result challenges conventional assumptions, as lower-income consumers are typically more

price-sensitive (Liu & Zheng, 2023).

With respect to perceived risk, Wang et al. (2022) indicate that high-income consumers exhibit
higher expectations of security and control, especially with digital payment systems and data
privacy. They may penalise a brand more strongly for perceived lapses in return policies,
product damage, or channel confusion. Risk mitigation mechanisms (e.g., robust return policies,
secure payment, consistent privacy notices) are critical for retaining high-income segments,

who are less tolerant of friction or uncertainty.

For lower-income consumers, trust becomes a crucial risk-reducer. Research in emerging e-
commerce markets finds that economically constrained shoppers fear losing their money or
personal data when using new channels like mobile or online commerce, and thus are hesitant

to adopt them without strong assurances (Handoyo, 2024).

5.5 Moderating Effect of Education

The following hypotheses are examined using the interaction moderation effect method:

H2d: The education of the consumer moderates the relationship between the selected
antecedents and OCCE.

H2di: Education of the consumer moderates the relationship between IPPP and OCCE.

H2dii: Education of the consumer moderates the relationship between IINFO and OCCE.

H2diii: Education of the consumer moderates the relationship between ICS and OCCE.

H2div: Education of the consumer moderates the relationship between PT and OCCE.

H2dv: Education of the consumer moderates the relationship between PR and OCCE.

H2dvi: Education of the consumer moderates the relationship between HM and OCCE.
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Table 5.6: Moderating effect of Education
Path Standard T P Conclusion
Relationship
Coefficient | deviation | statistics | values
Education > OCCE -0.014 0.115 0.162 | 0.871
IPPP - OCCE 0.252 0.089 2.295 | 0.000
IINFO - OCCE 0.215 0.074 3.75 | 0.000
ICS > OCCE 0.250 0.072 2.243 | 0.000
Perceived Risk > OCCE -0.062 0.053 1.963 | 0.003
Perceived Trust > OCCE 0.210 0.093 1.964 | 0.000
HM > OCCE 0.088 0.063 1.986 | 0.000
Not
H2di: Education x IPPP > OCCE 0.005 0.032 0.12 | 0.905
supported
H2dii: Education x IINFO > Not
-0.040 0.026 1.284 0.2
OCCE supported
Not
H2diii: Education x ICS > OCCE 0.025 0.026 0.883 | 0.378
supported
Not
H2div: Education x PR &> OCCE -0.001 0.018 0.029 | 0.977
supported
Not
H2dv: Education x PT > OCCE 0.016 0.031 0.445 | 0.657
supported
Not
H2dvi: Education x HM - OCCE 0.003 0.021 0.152 | 0.879
supported

Source: Primary Data

5.5.1 Results

** Significant at 5% level of significance

The results of the interaction moderation effect do not support the hypothesis “The education

of the consumer moderates the relationship between the selected antecedents and OCCE”.

The path coefficients indicating the impact of the selected and OCCE were found to be

statistically insignificant. Thus, it can be concluded that the education level of the consumers

does not moderate the relationship between antecedents and OCCE
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5.5.2 Discussion

Education does not significantly shape how customers experience omnichannel shopping in the
consumer electronics and home appliances industry. Instead, consistent service, information,
price, emotional engagement, and risk reduction universally matter. So, brands should prioritise
omnichannel consistency and emotional connection over demographic segmentation by

education level.

5.6 Summary

The chapter examined whether key demographic variables—gender, age, income, and
education—moderate the relationships between the six antecedents and omnichannel customer
experience in the technical consumer goods sector. Multi-group analysis in SmartPLS 4 was
used to examine the effects of gender, age, and income through pairwise group comparisons of
path coefficients, while education was examined through the interaction effect. The chapter
concludes that demographic influences on OCCE are selective rather than universal, with
meaningful heterogeneity across gender, age and income—but not education—highlighting the

need for nuanced, segment-specific omnichannel strategies.
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CHAPTER 6
IMPACT OF ANTECEDENTS OF

OMNICHANNEL CUSTOMER
EXPERIENCE ON THE DIMENSIONS
OF OMNICHANNEL CUSTOMER
EXPERIENCE

6.1 Introduction

For the purpose of this study, omnichannel customer experience has been defined and
operationalised in terms of five dimensions. This chapter outlines the analysis of objective 3,
which examines the relationship between the antecedents and each of the dimensions of

omnichannel customer experience and presents the results of the analysis.

This chapter discusses the impact of the antecedents of OCCE (hedonic motivation, integrated
information, integrated customer service, integrated product, pricing, and promotion, perceived
risk and perceived trust) on different dimensions of OCCE in the technical consumer goods
sector. In the study, OCCE is defined in terms of five different dimensions, namely integration,
personalisation, connectivity, flexibility, and consistency. The multiple regression approach is
applied where the different dimensions of OCCE are assumed as dependent variables and the

six different antecedents are considered as independent variables.

6.2 Correlation analysis

The correlation analysis is done to examine the relationship between the different constructs
included in the regression analysis. The six antecedents of OCCE (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing, and promotion,
perceived risk and perceived trust) and the five dimensions (integration, personalisation,

connectivity, flexibility, and consistency) of OCCE are included to examine the Pearson

Page | 97



CHAPTER 6 IMPACT OF ANTECEDANTS OF OCCE ON THE DIMENSIONS OF OCCE

Correlation. The result of the correlation analysis reported the presence of significant
correlation between the different constructs included in the analysis, except in the case of the
relationship between perceived risk and hedonic motivation. The p-value of the Pearson
correlation coefficient was found to be less than the 0.05 level of significance, except in the
case of the relationship between perceived risk and hedonic motivation. Thus, it can be
concluded that the antecedents of OCCE are significantly correlated with its dimensions. The
result (Table 6.1) also reported that none of the correlations were found to be higher than 0.8,

indicating the absence of a multicollinearity problem.

Page | 98



Table 6.1: Correlation analysis

ISNLY, PIAIIG

NS PIAIIIG

uonowo.ag

2 UL )INpo.ag pajeisddnu]

IIIAIIS JIW0ISN)) PIRISNU]

uonBULIOJUI PI)RIFIIUL

UONBA)OJA] JTUOPIH

Adud)sIsuo)
— * ~~
£ 3 2
HIqIXorg =
N
— * — * ~~
= S v S
A o S |8 <
JAI}IIUUO)) = 3
g S |12 3 2 3
uonesIeuosId g LS . S =
— : ok sk 5 s
= () D S o S NS
=) < S < S o S
uoneagauy S 2 w2 o2 e
N N N N
=
S -
~N Z >,
g g = > .
o— o= o= < =
e - o [<P]
[~ s [P = -
o0 2 = b= -
- St I
= ) =3 - =)
L) =% @) €3 @)

Page | 99




001 | 93eq

485" 485" 358" 408" A422™
Hedonic Motivation 1
(0.000) | (0.000) | (0.000) | (0.000) | (0.000)
Integrated 5767 61177 6277 | 6747 | 65977 | 4447 |
information (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000)
Integrated Customer 5707 5987 |.6777°(0. | 6657 | 68477 | 41177 6367 |
Service (0.000) | (0.000) 000) | (0.000) | (0.000) | (0.000) | (0.000)
Integrated Product, 5707 63577 70577 | 7027 | 7217 | 4787 718 | 717 |
Pricing & Promotion | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000)
Perceived Risk 1270 =205 -.384™ | -3017| -378" -008 | -277"| -289"| -397" |
(0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.831) | (0.000) | (0.000) | (0.000)
583" 574" 647 650" 652" 479" 646" 661" 6707 | -205™
Perceived Trust
(0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000) | (0.000)

Source: Primary Data
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6.3 Multiple Regression Analysis: Integration vs Antecedents

of OCCE

This section discusses the impact of the antecedents (hedonic motivation, integrated
information, integrated customer service, integrated product, pricing & promotion, perceived
risk and perceived trust) of omnichannel customer experience on integration as one of the
dimensions of omnichannel customer experience in the technical consumer goods sector. The
multiple regression approach is applied, assuming integration as the dependent variable, and
the six different antecedents are considered as independent variables. The following hypotheses

are examined with the help of regression analysis:

H3a: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
integration dimension of OCCE.

H3ai: IPPP has a significant impact on Integration.

H3aii: IINFO has a significant impact on Integration.

H3aiii: ICS has a significant impact on Integration.

H3aiv: PT has a significant impact on Integration.

H3av: PR has a significant impact on Integration.

H3avi: HM has a significant impact on Integration.

Table 6.2: Multiple regression analysis: Integration v/s antecedents of OCCE

No. | et Depeent | R | Stpmrt | st | st | ¢

(Constant) .190 250 761

H3ai IPPP 116 052 | 2.232%*

H3aii IINFO 206 045 | 4.557** .

H3aiii ICS Integration 210 047 | 4.435%* 102,898+ | 47%

H3aiv PT 204 046 | 4.445%*

H3av PR -.072 034 | -2.103**

H3avi HM 183 .034 | 5.392%*

Source: Primary Data ** Significant at 5% Level of Significance
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6.3.1 Results

The results of the multiple regression analysis supported the proposed hypothesis that “The
antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
integration dimension of OCCE”. The slope coefficient is found to be the highest in the case
of integrated customer service (0.210), followed by integrated information (0.206) and
perceived trust (0.204), which are found to have the maximum impact on the integration
dimension of OCCE. The F-statistic, which represents the goodness of fit of the regression
model, is found to be 102.898, significant at a 5 % level of significance. The R-squared of the
regression model is found to be 47%, which means the integration dimension of OCCE can be

explained by 47 % with the help of the regression model or the six antecedents of OCCE.

6.3.2 Discussion

Hedonic motivation emerged as a significant positive predictor of integration (B = 0.183, p <
0.001), suggesting that consumers who derive enjoyment and experiential pleasure from the
shopping process are more likely to perceive a seamless and cohesive channel experience. This
finding is consistent with prior literature that emphasises the role of emotional and experiential
elements in enhancing consumer engagement across multiple touchpoints (Verhoef et al., 2015;
Lemon & Verhoef, 2016). The provision of integrated information was also found to be a
significant driver of perceived integration ( = 0.206, p < 0.001). This supports earlier studies
that highlight the importance of consistency and real-time access to accurate information across
platforms as critical to fostering seamless customer journeys (Herhausen et al., 2015;
Piotrowicz & Cuthbertson, 2014). Integrated customer service demonstrated the highest
standardised coefficient among all predictors (f = 0.210, p < 0.001), indicating its paramount
importance in delivering a unified omnichannel experience. This aligns with extant research,
which underscores the value of consistent service delivery across channels in enhancing
customer trust and satisfaction (Shankar et al., 2021). The construct of integrated product,
pricing, and promotion also yielded a statistically significant relationship with integration (f =
0.116, p = 0.026), albeit with a lower coefficient compared to other variables. These findings
reinforce the proposition that uniformity in core retail elements across channels mitigates

consumer confusion and reinforces the perception of a cohesive brand experience (Melero et
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al., 2016). Perceived risk was negatively associated with integration (B = 0.072, p = 0.036),
indicating that lower levels of perceived risk enhance consumers’ perceptions of system
integration. This result is in line with previous work, which suggests that minimisation of risk
through secure, transparent, and consistent channel features supports the development of trust
in omnichannel environments (Frasquet & Miquel, 2017). Finally, perceived trust was found to
be a strong predictor of integration (B = 0.204, p < 0.001), affirming its critical role in shaping
consumer attitudes toward cross-channel coherence. This result corroborates prior studies that
emphasise the importance of trust in encouraging deeper engagement within integrated retail

ecosystems (Vannucci & Pantano, 2019).

6.3.3 Multiple Regression Analysis: Consistency vs Antecedents of OCCE

This section examines how the antecedents (hedonic motivation, integrated information,
integrated customer service, integrated product, pricing & promotion, perceived risk and
perceived trust) of omnichannel customer experience impact consistency, which is one of the
dimensions of omnichannel customer experience in the technical consumer goods sector. The
multiple regression approach is applied, assuming consistency as the dependent variable, and
the six different antecedents are considered as independent variables. The following hypotheses

are examined with the help of regression analysis:

H3b: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
consistency dimension of OCCE.

H3bi: IPPP has a significant impact on Consistency.

H3bii: I[INFO has a significant impact on Consistency.

H3biii: ICS has a significant impact on Consistency.

H3biv: PT has a significant impact on Consistency.

H3bv: PR has a significant impact on Consistency.

H3bvi: HM has a significant impact on Consistency.
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Table 6.3: Multiple regression analysis: Consistency vs Antecedents of OCCE

Indepen T- F-
Dependent | Regression | Standard
No. dent statistic | statistic R?
variable Coefficient | Error
Variable
(Constan
1.023 199 | 5.132%*
t)
H3bi IPPP 241 041 | 5.834%*
H3bii | IINFO 165 036 | 4.593**
Consistency 195.99** | 62.8%
H3biii ICS 236 038 | 6.272%*
H3biv PT 191 037 | 5.241%*
H3bv PR -.140 027 | -5.145%*
H3bvi HM 051 027 1.892

Source: Primary Data ** Significant at 5% Level of Significance
6.3.4 Results

The findings of the multiple regression analysis support the proposed hypothesis that “The
antecedents of OCCE in the technical consumer goods sector (integrated information,
integrated customer service, integrated product, pricing and promotion, perceived risk
and perceived trust) have a significant impact on the consistency dimension of OCCE”.
The slope coefficient is found to be highest in the case of integrated product, pricing, and
promotion (0.241), followed by integrated customer service (0.236) and perceived trust (0.191),
which are found to have the maximum impact on the consistency dimension of OCCE. The F-
statistic represents the goodness of fit of the regression model and is found to be 195.992,
significant at 5% level of significance. The R-squared of the regression model is found to be
62.8%, which means the consistency dimension of OCCE can be explained by 62.8% with the
help of the regression model or the five antecedents of OCCE.

6.3.5 Discussion

Among the predictors, integrated product, pricing, and promotion (f = 0.241, p < 0.001) and
integrated customer service (f = 0.236, p < 0.001) emerged as the most influential factors,

underscoring the criticality of uniform offerings and standardised service delivery across
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multiple channels. These findings are in alignment with the assertions of Lemon & Verhoef
(2016) and Piotrowicz & Cuthbertson (2014), who highlight the strategic role of integration in
fostering consistency and coherence in customer experiences. Integrated information (B =
0.165, p < 0.001) also significantly predicts consistency, emphasising that seamless access to
timely and accurate information contributes to a unified customer journey (Brynjolfsson et al.,
2013). Additionally, perceived trust (B = 0.191, p < 0.001) positively impacts consistency,
consistent with the findings of Yang et al. (2024), where trust is deemed essential in reinforcing
a cohesive omnichannel environment. Conversely, perceived risk exerts a significant negative
effect (B =-0.140, p <0.001), suggesting that uncertainties or inconsistencies—whether related
to data security, transactional reliability, or service outcomes—undermine the perception of a
consistent experience (Chatterjee et al., 2021). Interestingly, hedonic motivation is only
marginally significant (3 = 0.051, p = 0.059), indicating that while affective enjoyment may
enhance satisfaction, it does not necessarily translate into perceived consistency, as previously

noted by Verhoef et al. (2015).

6.4 Multiple Regression Analysis: Personalisation vs

Antecedents of OCCE

The following section analyses the impact of hedonic motivation, integrated information,
integrated customer service, integrated product, pricing & promotion, perceived risk and
perceived trust on personalisation as a dimension of omnichannel customer experience in the
technical consumer goods sector. The multiple regression approach is applied, assuming
personalisation as the dependent variable, and the six different antecedents are considered as
independent variables. The following hypotheses are examined with the help of regression

analysis:

H3c: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the
personalisation dimension of OCCE.

H3ci: IPPP has a significant impact on Personalisation.

H3cii: IINFO has a significant impact on Personalisation.

H3ciii: ICS has a significant impact on Personalisation.
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H3civ: PT has a significant impact on Personalisation.
H3cv: PR has a significant impact on Personalisation.

H3cvi: HM has a significant impact on Personalisation.

Table 6.4: Multiple Regression Analysis: Personalisation vs Antecedents of OCCE

Independ T- F-
Dependent | Regression | Standard
No. ent statistic | statistic | R?
variable | Coefficient | Error
Variable
(Constant) .824 229 | 3.599%*
H3ci IPPP 214 047 | 4.508**
H3cii I[INFO 208 041 | 5.026**
— Personalisa
H3ciii ICS ' 190 043 | 4.380%* | 119.39** | 50.7%
tion
H3civ PT 103 042 | 2.450%*
H3cv PR -.012 031 -0.374
H3cvi HM .164 031 | 5.274**

Source: Primary Data ** Significant at 5% Level of Significance
6.4.1 Results

Based on the results of the multiple regression analysis, the hypothesis “The antecedents of
OCCE in the technical consumer goods sector (hedonic motivation, integrated
information, integrated customer service, integrated product, pricing and promotion, and
perceived trust) have a significant impact on the personalisation dimension of OCCE” is
supported. The slope coefficient is found to be highest in the case of integrated product, pricing,
and promotion (0.214), followed by integrated information (0.208) and integrated customer
service (0.190), which are found to have the maximum impact on the personalisation dimension
of OCCE. The F-statistic representing the goodness of fit of the regression model is found to
be 119.392, significant at 5% level of significance. The R-squared of the regression model is
found to be 50.7%, which means the personalisation dimension of OCCE can be explained by

50.7% with the help of the regression model or the five antecedents of OCCE.

6.4.2 Discussion

Among the predictors, integrated product, pricing, and promotion (f = 0.214, p < 0.001) and

integrated information (f = 0.208, p < 0.001) exert the strongest influence, underscoring the
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central role of consistency and relevance in delivering personalised offerings. These results are
consistent with Hiibner et al. (2016) and Lemon & Verhoef (2016), who posit that a seamless
and coherent presentation of offerings across platforms enhances personal relevance and

tailored experiences.

Integrated customer service (B = 0.190, p < 0.001) also significantly contributes to
personalisation, reflecting the importance of responsive and individualised service interactions
in shaping consumer perceptions. Similarly, hedonic motivation (B = 0.164, p < 0.001)
significantly predicts personalisation, aligning with findings by Verhoef et al. (2015) that
emotional and experiential engagement is a key driver of personalised value in omnichannel

contexts.

Interestingly, perceived trust (B = 0.103, p = 0.015) also emerged as a significant but
comparatively moderate predictor, supporting prior studies (Yang et al., 2024) that associate

trust with greater openness to personalised content and recommendations.

In contrast, Perceived Risk (B = 0.012, p = 0.708) has no statistically significant effect on
personalisation. This suggests that while risk perceptions may influence consistency or
satisfaction, they do not necessarily deter consumers from perceiving or engaging with
personalised experiences—possibly due to the increasing normalisation of data-driven

interactions in digital environments (Chatterjee et al., 2021).

6.5 Multiple Regression Analysis: Connectivity vs
Antecedents of OCCE

This section discusses the impact of the antecedents (hedonic motivation, integrated
information, integrated customer service, integrated product, pricing & promotion, perceived
risk and perceived trust) of omnichannel customer experience on connectivity as one of the
dimensions of omnichannel customer experience in the technical consumer goods sector. The
multiple regression approach is applied, assuming connectivity as the dependent variable, and
the six different antecedents are considered as independent variables. The following hypotheses

are examined with the help of regression analysis:

H3d: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,

integrated information, integrated customer service, integrated product, pricing and
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promotion, perceived risk and perceived trust) have a significant impact on the

connectivity dimension of OCCE.
H3di: IPPP has a significant impact on Connectivity.

H3dii: IINFO has a significant impact on Connectivity.

H3diii: ICS has a significant impact on Connectivity.

H3div: PT has a significant impact on Connectivity.

H3dv: PR has a significant impact on Connectivity.

H3dvi: HM has a significant impact on Connectivity

Table 6.5: Multiple Regression Analysis: Connectivity vs Antecedents of OCCE

Independe T- F-
Dependent | Regression | Standard
No. nt statistic | statistic | R?
variable Coefficient Error
Variable
(Constant) 1.731 196 | 8.823**
H3di IPPP 241 041 | 5.931**
H3dii IINFO 117 035 | 3.298 **
H3diii ICS Connectivity 243 037 | 6.556** | 178.19*%* | 60.6%
H3div PT 224 036 | 6.217**
H3dv PR -.134 027 | -5.026**
H3dvi HM .023 .027 0.870

Source: Primary Data

6.5.1 Results

** Significant at 5% Level of Significance

The proposed hypothesis that “The antecedents of OCCE in the technical consumer goods

sector (integrated information, integrated customer service, integrated product, pricing

and promotion, perceived risk and perceived trust) have a significant impact on the

connectivity dimension of OCCE” is supported by the multiple regression analysis. The slope

coefficient is found to be highest in the case of integrated customer service (6.556), followed

by perceived trust (6.217) and integrated product, pricing, and promotion (5.931), which are

found to have the maximum impact on the connectivity dimension of OCCE. The F-statistic,

which represents the goodness of fit of the regression model, is found to be 178.196, significant

at 5% level of significance. The R-squared of the regression model is found to be 60.6%, which
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means the connectivity dimension of OCCE can be explained by 60.6% with the help of the

regression model or the five antecedents of OCCE.

6.5.2 Discussion

Integrated customer service (B = 0.243, p < 0.001) and integrated product, pricing, and
promotion (f = 0.241, p < 0.001) have the strongest impact on connectivity. These findings
support prior literature (Herhausen et al., 2015; Lemon & Verhoef, 2016), which emphasises
that seamless interactions and unified offerings across channels enhance a consumer’s sense of

connectedness within the omnichannel environment.

Perceived trust (B = 0.224, p < 0.001) also plays a pivotal role, affirming that trust is
fundamental in fostering consumers’ confidence in interacting across digital and physical
touchpoints (Yang et al., 2024). Meanwhile, integrated information (f = 0.117, p = 0.001)
significantly contributes to connectivity by ensuring that consumers receive coherent and

synchronised information, aligning with Brynjolfsson et al. (2013).

On the contrary, perceived risk (f = -0.134, p < 0.001) exerts a negative influence, indicating
that when consumers perceive greater uncertainty or data vulnerability, their sense of seamless
connection across channels diminishes. This aligns with the findings of (Chatterjee et al., 2021),
who argue that perceived risks disrupt continuity and inhibit deeper engagement in omnichannel

platforms.

Interestingly, hedonic motivation (B = -0.023, p = 0.385) is not a significant predictor of
connectivity. This suggests that while emotional or experiential enjoyment may enhance other
aspects of OCCE (personalisation), it does not significantly influence how connected

consumers feel across integrated platforms.

6.6 Multiple Regression Analysis: Flexibility vs Antecedents
of OCCE

This section discusses the impact of the antecedents (hedonic motivation, integrated
information, integrated customer service, integrated product, pricing & promotion, perceived
risk and perceived trust) of omnichannel customer experience on flexibility as one of the
dimensions of omnichannel customer experience in the technical consumer goods sector. The

multiple regression approach is applied, assuming flexibility as the dependent variable, and the
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six different antecedents are considered as independent variables. The following hypotheses are

examined with the help of regression analysis:

H3e: The antecedents of OCCE in the technical consumer goods sector (hedonic motivation,
integrated information, integrated customer service, integrated product, pricing and
promotion, perceived risk and perceived trust) have a significant impact on the flexibility
dimension of OCCE.

H3ei: IPPP has a significant impact on Flexibility.

H3eii: IINFO has a significant impact on Flexibility.

H3eiii: ICS has a significant impact on Flexibility.

H3eiv: PT has a significant impact on Flexibility.

H3ev: PR has a significant impact on Flexibility.

H3evi: HM has a significant impact on Flexibility.

Table 6.6: Multiple Regression Analysis: Flexibility vs Antecedents of OCCE

No. | Independent | Dependent | Regression | Standard T- F- R?
Variable variable Coefficient | Error statistic | statist
ic
(Constant) .810 209 | 3.878%**
H3ei IPPP 240 043 | 5.547**
H3eii I[INFO 238 038 | 6.313**
H3eiii ICS Flexibility 214 040 | 5.413%* 1758££ 60%
H3eiv PT 201 038 | 5.238**
H3ev PR -.048 .028 -1.672
H3evi HM 017 .028 .590

Source: Primary Data ** Significant at 5% Level of Significance
6.6.1 Results

The results of the multiple regression analysis confirm the hypothesis that “The antecedents
of OCCE in the technical consumer goods sector (integrated information, integrated
customer service, integrated pricing, product and promotion, and perceived trust) have a
significant impact on the flexibility dimension of OCCE”. The slope coefficient is found to
be highest in the case of integrated information (6.313), followed by integrated product, pricing,

and promotion (5.547), and integrated customer service (5.413), which are found to have the
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maximum impact on the flexibility dimension of OCCE. The F-statistic, which represents the
goodness of fit of the regression model, is found to be 175.058, significant at 5% level of
significance. The R-squared of the regression model is found to be 60.1%, which means the
flexibility dimension of OCCE can be explained by 60.1 % with the help of the regression
model or the four antecedents of OCCE.

6.6.2 Discussion

Key findings highlight integrated information (B = 0.238, p < 0.001), integrated product,
pricing, and promotion ( = 0.240, p < 0.001), and integrated customer service (p =0.214, p <
0.001) as the most influential factors driving perceived flexibility. These results align with
previous literature (Hiibner et al., 2016; Lemon & Verhoef, 2016) that emphasise how seamless
integration across service elements empowers customers with choice and adaptability in their
channel interactions. Furthermore, perceived trust (3 = 0.201, p < 0.001) significantly
contributes to flexibility. Trust reduces consumer anxiety and increases their confidence in
navigating multiple platforms, thereby enhancing their perceived ability to choose and switch
between channels based on convenience (Yang et al., 2024). While perceived risk has a negative
coefficient (B = -0.048), its effect is not statistically significant (p = 0.095). This suggests that
although perceived risk may potentially deter flexibility by creating hesitation or uncertainty,
its impact is not pronounced in this model—possibly due to increasing consumer familiarity
with digital ecosystems. Interestingly, hedonic motivation (f = 0.017, p = 0.555) does not have
a significant influence on flexibility. This implies that the enjoyment or pleasure derived from
the omnichannel experience is not a primary driver of perceived flexibility, echoing insights
from Verhoef et al. (2015) that functional factors often outweigh affective elements in shaping

utilitarian dimensions such as flexibility.

6.7 Summary

The analysis of Objective 3 examined how the six antecedents—hedonic motivation, integrated
information, integrated customer service, integrated product, pricing and promotion, perceived
risk, and perceived trust—shape each of the five dimensions of omnichannel customer
experience: integration, consistency, personalisation, connectivity and flexibility. Correlation
analysis revealed that all antecedents are significantly related to each OCCE dimension, with

no concerns regarding multicollinearity. Multiple regression results indicate that integrated

Page | 111



CHAPTER 6 IMPACT OF ANTECEDANTS OF OCCE ON THE DIMENSIONS OF OCCE

customer service, integrated information, integrated product, pricing and promotion and
perceived trust consistently emerge as the strongest positive drivers across all five dimensions.
Hedonic motivation significantly enhances integration and personalisation but is less important
for more functional dimensions such as consistency, connectivity and flexibility. Perceived risk
tends to weaken perceptions of integration, consistency and connectivity, while exerting limited
or non-significant influence on personalisation and flexibility. Across the models, explained
variance ranges from about 47% to over 60%, indicating robust explanatory power of the
antecedent set for each OCCE dimension. Overall, the findings underscore that seamless
information, aligned offers, coherent service delivery and trust are central levers for

strengthening all facets of omnichannel experience in the technical consumer goods sector.
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CHAPTER 7
OUTCOMES OF OMNICHANNEL

CUSTOMER EXPERIENCE

7.1 Introduction

An empirical assessment of Objectives 4 and 5 is presented in this chapter by analysing the
effect of omnichannel customer experience on key outcomes, including customer satisfaction,
repurchase intention, and word-of-mouth intention, and further test the mediating effect of
customer satisfaction between omnichannel customer experience and the behavioural outcomes

and provides the results of the analysis.

Omnichannel customer experience is hypothesised to influence customer satisfaction, which
further leads to customer responses in terms of repurchase intention and word-of-mouth
intention. Further, the level of satisfaction of the customers is assumed to play a mediating role
between the omnichannel customer experience and repurchase intention and omnichannel
customer experience and word-of-mouth intention in the technical consumer goods sector. It is
expected that omnichannel customer experience leads to repurchase intention and word-of-
mouth intention via their satisfaction in the technical consumer goods sector. In the structural
model, customer satisfaction is assumed to be a mediating construct, whereas the OCCE of the
customers is assumed to be an independent construct and repurchase intention and word-of-
mouth intention are assumed to be endogenous constructs. The mediating effect of customer
satisfaction between OCCE and RPI and OCCE and WOM is examined with the help of the
process suggested by Baron and Kenny (1986) along with the bootstrap method.

7.2 Outcomes of Omnichannel Customer Experience

The structural model (Figure 7.1) is examined with the help of Structural equation modelling
using the SmartPLS 4 software. The following hypotheses are framed and tested using SEM

analysis.

H4a: OCCE significantly influences CS.
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HA4b: CS significantly influences the RPI of the customers.

H4c: CS significantly influences the WOM of the customers.

Figure 7.1: Relationship between OCCE, CS, RPI and WOM
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Table 7.1: Relationship between OCCE, CS, RPI and WOM
No. Exogeneous Endogenous Path T- R? Conclusion
Constructs Construct Coeff. | statistic
1 0
H4a Omnichannel Cqstomgr 0.684 | 32.442%% 46.8% | Supported
Customer Satisfaction
Experience
H4b Customer Repurchase
Satisfaction Intention 0.702 | 38.137** | 49.2% | Supported
H4c Customer Word of Mouth
Satisfaction Intention 0.527 | 18.236** | 27.7% | Supported

Source: Primary Data

** Significant at 5% Level of Significance
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7.2.1 Results

The findings from the SEM analysis confirmed the hypothesis that “Omnichannel customer
experience significantly influences customer satisfaction” (path coefficient =0.684, t-
statistic = 32.442). The path coefficient indicating the impact of OCCE on CS is found to be
positive and statistically significant. Thus, it can be concluded that omnichannel customer
experience positively influences customer satisfaction. Similarly, the hypothesis that
“Customer satisfaction significantly influences the repurchase intention of the customers”
(path coefficient =0.702, t-statistic = 38.137) was confirmed with the SEM analysis. The path
coefficient indicating the impact of customer satisfaction on the repurchase intention is found
to be positive and statistically significant. Thus, it can be concluded that high customer
satisfaction motivates them to repurchase the products in omni-channel frameworks.
Additionally, the findings of the SEM analysis provide support for the hypothesis “Customer
satisfaction significantly influences the word-of-mouth intention of the customers” (path
coefficient =0.527, t-statistic = 18.236). The path coefficient indicating the impact of customer
satisfaction on word-of-mouth intention is found to be positive and statistically significant.
Thus, it can be concluded that high customer satisfaction leads to positive word-of-mouth

intentions of the customer in omnichannel frameworks.

7.2.2 Discussion

Recent studies strongly support the positive link between omnichannel customer experience
and customer satisfaction. In a Thai fashion retail context, Khalid (2024) finds a significant
correlation between seamless omnichannel shopping and higher customer satisfaction. Key
omnichannel features — such as integrated promotions, consistent customer service across
channels, and unified transactions — all enhance the overall experience, leading consumers to
feel more satisfied. This aligns with Lazaris et al. (2021), who showed that increasing the level
of channel integration (online—offline blending) positively influences customer satisfaction. In
their experiments, moving from low to high integration created a smoother, more “flow-like”
shopping journey, translating into greater satisfaction. Recent work by Gupta et al. (2023) even
argues that “merely satisfying the customers is not enough; delighting them by offering unified
experiences across channels is crucial”, since omnichannel customer delight significantly

boosts satisfaction and downstream loyalty outcomes.
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In the omnichannel retail domain, satisfaction remains a strong predictor of repeat purchase
intentions. Rahman et al. (2025) demonstrate that improvements at various stages of the
omnichannel journey (e.g. faster delivery, consistent product information, responsive support)
significantly increase customers’ repurchase intentions. In their two-country study, higher
omnichannel experience quality led to greater satisfaction, which directly translated into higher
intention to repurchase from the retailer. This aligns closely with H4b (path coefticient =0.702),
indicating a robust effect. Cotarelo et al. (2021) found that higher omnichannel intensity and
improved satisfaction directly bolstered loyalty intentions (i.e. repeat purchase and retention).
Lazaris et al. (2021) similarly observed that customers experiencing a highly integrated channel
environment were more likely to remain loyal to the retailer, partially due to greater satisfaction.
Additionally, relationship length has also been found to moderate the satisfaction-repurchase
link. Rahman et al. (2025) note that in early customer—firm relationships, the effect of an
improved experience (and resulting satisfaction) on repurchase may be non-linear — new
customers are still forming opinions — but as the relationship matures, satisfaction’s impact on
repurchase stabilises and remains strongly positive. Despite such nuances, greater customer

satisfaction leads to higher repurchase intention in omnichannel settings and beyond.

Recent literature also upholds the positive link between satisfaction and word-of-mouth
(WOM) intention. Satisfied customers are far more inclined to share positive experiences and
recommend the retailer — a relationship confirmed across industries (Hennig-Thurau et al.,
2004). Empirical studies observed that an increase in satisfaction led directly to increased
referrals (positive WOM), whereas improving service quality or trust only boosted WOM
indirectly by first raising satisfaction (Cronin et al., 2000). Even in highly technical product
categories, satisfied consumers voluntarily become ambassadors. Indian electronics shoppers
often rely on peer reviews and recommendations. However, literature has evidence that
exceptional satisfaction (delight) may be needed to spur active WOM in some cases — average
satisfaction might make customers happy, but not vocal (Oliver, 1980). This is why Gupta et
al. (2023) stress “delighting” omnichannel customers: delight (extreme satisfaction) creates

enthusiastic promoters, further amplifying WOM effects.

For the technical consumer goods market in India, which is becoming increasingly omnichannel
by necessity (with consumers often researching online and buying offline or vice versa),
investing in a seamless omnichannel customer experience is important to cultivate satisfaction.

High satisfaction will directly yield loyalty in the form of repurchases and will multiply the
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customer base through positive word-of-mouth. This sector-level insight is supported by both
global and Indian research in the past five years, lending managers confidence that improving
omnichannel integration and service quality across touchpoints is not just operationally

beneficial but also key to winning customer loyalty and advocacy in the digital age.

7.3 Mediating effect of CS between OCCE and RPI and
OCCE and WOM

The following hypotheses are tested with the help of Bootstrap method for mediation in
SmartPLS 4.

H5a: CS mediates the relationship between OCCE and RPI in the technical consumer goods
sector.
H5b: CS mediates the relationship between OCCE and WOM in the technical consumer goods

sector.

Figure 7.2: Mediating effect of CS between OCCE and RPI
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Table 7.2: Mediating effect of CS between OCCE and RPI

Type of effect Path Remark
Relationship Coeff T stat

Total effect of OCCE on RPI Significant
OCCE = RPI 0.616 | 23.347** | total effect

Indirect effect of OCCE on Significant

RPI via CS indirect
OCCE=> CS = RPI 0.362 | 12.884** | effect

Direct effect of OCCE on RPI Significant
OCCE = RPI 0.252 | 6.232** | direct effect

Conclusion Significant partial effect of CS is found between OCCE and
RPI

Source: Primary Data  ** Significant at 5% Level of Significance

Figure 7.3: Mediating effect of CS between OCCE and WOM
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Table 7.3: Mediating effect of CS between OCCE and WOM

Path
Type of effect Relationship T stat Remark
Coeff
Total effect of OCCE on Significant
OCCE - WOM 0.701 | 34.496**
WOM total effect
Significant
Indirect effect of OCCE
OCCE=> CS > WOM 0.057 | 2.124** | indirect
on WOM via CS
effect
Direct effect of OCCE Significant
OCCE » WOM 0.644 | 20.187**
on WOM direct effect
Significant partial effect of CS is found between OCCE and
Conclusion
WOM
Source: Primary Data ** Significant at 5% Level of Significance

7.3.1 Results

The result of the mediation analysis supported the hypothesis that “CS mediates the
relationship between OCCE and RPI in the technical consumer goods sector”. The total
effect of OCCE of the customers on customer repurchase intention is found to be positive (path
coefficient=0.616, t-statistic = 23.347**) and also significant at 5% level of significance.
Further, the indirect effect of OCCE on customer repurchase intention via customer satisfaction
is also found positive (path coefficient=0.361, t-statistic=12.884**) and also statistically
significant. Finally, the direct effect of OCCE on customer repurchase intention in the presence
of the mediator i.e. customer satisfaction is further found positive and statistically significant
(path coefficient=0.252, t-statistic=6.232). The fact that the direct path remains significant even
after accounting for customer satisfaction indicates partial mediation — OCCE influences
repurchase intentions both directly and via its impact on satisfaction. In other words, a superior
omni-channel experience directly encourages repeat purchase, and it boosts customer
satisfaction which in turn increases repurchase intention. If customer satisfaction fully mediated
the relationship, the direct effect would drop to near zero and become non-significant. Instead,
customer satisfaction explains a substantial portion of the OCCE -- RPI effect (0.362 out of
0.614), but not all of it.
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The hypothesis that “CS mediates the relationship between OCCE and WOM in the
technical consumer goods sector” is supported by the results of the mediation analysis. The
given statistics indicate a partial mediation effect of customer satisfaction (CS) in the
relationship between omnichannel customer experience (OCCE) and word-of-mouth intention
(WOMI). Specifically, the total effect of OCCE on WOMI is very strong (B = 0.701, £ = 34.496,
p < 0.001), and this overall influence can be decomposed into a direct effect (B = 0.644, ¢ =
20.187, p <0.001) and a mediated indirect effect through customer satisfaction (f = 0.057, ¢ =
2.124, p = 0.034). Because the direct path remains significant and substantial even after
accounting for CS, we conclude that CS only partially carries the impact of omnichannel
experience on WOM intentions. In other words, a positive omni-channel experience not only
boosts customer satisfaction (which in turn encourages WOM intent) but also has an
independent direct influence on whether customers will recommend the retailer or brand. This
pattern — significant direct and indirect paths — is the hallmark of partial mediation. Had
customer satisfaction fully mediated the relationship, we would expect the direct OCCE —
WOMI effect to drop to near zero and become non-significant once satisfaction is included in
the model. Here, however, both pathways are active, indicating that satisfaction explains some
(but not all) of the influence of omni-channel experience on WOM intentions. To put the
magnitudes in context, the indirect effect (0.057) is relatively small compared to the total effect
(0.701). This suggests that only around 8% of the impact of OCCE on WOMI is transmitted via
increased satisfaction, while the remaining 92% is direct. Practically, this means that a great
omnichannel experience does more than just make customers satisfied — it also directly
motivates them to spread positive word-of-mouth, perhaps due to factors like excitement about
seamless service or the novelty of an integrated shopping journey. Meanwhile, customer
satisfaction still plays a statistically significant role as a mediator, reinforcing that happier
customers are indeed more likely to recommend. This partial mediation result aligns with the
view that satisfaction is one of several pathways through which omni-channel experiences

translate into customer advocacy.

7.3.2 Discussion

In line with the above results, Gao & Fan (2021) examined omnichannel experience consistency
(alignment of online and offline experiences) and found that consistent cross-channel

experiences significantly improve customer satisfaction, which then raises repurchase
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intentions. In their study, satisfaction carried a significant indirect effect of experience
consistency on repurchase, yet a direct effect of the omnichannel experience on repurchase
intention remained significant as well. They concluded that customer satisfaction partially
mediates the impact of omnichannel experience on loyalty outcomes, rather than completely
mediating it. This aligns with the findings of this study, i.e., even when shoppers are satisfied,
the omnichannel experience itself still exerts a direct influence on their intent to repurchase
through convenience, technology novelty, or brand impression that goes beyond satisfaction.
By contrast, some research (Rose et al., 2012) suggests scenarios closer to full mediation, where
the effect of omnichannel experience on repurchase intention is fully channelled through an
evaluative outcome like satisfaction (i.e. the direct effect vanishes when the mediator is
included). In such cases, a seamless and pleasant omnichannel journey boosts customer
satisfaction so substantially that satisfaction alone accounts for all loyalty gains, leaving no
extra direct influence of the experience. Zhang et al. (2024) emphasise that a key factor in
developing customer loyalty is the customer’s level of satisfaction with the entire shopping
experience provided by omnichannel retailers. Their study showed that various omnichannel
attributes (such as personalisation and channel connectivity) impact loyalty by enhancing the
hedonic and utilitarian aspects of the customer’s experience. Once those experiential
satisfaction factors are in place, they fully drive repeat purchase intentions. In such models,
after accounting for satisfaction (or closely related constructs like perceived value or overall
experience quality), the direct path from omnichannel experience to loyalty becomes non-
significant, implying full mediation. This outcome is more likely when the measured
omnichannel experience is broad and overlaps with satisfaction (e.g. overall service quality or
value assessments). If customers only remain loyal because they are satisfied — and the direct
influence of experience is negligible — it can be inferred that satisfaction fully mediates the

relationship.

Orus et al. (2019) found that when electronics consumers read positive online recommendations
(reviews) and then engage in webrooming, it enhances their in-store shopping experience and
overall satisfaction, thereby boosting their likelihood to purchase. In their Spanish study, the
omnichannel webrooming experience — combining digital and physical touchpoints — was
directly linked to higher satisfaction and indirectly to higher purchase intentions. Notably, they
observed that webrooming customers felt more confident and were more satisfied with their

purchase journey than pure showrooming customers. This implies that a well-integrated
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omnichannel approach in the technical consumer goods sector elevates customer satisfaction,
which in turn drives repurchases. Yet, the direct impact of a great omnichannel experience
should not be understated: features like real-time inventory visibility, personalised cross-
channel offers, or an immersive store demonstration can directly encourage repeat patronage

by building customer trust and engagement, even apart from the satisfaction gained.

Overall, recent literature agrees that customer satisfaction is a crucial mediator between
omnichannel experience and repurchase intentions in retail, including the technical consumer
goods sector. A positive, seamless omnichannel experience tends to make customers more
satisfied, which strongly increases their likelihood of repeat purchasing. This partial mediation
suggests that factors such as trust, convenience, and habit formed via omnichannel engagement

also play a role in repurchase decisions alongside satisfaction.

Additionally, omnichannel service quality or experience improvements lead to higher customer
satisfaction and, consequently, greater WOM propensity. Gao et al. (2021) examined
omnichannel experience consistency (alignment of online and offline experiences) and found
that it improved both customer satisfaction and WOM outcomes. In their mediation tests,
customer satisfaction significantly mediated the effect of experience consistency on WOM, but
did not eliminate the direct effect, indicating a partial mediation. In that study, even after
accounting for satisfaction, a consistent omnichannel experience continued to have its own
positive impact on customers’ willingness to spread WOM, leading them to conclude that
satisfaction only partially transmits the influence of the omnichannel experience. Therefore,
OCCE retains a significant direct influence on WOM, in addition to its mediated effect.
Notably, recent research (Serra-Cantallops et al., 2018) in omnichannel marketing also
highlights why a direct effect might persist. Rahman et al. (2025) found that a superior
omnichannel customer experience directly increased customers’ “indirect engagement”
intentions, such as referral and influence intentions (i.e. willingness to give feedback and
recommend the retailer to others). This suggests that an enjoyable, seamless omnichannel
journey can directly inspire customers to engage in positive WOM, especially for consumers

who appreciate innovative, convenient shopping approaches.

For technical consumer goods retailers, customer satisfaction is a key but not exclusive driver
of WOM intention. A superior omnichannel experience in this sector may directly encourage

WOM even if the customer’s satisfaction is only moderately improved. This could be because
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tech-savvy consumers value the omnichannel features themselves (real-time inventory
visibility, online-to-store pickup, seamless warranty service) and might speak positively about
those features to peers. Indeed, research highlights that omnichannel strategies in electronics
retail (e.g. integrating online product information with in-store assistance) reduce friction and
increase customer satisfaction and trust, which ultimately leads to stronger loyalty and more

WOM referrals.

7.4 Summary

This chapter addresses Objectives 4 and 5 by examining how omnichannel customer experience
(OCCE) shapes key outcomes—customer satisfaction (CS), repurchase intention (RPI), and
word-of-mouth intention (WOM)—and by testing the mediating role of CS. The structural
model estimated via SmartPLS 4 shows that OCCE has a strong, positive, and significant effect
on CS, indicating that more seamless and integrated omnichannel journeys substantially
enhance satisfaction. In turn, CS exerts a powerful positive influence on repurchase intention
and a moderately strong effect on WOM intention, confirming satisfaction as a central driver
of loyalty behaviours in the technical consumer goods sector. Mediation analyses using the
Baron and Kenny approach and bootstrapping reveal significant partial mediation of CS
between OCCE and RPI and OCCE and WOM. These results suggest that while improving
satisfaction is crucial, OCCE also directly motivates repeat patronage and advocacy through
features such as convenience, integration, and technological novelty. Overall, the chapter
concludes that delivering a superior omnichannel experience is fundamental for building
satisfaction, repurchase intentions, and positive WOM, with satisfaction acting as a key—but
not exclusive—mechanism through which OCCE translates into customer loyalty and

advocacy.
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CHAPTER 8
DEVELOPMENT OF OMNICHANNEL

CUSTOMER EXPERIENCE INDEX

8.1 Introduction

The study aims to develop an omnichannel customer experience index to measure customers'
experiences within omnichannel frameworks in the technical consumer goods sector. This
chapter presents a detailed analysis of Objective 6, which aims to develop the OCCE Index

based on inputs received from practitioners in the technical consumer goods sector.

This objective attempted to develop an OCCE index by prioritising the five key dimensions of
OCCE suggested by Shi et al. (2020) - Integration, Personalisation, Connectivity, Consistency,
and Flexibility — in retail frameworks in the technical consumer goods sector with the help of
the Analytical Hierarchy Process (AHP). AHP employs a multi-criteria decision-making
technique suggested by Saaty (1987), which helps prioritise criteria based on expert pairwise
comparisons. It decomposes complex decision problems into hierarchical structures by
quantifying the intuitions of marketing professionals. The outcome of AHP was a ranking of

the five OCCE dimensions with associated weights indicating their relative importance.

8.2 Methodology

8.2.1 Steps in the development of AHP

1) The AHP exercise begins with defining the objective, which in the case of this study is to
prioritise the dimensions of OCCE for delivering a superior customer experience in the

technical consumer goods sector.

2) Next, a dual-level hierarchy is developed to decompose the objective into dimensions
(criteria) and sub-dimensions (sub-criteria), and relationships are drawn between the two. A
total of 23 sub-dimensions were identified to define each of the 5 dimensions. Table 8.1 lists

the dimensions of OCCE with their respective sub-dimensions.
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3) After defining the hierarchy, a pairwise comparison questionnaire was designed to collect
expert opinions on the relative importance of the sub-dimensions using the scale developed
by Saaty (1977). The experts were asked to compare two sub-dimensions and indicate which
sub-dimension is more important than the other using a rating scale where 1 = equally
important, 3 = moderately more important, 5 = strongly more important, 7 = very strongly
more important, and 9 = absolutely important. The intermediate values (2, 4, 6, 8) could be
chosen for comparisons that fell between the main scale points. Through the approach of
pairwise comparisons, the AHP questionnaire captures the nuanced preferences of experts

across all dimensions in a consistent manner.

4) The pairwise comparison data were collected from 29 senior practitioners in India’s technical
consumer goods sector, having more than 5 years of experience. These respondents were
selected based on their expertise and experience in omnichannel retailing and customer
experience management. The search for industry experts meeting the study-specific criteria
was undertaken through personal networks and social media websites such as LinkedIn and
Rocket Reach. A total of 50 industry professionals were identified, and these experts were
requested to participate in the survey. However, only 29 consented to do so. The 29 experts
held positions such as ‘General Manager’, ‘Department Manager’, ‘Digital Transformation
Manager’, ‘Store Manager’, ‘Product Manager’, ‘Head of Operations - Digital and Omni
Business’, ‘Chief Manager-Customer Service Operations’, ‘Marketing Manager’,
‘Consumer Insights Manager’, ‘Retail Manager’, ‘Customer Relationship Manager’,
‘Service Manager’, ‘Operations Manager’, ‘Service Delivery Manager’, ‘Distribution
Manager’, ‘Product Marketing Manager’, ‘Sales Manager’ and ‘Senior Brand Marketing
Manager’ across various brands in the technical consumer goods sector in India. A structured
AHP questionnaire was administered to each executive. The survey was conducted through

a combination of online forms and follow-up interviews to clarify any questions.

5) Subsequently, the responses of the 29 experts were aggregated using the geometric mean
method (Annexure III, Table 1). Specifically for each pair of sub-dimensions, the 29
comparison values were multiplied together, and then the 29'" root (the geometric mean) was

taken, producing a single value for the pair.
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8.2.2 Calculation of Priority Weights, Consistency Index (CI), Consistency
Ratio (CR)

The AHP matrix used in the survey consists of two triangular matrices, namely the upper and
lower triangular matrix, where the upper triangular matrix consists of input responses from the
selected experts after pairwise comparison of the cells. The main diagonal of the AHP matrix
is filled with 1, indicating that the same items of the included sub-dimensions of OCCE are
equally important. The values in the lower triangular AHP matrix indicate the reciprocals of

the respective average input score in the upper triangular matrix.

Once the pairwise comparison matrix is completed, the priority weights are calculated. This is
done by totalling each column of the matrix, followed by dividing each entry in the matrix by
the total of its respective column. This process creates a new matrix called the normalised

matrix, where the values in each column total to 1.

In the normalised matrix (Annexure IlI, Table 2), the values in each row are averaged. These
row averages form the priority vector, which is a set of values that represent the relative
importance of each sub-dimension being compared. The priority vector is also referred to as the
normalised principal eigenvector, and the sum of its values will always equal 1. These values
provide a clear picture of how much weight or priority each sub-dimension holds relative to the

others.

Ensuring consistency in responses is crucial because inconsistent judgments can lead to
unreliable outcomes and poor decision-making (Ho, 2008). The principal eigenvalue (Amax)
assesses how consistent the comparisons are and is computed by taking the sum of the products
between each priority vector and the corresponding total from the original pairwise matrix. The
principal eigenvalue should be ideally close to n (number of comparisons). Human judgments
are not always perfectly consistent, and hence it is important to measure how far they deviate

using the Consistency Index (CI). The CI is calculated as:

Cl=(Amax-n)/(n-1)

The Consistency Ratio (CR) tells us how consistent the judgments are by comparing the CI
with a standard value called the Random Index (RI) (Saaty, 1987), which reflects the
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consistency level expected from randomly filled matrices of the same size. The CR is calculated

as:
CR=CI/RI

In this study, the principal eigenvalue (Amix) Was computed as 26.436 for a 23x23 pairwise
comparison matrix, which yielded a Consistency Index (CI) of 0.156 and a Consistency Ratio
(CR) of 0.086, based on a Random Index (RI) of 1.81. Since the CR is below the threshold of
0.10, the pairwise comparisons are considered to be acceptably consistent, validating the
reliability of the derived priority weights. If the CR exceeds this threshold, it suggests that the
comparisons may be too inconsistent, requiring review of the opinions given by the decision-

makers.

8.2.3 Aggregating Local and Global Weights

The final step involved combining the priority vectors (local weights) for each sub-dimension
to meaningfully understand its overall (global) importance (Table 8.1). Local weights refer to
the relative importance of each sub-dimension within its own category, obtained from the
pairwise comparisons using the eigenvector method (Hefnawy & Mohammed, 2014). Global
weights explain the importance of each sub-dimension while comparing all the sub-dimensions
in relation to the parent dimension weight (Hefnawy & Mohammed, 2014). This is done by
multiplying each sub-dimension's local weight by the weight of its main dimension. The global
weights are then used to rank the sub-dimensions across the entire framework. The sub-
dimension with the highest global weight is considered the most influential in shaping the

OCCE.

Table 8.1: Global and Local weights of the dimensions/sub-dimensions

Main Ranks of sub-
Local Dimensi | Global dimensions
Dimensions Sub-dimensions Weights on - Weights based on
(LW) Local (GW) global
Weights weights
Integrated interactions 0.86% 0.04% 22nd
Integrated product
Integration gratecp 127% | 483% | 0.06% 218
descriptions
Simultaneous product
U ancous procu 0.79% 0.04% 231
launches
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Figure 8.1: Main Dimension Weights
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8.2.4 Results and Discussion

The result (Table 8.1) found that the most influential dimension of OCCE in the technical
consumer goods sector is connectivity, with a local weight of 36.38%. Connectivity creates
positive customer experiences in omnichannel environments when brands/retailers are well-
connected across multiple channels. Within this dimension, interconnected interactions (LW -
8.62%; GW - 3.14%) emerged as the most critical sub-dimension, indicating that customers
expect their interactions with the staff across channels to be integrated. This is important,
especially in the technical consumer goods sector, as customers may register after-sales service
requests through the website, and service personnel from the nearby store may be expected to
attend to the request and be fully aware of the nature of the service request. Connected member
accounts (LW - 8.27%; GW - 3.01%) emerged as the next most critical sub-dimension,
indicating that customers expect their interactions to be integrated irrespective of the channel
of interaction. These interactions can be connected using a customer’s email ID or mobile
number. Customers also expect their past interactions, including searches/inquiries and
purchases, to be recorded and used in future dealings with them. Other notable elements within
the connectivity dimension included synchronised content across channels (6.42%; 2.34%),
Product information across channels (5.60%; 2.04%), Offline inventory via online channels
(3.83%; 1.39%), and Inventory status across channels (3.64%; 1.32%). In the case of technical
consumer goods, considered high-involvement goods, many customers aim to conduct a
thorough search before finalising a specific brand and variant, leading to channel-hopping. If
there is high connectivity across channels, it eases the customers’ decision-making process and

enhances their experiences.

The second most important dimension was consistency, with a local weight of 25.44%,
indicating that uniformity in product quality, product descriptions and specifications, prices,
logos, service, and applicable warranties across channels is crucial. Inconsistency in
information across channels may lead to confusion in customers' minds, and they may
sometimes opt for an alternative brand or postpone their purchase decisions. Customers expect
to have a unified view of the brand, and consistency plays a crucial role in maintaining a
singular perception of the brand, regardless of the channel of search and purchase. Within the
consistency dimension, consistent service (9.91%; 2.52%) emerged as the most important sub-
dimension wherein customers expect to receive consistent service across channels, which

creates a sense of trust in the brand and leads to long-term loyalty. This was followed by
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consistent product quality (9.09%; 2.31%), affirming that customers expect the quality of
products to be consistent, regardless of the purchase channel. The remaining sub-dimensions
were consistent information (5.61%; 1.43%) and consistent trademarks/brand names/slogans

(0.83%; 0.21%).

Flexibility ranked third, with a local weight of 23.81%, suggesting that customers appreciate
having choices in how they interact with brands. Within the flexibility dimension, after-sales
service across channels emerged as a dominant sub-dimension (10.22%; 2.43%), reflecting that
customers want the option of creating service requests on their preferred channel, either online
or offline. Online/offline orders (5.09%; 1.21%), emerged second, indicating that customers
desire the possibility of placing orders online and having them immediately picked up from the
store/home delivered. The other sub-dimensions in the order of importance were flexible
payment/pickup options (3.92%; 0.93%), channel choice for service (2.59%; 0.62%), and tasks
through preferred channels (1.98%; 0.47%), collectively reflecting a desire for operational
agility and personal control in the consumption journey. Flexibility is a crucial dimension of
OCCE, and brands/retailers carrying out operations across channels should strive to make

flexible options available to their customers to become “omni” in the true sense of the term.

The personalisation dimension received a local weight of 9.54%, indicating relatively lower
emphasis in the context of technical consumer goods, where customers may prioritise
functionality and reliability over customised experiences. For instance, customers shopping for
apparel, footwear, and expensive jewellery may value personalised recommendations and
rewards based on their shopping history, browsed pages, etc. Whereas, in the technical
consumer goods sector, customers may attach more importance to the dimensions of
connectivity, consistency, and flexibility. Nevertheless, client-specific rewards (3.85%; 0.37%)
and personalised discounts/privileges (3.82%; 0.36%) were preferred over elements such as
personalised recommendations (1.00%; 0.10%) and customised online browsing pages (0.87%;

0.08%).

Unexpectedly, integration, despite being fundamental to the omnichannel framework, emerged
as the least important dimension with a local weight of 4.83%. Omnichannel frameworks are
built on the basic premise of integration, and therefore, this dimension may not necessarily be
viewed as a differentiator of customer experience. Among its sub-dimensions, product variant

availability (1.92%; 0.09%) and integrated product descriptions (1.27%; 0.06%) were rated
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higher than integrated interactions (0.86%; 0.04%) and simultaneous product launches (0.79%;
0.04%).

Overall, the top three sub-dimensions with the highest global weights were interconnected
interactions (3.14%), connected member accounts (3.01%), and consistent service (2.52%).
These results suggested that in the TCG sector, customers prioritise consistent quality, support,
and connected service environments. These insights provide actionable strategies for retailers

looking to enhance their omnichannel frameworks.

Based on the above discussion, the following index can be used to examine the OCCE,

developed with the help of the AHP method:

OCCE = Connectivity * 36.38% + Consistency * 25.44% + Flexibility * 23.81% +

Personalisation * 9.54% + Integration * 4.83%

8.3 Summary

The methodology and analysis used to develop the OCCE index through the AHP approach are
presented in this chapter. The findings indicate that the most influential dimension of OCCE in
the TCG sector was connectivity, with a local weight of 36.38%. The second most important
dimension was consistency, with a local weight of 25.44%. Flexibility ranked third, with a local
weight of 23.81%. The personalisation dimension received a local weight of 9.54%, and
integration emerged as the least important dimension with a local weight of 4.83%. Overall, the
top three sub-dimensions with the highest global weights were interconnected interactions

(3.14%), connected member accounts (3.01%), and consistent service (2.31%).
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CHAPTER 9
FINDINGS, CONCLUSIONS AND

SUGGESTIONS

This chapter summarises the entire study, along with the findings of the study, and offers

concluding remarks for the analysis. It further outlines the contributions of the study, along with

managerial implications and suggestions for organisations in the technical consumer goods

sector. It also highlights the limitations of the study and suggests the scope for future research.

9.1 Findings

As observed in the findings below, this research advances the literature on omnichannel

customer experience in India’s technical consumer goods sector:

The hypothesis (H1) is supported. Integrated Product, Pricing and Promotion has the
highest impact on omnichannel customer experience, followed by Integrated Customer
Service and Integrated Information. It was found that Perceived Trust also has a
comparably strong positive effect on omnichannel customer experience. Perceived Risk
has a negative but significant effect. Hedonic Motivation has the least but significant
impact on omnichannel customer experience in the technical consumer goods sector.
Together, all the antecedents explain 77% of the variance in omnichannel customer
experience, demonstrating high explanatory power in the technical consumer goods
sector and validating the significance of structural elements of channel integration, as
well as technology acceptance and experience-related antecedents.

The hypothesis (H2) is partially supported: The moderating analysis revealed that
demographic variables—gender, age, income, and education—significantly influence
only select relationships between the antecedents and omnichannel customer
experience. The specific findings are detailed below:

The results of the group moderation effect reveal that gender moderates the relationship
between IPPP and OCCE, ICS and OCCE, and HM and OCCE. In the case of the
relationship between IPPP and OCCE and ICS and OCCE, the impact was found to be
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significantly higher in the case of male consumers as compared to female consumers.
However, in the case of the relationship between HM and OCCE, the path coefficient
was found to be higher in the case of female consumers compared to male consumers.
For the remaining relationships, no significant moderation was found, indicating the
absence of the moderating effect of gender.

For the age groups 18 to 30 years and 31-45 years, all the relationships between the
selected antecedents and OCCE were statistically similar, and there were no significant
differences. However, while comparing the age groups 18 to 30 years and above 45
years, significant differences were revealed for the relationship between IINFO and
OCCE, PT and OCCE, and HM and OCCE. In the case of the relationship between
IINFO and OCCE and PT and OCCE, the results reported a significantly higher impact
for consumers in the age group of above 45 years of age, as compared to young
consumers in the age group of 18-30 years of age. However, in the case of the
relationship between HM and OCCE, the impact was found to be significantly higher
in the case of consumers in the age group of 18-30 years of age, as compared to
consumers above 45 years of age. For the remaining relationships, no significant
moderation was found. While comparing the age group 31-45 years and above 45
years, significant differences were revealed for the relationship between IINFO and
OCCE, ICS and OCCE, and PT and OCCE. In the case of the relationship between
IINFO and OCCE, the impact was found to be significantly higher in the case of
consumers in the age group of 31-45 years as compared to consumers above 45 years
of age. However, in the case of the relationship between ICS and OCCE and PT and
OCCE, the results reported a significantly higher impact for consumers in the age group
of above 45 years of age as compared to young consumers in the age group of 31-45
years of age. For the remaining relationships, no significant moderation was found.
For the income groups less than Rs 5 lakhs and Rs 5 lakhs — Rs 10 lakhs, significant
differences were revealed for the relationship between IPPP and OCCE, ICS and OCCE,
and PT and OCCE. In the case of the relationship between IPPP and OCCE and ICS
and OCCE, the impact was found to be significantly higher in the case of consumers in
the income group of Rs 5 lakhs — Rs 10 lakhs as compared to consumers with an income
of less than Rs 5 lakhs. However, in the case of the relationship between PT and OCCE,

the impact was found to be significantly higher in the case of consumers in the income
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group of less than Rs 5 lakhs as compared to consumers in the income group of Rs 5
lakhs — Rs 10 lakhs. For the remaining relationships, no significant moderation was
found. For the income groups less than Rs 5 lakhs and above Rs 10 lakhs, significant
differences were revealed for the relationship between IPPP and OCCE, ICS and OCCE,
PT and OCCE, and PR and OCCE. In the case of the relationship between IPPP and
OCCE and ICS and OCCE, the impact was found to be significantly higher in the case
of consumers in the income group of Above Rs 10 lakhs as compared to those in the
income group of less than Rs 5 lakhs. However, in the case of the relationship between
PT and OCCE, the impact was found to be significantly higher in the case of consumers
in the income group of less than Rs 5 lakhs as compared to consumers in the income
group of Above Rs 10 lakhs. For the remaining relationships, no significant moderation
was found. In case of the impact of PR on OCCE, the highest, however, negative impact
was found in the case of consumers with an income of less than Rs 5 lakhs as compared
to consumers with higher incomes. For the income groups, Rs 5 — Rs 10 lakhs and
above Rs 10 lakhs, all the relationships between the selected antecedents and OCCE
were statistically similar, and there were no significant differences.

While examining the interaction moderation effect of education, all the path coefficients
indicating the impact of the selected antecedents and OCCE were found to be
statistically insignificant, thus concluding that the education level of the consumers does
not moderate the relationship between the antecedents and OCCE.

These findings confirm that demographic characteristics do affect the way consumers
experience omnichannel environments, but their influence is context-dependent rather
than universal indicating that OCCE drivers vary across customer segments in the
technical goods sector.

e The hypothesis (H3) is partially supported. The multiple regression analysis revealed
that the influence of antecedents on the five dimensions of Omnichannel Customer
Experience —Integration, Consistency, Personalisation, Connectivity, and Flexibility—
varied in strength and significance. In the case of Integration, all the antecedents had a
significant impact on the integration dimension of OCCE, and the slope coefficient was
found to be the highest in the case of ICS, followed by IINFO and PR, which were found
to have the maximum impact on the integration dimension of OCCE. In the case of

Consistency, all the antecedents, except HM, had a significant impact on the consistency
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dimension of OCCE, and the slope coefficient was found to be the highest in the case
of IPPP and ICS, which were found to have the maximum impact on the consistency
dimension of OCCE. In the case of Personalisation, all the antecedents, except PR, had
a significant impact on the personalisation dimension of OCCE, and the slope
coefficient was found to be the highest in the case of IPPP and IINFO, which were found
to have the maximum impact on the personalisation dimension of OCCE. In the case of
Connectivity, all the antecedents, except HM, had a significant impact on the
connectivity dimension of OCCE, and the slope coefficient was found to be the highest
in the case of ICS, IPPP, and PT, which were found to have the maximum impact on
the connectivity dimension of OCCE. In the case of Flexibility, all the antecedents,
except PR and HM, had a significant impact on the flexibility dimension of OCCE, and
the slope coefficient was found to be the highest in the case of IPPP, IINFO, and ICS,
which are found to have the maximum impact on the flexibility dimension of OCCE.
The F-statistic, which represents the goodness of fit of the regression model, was found
to be significant at a 5 % level of significance in all five analyses.

e The hypothesis (H4) is supported. The findings confirm that the Omnichannel Customer
Experience has a positive influence on Customer Satisfaction, and Customer
Satisfaction exerts a significant positive effect on both Repurchase Intention and Word-
of-Mouth Intention. Therefore, satisfaction acts as the primary mechanism translating
positive omnichannel experiences into favourable behavioural outcomes, reinforcing its
central role in building consumer loyalty.

e The hypothesis (H5) is supported. The mediation analysis confirmed that Customer
Satisfaction partially mediates the relationship between Omnichannel Customer
Experience (OCCE) and the behavioural outcomes—Repurchase Intention and Word-
of-Mouth Intention. The results reveal that OCCE has a significant direct effect on both
Repurchase and WOM intentions, while also exerting a strong indirect effect through
Customer Satisfaction. The indirect effect of OCCE on Repurchase Intention through
Satisfaction is significant in both cases, but stronger for repurchase intention than for
word-of-mouth intention. This suggests that satisfaction is a key conduit through which
omnichannel experiences translate into repeat purchasing, whereas its amplifying role

in word-of-mouth is weaker. Customers with positive omnichannel experiences may
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still recommend the retailer, even if they are not highly satisfied, but are more likely to
make repeat purchases when those experiences also generate satisfaction.

e The study developed an Omnichannel Customer Experience (OCCE) Index for the
Technical Consumer Goods (TCG) sector using the Analytical Hierarchy Process
(AHP). This index quantifies the relative importance of the five key dimensions of
OCCE—Connectivity, Consistency, Flexibility, Personalisation, and Integration—
based on expert judgment and pairwise comparisons. The AHP analysis revealed that
Connectivity (36.38%) emerged as the most influential dimension, followed by
Consistency (25.44%), Flexibility (23.81%), Personalisation (9.54%), and Integration
(4.83%). Based on the weights derived through the AHP analysis, the following index
1s proposed to measure the omnichannel experience of customers in the technical goods

sector.

OCCE = Connectivity * 36.38% + Consistency * 25.44% + Flexibility * 23.81% +

Personalisation * 9.54% + Integration * 4.83%

9.2 Conclusions

The present study aimed to develop and empirically validate a comprehensive model of
omnichannel customer experience within India’s technical consumer goods sector. This sector
is characterised by high consumer involvement in the form of elaborate decision-making and
information seeking, due to the infrequent nature of purchases and the high cost of these goods.
Primarily based on theories of customer experience, channel integration and technology
adoption, the research has examined how structural and experiential antecedents shape the
omnichannel experiences of consumers with subsequent outcomes in the form of satisfaction,

repurchase intention, and word-of-mouth intention.

The study’s findings identified six critical antecedents — Integrated Product, Pricing and
Promotion, Integrated Information, Integrated Customer Service, Perceived Trust, Perceived
Risk and Hedonic Motivation - that significantly influence the Omnichannel Customer
Experience. Among these, the structural elements of integration emerged as the strongest
predictors underscoring the need for consistency in products, prices, information, and service
across channels. Secondly, the moderating analysis confirmed that demographic variables, such

as gender, age, and income, shape customer perception and response in omnichannel
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frameworks, highlighting the need for segment-specific rather than homogeneous strategies in

a highly heterogeneous Indian economy.

The study also validated that each of the antecedents differently influenced the five dimensions
of omnichannel customer experience — Integration, Personalisation, Connectivity, Consistency
and Flexibility. Further, the study also verifies that omnichannel customer experience exerts a
strong positive effect on customer satisfaction which in turn significantly influences repurchase
intention and word-of-mouth intention. Customer satisfaction was also found to partially
mediate the relationship between omnichannel customer experience and the behavioural
outcomes (repurchase intention and word-of-mouth intention), indicating that positive

experiences translate into long-term satisfaction and loyalty.

Finally, the study developed the Omnichannel Customer Experience Index using the Analytical
Hierarchy Process to quantify and prioritise the relative importance of each dimension of OCCE
based on the inputs of experienced practitioners in India’s technical consumer goods sector.
The analysis reveals that Connectivity and Consistency are the most influential dimensions of
OCCE followed by Flexibility, Personalisation and Integration. This index will enable brands
and retailers the quantify the real omnichannel experiences of their customers and accordingly

align their future omnichannel initiatives.

In conclusion, the study enriches both academic and managerial understanding of omnichannel
experience in the high-involvement retailing sector. As India continues its digital
transformation, the insights derived from this study can help design data-driven and customer-
centric omnichannel strategies, aiding retailers in building enduring relationships in an

increasingly competitive marketplace.

9.3 Contributions of the Study

This study makes the following significant contributions to the literature on omnichannel
customer experience, particularly in the context of the Indian technical consumer goods (TCG)

sector:

e The study consolidates the six factors of channel integration (Oh et al., 2012) into three
consolidated factors offering a more contextually relevant framework for high-

involvement goods.
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It extends the omnichannel customer experience research by incorporating constructs
like hedonic motivation, perceived risk, and perceived trust derived from Technology
Acceptance Models into the channel integration framework, offering a more
comprehensive understanding of omnichannel adoption and experience, thereby
capturing structural and experiential drivers.

The study empirically validates and confirms the moderating role of key demographics
in the omnichannel framework, thereby providing a nuanced and sector-specific
segmentation perspective.

The study, in line with previous literature in the marketing domain, confirms that
satisfaction is a pivotal mechanism that translates positive omnichannel experiences into
loyalty outcomes such as repurchase intention and word-of-mouth intention.

The study introduces a novel methodological approach of employing the Analytical
Hierarchy Process (AHP) to evaluate the relative importance of the dimensions of
omnichannel customer experience (OCCE) in the technical consumer goods sector
based on the scale proposed by Shi et al. (2020). While prior studies have primarily
treated the OCCE scale as either an independent or dependent construct in quantitative
models, this research advances the literature by using a Multi-Criteria Decision-Making
(MCDM) technique to generate a practitioner-based prioritisation of the dimensions.
Existing omnichannel research has predominantly centred on fashion and grocery retail
in emerging and developed economies. By focusing on India’s technical consumer
goods sector, a high-involvement category within the world’s largest and youngest
consumer markets, this study provides crucial, context-specific insights that broaden the

existing omnichannel literature.

9.4 Managerial Implications

The findings of this study carry significant implications for managers in India’s technical

consumer goods sector. The findings underscore the need for retailers to design integrated and

customer-centric omnichannel frameworks that ensure consistency across online and offline

touchpoints. The significant influence of integrated product, pricing and promotion,

information, and customer service on the overall omnichannel customer experience (OCCE)

suggests that fragmented operations can erode experiential quality and reduce customer

retention. Managers should therefore invest in systems and processes that unify product data,
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service standards, and promotional activities across channels to create seamless shopping
journeys. The study highlights the importance of perceived trust and mitigation of risk in
shaping customer experience. Given that purchases of technical consumer goods are typically
high-involvement decisions, managers must ensure transparent policies, reliable fulfilment, and
credible post-purchase support. Strengthening these elements can enhance both the cognitive
and affective components of experience and encourage repurchase behaviour. The multi-group
analysis reveals that the drivers of OCCE vary across demographic segments such as gender,
age, and income. Retailers should thus develop segment-specific engagement models. Younger
consumers tend to value experiential and hedonic aspects of shopping, whereas older or higher-
income consumers prioritise reliability, assurance, and risk reduction. Recognising these
variations allows managers to allocate resources more effectively and design differentiated
value propositions across customer segments. The results indicate that customer satisfaction
mediates the relationship between omnichannel customer experience and behavioural intentions
such as repurchase and word-of-mouth intentions. This reinforces the need to continuously
monitor and enhance satisfaction at each channel interface. Retailers can benefit from adopting
structured diagnostic tools such as the proposed OCCE Index, which enables them to measure
experiential quality across dimensions and identify areas requiring improvement. Regular
application of such metrics can support data-driven decision-making and provide early warning
signals of experience degradation. As consumers increasingly move between digital and
physical channels, managerial emphasis should shift from channel optimisation to journey
orchestration, ensuring that each interaction contributes cumulatively to a coherent and

trustworthy brand experience.

9.5 Suggestions of the Study

The findings of the study suggest that retailers in the Indian technical consumer goods sector
should explicitly position omnichannel customer experience as a central strategic priority.
OCCE should be treated as a core performance area, alongside sales, profitability and market
share, rather than as a narrow information technology or marketing initiative. Senior
management is advised to adopt an integrated, customer-centric omnichannel framework that
coordinates product, pricing, promotion, information, logistics, and service across all

touchpoints, ensuring customers experience a single, coherent journey.
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The findings indicate that retailers should prioritise the strengthening of those OCCE
dimensions that have emerged as most critical in the model. Product, price, and promotion
parity for identical stock-keeping units (SKUs) should be the norm, supported by a single
product catalogue and content repository, ensuring specifications, availability, media, and
reviews remain consistent across websites, mobile applications, marketplaces, and physical
stores. Basket continuity across devices and the ability to buy online, pick up, or return in-store
reduce friction at critical points of the journey. Since purchases of technical consumer goods
are deliberative, parity and continuity directly lower search costs and perceived risk, improving

both OCCE and conversion.

Information integration and trust building form the second pillar. Real-time inventory visibility
at the store—SKU level, reliable delivery windows published at checkout, and clear warranty
and returns information reduce uncertainty for high-value appliances and electronics. Credible
assistance—through verified ratings, frequently asked questions (FAQs), comparison tools,
installation guides, and total cost-of-ownership disclosures—helps customers make confident
choices. Trust signals at checkout, including secure payment rails and strong authentication,
further reduce cart abandonment. In a market where brand trust and post-purchase assurance

are decisive, these measures convert stated intent into completed orders.

Retailers should make integrated customer service a normal, everyday practice rather than an
isolated initiative. Customers should not be forced to repeat their story every time they switch
from chat to a phone call or walk into a store. A single case ID that is visible across all channels
could help staff pick up where the last interaction ended, reduce duplication, and resolve issues
quickly. More complex problems should be directed to trained advisors who understand
technical consumer goods. The post-purchase phase also requires tools such as automated
reminders for installation, clear usage instructions, easy warranty registration, and alerts for
basic maintenance, which can help ensure that products work properly the first time and reduce
unnecessary calls and returns. Together, these practices build the assurance and reliability that

this study shows to be especially important for a positive omnichannel experience.

The study further suggests that retailers should design and implement segment-specific
omnichannel strategies that recognise the diversity of the Indian market. The analysis reveals
systematic differences across gender, age, and income groups. Managers are therefore

encouraged to tailor communication, interface design, service support and financing options to
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the needs and constraints of these segments, rather than relying on a uniform omnichannel
approach. Some segments may value responsive service and reassurance more strongly, while

others may respond more to rich information and experiential features.

On the operational side, the study recommends that retailers develop the organisational and
technological capabilities required to support integrated omnichannel delivery. This includes
unified customer and product data, shared order and ticket management systems across
channels, and common service standards for response time, information accuracy and fulfilment
reliability. Training frontline staff to consistently handle cross-channel interactions is also
recommended, so that customers do not experience fragmentation when moving between online

and offline touchpoints.

The study proposes that the OCCE Index developed in this research be adopted as a practical
diagnostic tool. Retailers are encouraged to use the OCCE Index to periodically measure the
experiences of their omnichannel customers, disaggregate scores across channels and segments,
and identify specific dimensions where improvement is required. The Index can support
evidence-based decisions on where to refine or restructure omnichannel frameworks, and can
be linked to key performance indicators such as repeat purchase, word-of-mouth, and service
costs. In this way, the study suggests that the OCCE Index can become an integral part of a
continuous improvement cycle for managing omnichannel experiences in the technical

consumer goods sector.

Finally, managers should stop practices that erode trust: channel-exclusive prices that
encourage customers to hunt and fine-print exceptions that contradict headline promises on
delivery or returns. In a diverse Indian market, OCCE leadership does not come from sporadic
feature launches but from disciplined integration of offers, information, and service—
reinforced by credible assurances and segment-aware design. Executed in this manner,
omnichannel transformation improves customer outcomes and delivers measurable financial

returns, creating a defensible competitive position in the TCG sector.

9.6 Limitations of the Study

Despite its contributions, the study is subject to the following limitations:

e The research adopts a cross-sectional design, which limits the ability to observe changes

in omnichannel customer experiences over time. As retailers in India continue to expand
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and refine their omnichannel frameworks, the cross-sectional nature of data limits
dynamic interpretations.

The study is based on a sample of 703 respondents drawn from different states across
India. While the sample size is statistically adequate for the techniques employed in the
study, a larger, more geographically balanced sample could enhance the model’s
predictive power and the generalisability of the findings across diverse regional contexts

in India.

The study relies on self-reported data collected through structured questionnaires, which
may be susceptible to response biases. Although appropriate procedures were
implemented to ensure the absence of bias and the reliability and validity of the
responses, they may still reflect participants’ subjective perceptions and interpretations

rather than their actual behaviour, potentially influencing the accuracy of the results.

9.7 Scope for Future Research

The study provides several avenues for future research to deepen and broaden the understanding

of OCCE in the technical consumer goods sector and beyond. These suggestions could also

address the existing limitations of the study.

Future studies could examine additional antecedents of OCCE discussed in prior
literature, such as technology readiness, perceived convenience, perceived logistics
performance and omnichannel loyalty programmes. Incorporating these variables in
future models would offer a more comprehensive insight into what determines customer
experience in omnichannel frameworks.

Building on the findings of this study, subsequent work could examine whether the
antecedents identified for OCCE in the technical consumer goods sector also drive
customer experiences in other high-involvement sectors (automobiles, furniture,
precious jewellery).

The established moderating effect of demographics invites replication and extension
using other moderators such as channel preference, digital literacy, and type of

omnichannel user.
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e Future work should examine additional mediators (customer delight, brand attachment)
and broaden the set of outcomes to include cross-buying, channel migration, and share
of wallet to understand the full impact of OCCE.

e Future studies could employ qualitative methods such as interviews and journey
mapping to capture actual omnichannel paths (webrooming, showrooming) and verify
whether the proposed OCCE dimensions and antecedents predict revealed behaviour as
well as stated intentions.

¢ A longitudinal research design would allow researchers to test how shifts in integration,
risk, and trust over time translate into evolving satisfaction, repurchase intention, and
word-of-mouth, rather than relying on a single cross-sectional view of the customer

journey.
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ANNEXURE I: QUESTIONNAIRE I

ANNEXURE I: QUESTIONNAIRE I

I am Maria Sancha Pereira working as an Assistant Professor at Rosary College of Commerce

& Arts, Navelim Goa. I am currently pursuing my Ph.D at Goa University. I am conducting

research in the area of Customer Experience in Omni-channel frameworks in the Technical

Goods Sector across India. An omni-channel framework allows customers to carry out the

buying process using more than one channel (online and offline) in a seamless manner. To carry

out the study successfully, I need to collect data and hence I would really appreciate if you

could spare a few minutes of your valuable time in filling the enclosed questionnaire. I assure

you the confidentiality of the responses given by you and the usage of the same to be confined

to academic research work only.

1) Have you purchased any technical goods (consumer electronics, household appliances,

etc.)?

Consumer Electronics Please Tick | Mention the Brand

1. Mobile phone

2. Laptop

3. Speaker

4. Smart Watches

5. Head phones
Household Appliances

1. Washing Machine

2. Refrigerator

3. Television

4. Oven

5. Air Conditioner
Any other:

Page | 175




ANNEXURE I: QUESTIONNAIRE I

2) Which of the following channels did you use while deciding and purchasing the goods?

(You can choose more than 1 channel)

Channel for Decision making | Please Channel for purchase Please
Tick Tick
1. Physical store 1. Physical store
2. Website 2. Website
3. Mobile application 3. Mobile application
4. Social media page 4. Social media page
Any other channel: Any other channel:
Demographic Profile
Gender
Male Female Transgender
Mention your state and city: --
Age (in years)
18-30 31-45  Above 45

Annual Income (in Rs)

Less than Rs 5 Lakhs 5 lakhs — 10 lakhs

Education

Undergraduate Graduate

Post Graduate

Above 10 lakhs

Professionally Qualified
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Antecedents of Omnichannel

Kindly evaluate the following points based on your past shopping experience while purchasing
Technical Goods (consumer electronics, household appliances, etc.) on a scale of 1 — 7, where
1= Strongly Disagree, 2 = Disagree, 3 = Somewhat Disagree, 4 = Neutral, 5 = Somewhat Agree,
6 = Agree, 7 = Strongly Agree.

You may recollect your experience of purchasing a product in the category of consumer
electronics/household appliances while responding to the following statements. For e.g.
you may have purchased a Samsung refrigerator and before doing so, you checked for the
same across online platforms (Samsung website, Amazon, Flipkart, Facebook, YouTube)

and also made enquiries in the offline stores (Samsung store, Authorised retailers)

1. Integrated product, pricing & promotion 1 |2 |3 |4 |5 |6 |7

The brand name/tagline/logo are consistent both

online and offline

The Website highlights in-store promotions (eg new
arrivals, discount sales, etc.) that are taking place in

the Physical store

Product descriptions are consistent in both the Offline

store and Online platforms

The Physical store advertises the Website through
pamphlets/ receipts/carrying bags

Information on stock availability is consistent in both

the Offline store and Online platforms

Product prices are consistent in both the Offline store

and Online platforms

2. Integrated Information 1 |2 |3 (4 |5 |6 |7

The brand keeps an integrated purchase history of my

online and offline purchases
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The brand makes future purchase recommendations
to me based on my past consolidated online and

offline purchases

The brand customises Web pages for me based on my

past consolidated online and offline purchases

The Brand allows me to check the inventory status at

the Physical store through the Online platforms

The physical store provides Internet kiosks to access
the information and functionalities available on

Online platforms

3. Integrated Customer Service

The in-store customer service center accepts return,

repair or exchange of products purchased online

I am able to redeem the gift coupons/vouchers issued

by the brand either online or offline

The brand through its website provides post-purchase
services such as returns, repairs for the products

purchased at the physical store

The brand through its website provides interactive
access to the customer service assistant through a

real-time chat program

The brand allows me to choose any physical store to

self-collect my online purchases

4. Perceived Risk

I believe that there’s a high risk when making
omnichannel (using more than 1 channel) purchase

decisions.
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I am more likely to suffer losses when using

omnichannel shopping to make purchase decisions.

The probability that I will get a good bargain from

omnichannel shopping is small.

5. Perceived trust

I feel my personal information is securely managed

by the brand irrespective of my channel of shopping.

I feel that the brand transmits my transactional

information (order details) accurately.

I would feel safe providing sensitive information
(bank details, card numbers) over the omni-channel

platforms

I believe that this brand is reliable and trustworthy

I believe that this brand’s products and services are

dependable

6. Hedonic motivations

Being able to use multiple channels throughout my

purchase journey is enjoyable

Being able to use multiple channels throughout my

purchase journey is pleasurable

Being able to use multiple channels throughout my

purchase journey is interesting

7. Integration

My interactions across different channels are

integrated and taken into account for each purchase.

Descriptions of products are integrated across

different channels.
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New products are simultaneously launched across

different channels.

Product wvariants are available across different

channels.

8. Personalisation

Shopping recommendations are offered according to
purchase records and my personal information across

different channels.

Shopping discounts and privileges are offered based
on purchase records and my personal information

across different channels.

Online browsing pages are customised based on
purchase records and my personal information across

different channels.

Client-specific rewards or member points are offered
based on my purchase history across different

channels.

9. Consistency

Trademarks, brand names, and slogans are consistent

across different channels.

I receive consistent responses through different

channels.

The quality of products is consistent across different

channels.

The service performance is consistent across different

channels.

10. Flexibility
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I can examine products in physical stores and order

them online.

I can choose alternative channels for a given service.

I can order online and make payment and pick-up

offline

The after-sales service is available across different

channels.

I can accomplish specific tasks through preferred

channels.

11.Connectivity

I can check inventory status across different channels.

I can enquire about product information across

different channels.

I can check offline inventory through different online

channels.

My reading of contents is continuous and connected

across different channels.

My member accounts across different channels are

connected.

My interactions with customer service across

different channels are interconnected.

12. Customer Satisfaction

I am satisfied with my overall experiences of omni-

channel shopping.

I am satisfied with the pre-purchase experience of

omni-channel shopping (e.g., consumer education,
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product search, quality of information about products,

product comparison).

I am satisfied with the purchase experience of omni-
channel shopping (e.g., ordering, payment

procedure).

I am satisfied with the post-purchase experience of
omni-channel shopping (e.g., customer support and
after sales support, handling of returns/refunds,

delivery care).

13. Re-Purchase Intention

I will use omnichannel shopping in the near future.

I intend to use omnichannel shopping frequently in

the future.

I prefer to recommend omnichannel shopping to

people around me.

14.WOM

I would like to introduce omni-channel brands to

others.

I would speak favorably about the omni-channel

brands to others.

I would assist other customers with the omni-channel

brands if they need my help.

I would say positive things and recommend the omni-

channel brands on social networking sites

I would use social sites to encourage friends and

relatives to buy the omni-channel brand’s products
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ANNEXURE II: QUESTIONNAIRE I

ANNEXURE II: QUESTIONNAIRE II

Respected Sir/Madam

I am Maria Sancha Pereira currently pursuing my Ph.D from Goa University on the topic "An Analysis of the Antecedents and Outcomes of Customer

Experience in Omnichannel Retailing: An Empirical Study in the Technical Consumer Goods Sector". One of the objectives of my work involves developing

an omnichannel customer experience index. To fulfil this objective, I am using the Analytic Hierarchy Process (AHP) to develop the above-mentioned index.

The AHP methodology involves ranking various criteria/dimensions using pairwise-comparisons. Based on the inputs received from you, I will be ranking the

dimensions that are critical in enhancing the customer experience in an omnichannel framework in the Technical Consumer Goods Sector (consumer electronics

and home appliances). I assure you of the confidentiality of the responses given by you and the usage of the same to be confined to academic research work

only.

Following are the instructions to be followed while rating the criteria:

a)
b)
©)
d)

e)

f)

There are two matrices i.e. the upper triangular matrix and the lower triangular matrix.

You are requested to enter your inputs only in the upper triangular matrix.

While entering your inputs, a comparison needs to be made between the items in the rows and columns.

The items have to be rated on a scale of 1-9 where 1 = equally important, 3 = moderately more important, 5 = strongly more important, 7 = very strongly
more important, 9 = absolutely important; 2,4,6,8 are intermediate values which can be also used.

If you consider the item in the column to be more important than the item in the row, the rating can be any number between 1-9 based on the level of
importance you attach. However, if you consider the item in the row to be more important than the item in the column, kindly enter the input as a reciprocal
ie. 1/2,1/3,1/4,1/5,1/6, 1/7, 1/8 or 1/9 based on the level of importance you attach.

For example, while entering your input in the first cell, if you consider “integrated product descriptions” (column 3) to be “very strongly more important”
than “integrated interactions” (row 2), your input could be either 7 or 8. However, while entering your input in the same cell, if you consider “integrated

interactions” (row 2) to be “very strongly more important” than “integrated product descriptions” (column 3), your input could be either 1/7 or 1/8.
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Items

Integrated interactions

Inteerated broduct descrintions

Simultaneous product launches

Product variant availability

Personalised recommendations

Personalised discounts/privileges

Customised online browsing pages

Client-specific rewards

Consistent trademarks/brand names/slogans

Consistent information

Consistent product qualitv

Consistent service

Online/Offline order

Channel choice for service

Flexible pavment/pick up ontions

After sales service across channels

Tasks through oreferred channels

Inventorv status across channels

Product information across channels

Offline inventorv via online channels

Svnchronised content across channels

Connected member accounts

Interconnected interactions
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Table 1: Pairwise Comparison Matrix — Aggregate Inputs

A)N[Iqe[IBAR JUBLIBA JONPOIJ

INPUTS FOR AHP ANALYSIS

soyoune 1onpoxd snosue)nwIg

suonduosap jonpoid pajeisajuf

6.00{1.00{3.00{0.50/3.00/0.17/2.00{0.17/3.00{0.14{0.11|0.11/0.14{0.20{0.14/0.11{1.00{0.17/0.14/0.33/0.14/0.13{0.11
0.50{0.33/1.00{0.14/0.50/0.14/2.00{0.14/2.00{0.17{0.11{0.11/0.17(0.20{0.13]0.11{0.50{0.17/0.13/0.14{0.17/0.14|0.14
2.00{2.00{7.00/1.00/3.00{0.50{3.00{0.50{3.00{0.50{0.17/0.13{0.17]0.20{0.33{0.11]{2.00/0.50/1.00{0.25]0.25]0.20{0.13
6.00{0.33/2.00{0.33/1.00/0.17/1.00{0.33/2.00{0.17{0.11|0.11/0.25{0.25]0.13]0.11{0.17/0.20/0.17(0.17]0.14]0.14{0.11
5.0016.00{7.00{2.00{6.00|1.00{2.00/1.00{3.00{0.50{0.17{0.17|0.17/2.00{2.00{0.17/2.00{3.00| 1.00|2.00/0.50{1.00{0.33
6.00{0.50{0.50{0.33/1.00/0.50/1.00{0.13]0.33|0.14{0.11|0.11/0.14{0.25/0.14/0.11{0.14{0.17/0.17(0.20{0.14/0.11{0.11

1.00{0.17|2.00{0.50/0.17/0.20{0.17{0.20/2.00{0.13]0.13/0.11{0.20{0.13]0.11{0.11|2.00/0.14/0.13/0.20{0.13{0.11{0.11
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Client-specific

rewards 5.00(6.00(7.00{2.00(3.00{1.00|8.00( 1.00[4.00[0.25|0.14(0.14|2.00{ 1.00|2.00{ 0.14|3.00{3.00|0.14{ 1.00|1.00{ 0.33|0.50
Consistent

trademarks/brand 0.50/0.33]0.50/0.33]0.50/0.33/3.00/0.25|1.00/0.11]0.11/0.11]0.20/0.33]0.33/0.13]0.20/0.25|0.13/0.170.11/0.14|0.14
names/slogans

Consistent information |8.00/7.00(6.00/2.00/6.00/2.00|7.00/4.00/9.00/1.00/0.33/0.20| 1.00/2.00|2.00/0.50{3.00/2.00| 1.00/2.00| 1.00/1.00| 1.00
qclﬁ’;ﬁti;tent product 1g 00/9.00/9.00/6.00|9.00(6.00/9.00| 7.00|9.00|3.00| 1.00| 1.00|2.00/3.00| 3.00| 1.00|2.00| 3.00| 3.00|2.00| 1.00| 1.00| 1.00
Consistent service  9.00/9.00/9.00/8.00/9.00/6.00{9.00/7.00/9.00/5.00|1.00/1.00|2.00/2.00|3.00/ 1.00{3.00/3.00|3.00/2.00|2.00/ 1.00| 1.00
Online/Offline order |5.00/7.00/6.00/6.00/4.00/6.00|7.00/0.50|5.00/1.00/0.50/0.50|1.00/2.00| 1.00/0.33|3.00/2.00| 1.00/2.00/0.33/0.50/0.50
Channel choice for— g 09/ 5,00/ 5.00{5.00/4.00]0.50|4.00| 1.00| 3.00]0.50{0.330.50| 0.50| 1.00|0.17]0.13| 1.00|0.33] 0.14| 0.25|0.14|0.14| 0. 14
Flexible

payment/pick up 9.00|7.00/8.00|3.00{8.00/0.50|7.00/0.50/3.00/0.50{0.33/0.33|1.00/6.00| 1.00/0.20/2.00/1.00|0.17/2.00/0.20/0.17/0.14
options

After sales service

e S s 9.00/9.00(9.00/9.00{9.00|6.00|7.00/4.00|8.00/2.00| 1.00/ 1.00|3.00|8.00|5.00 1.00|3.00/2.00|2.00/2.00|2.00/ 1.00|3.00
Tasks through

preferred channels  |0-50/1.00]2.00|0.50|6.00/0.50|4.00|0.33|5.00/0.330.50| 0.33| 0.33| 1.00| 0.50| 0.33| 1.00|0.25|0.14)0.20| 0.170.20/ 0.17
Inventory status

MR 7.00/6.00(6.00/2.00{5.00/0.33]5.00/0.33]4.00/0.50{0.33/0.33]0.50/3.00| 1.00/0.50|3.00/ 1.00|2.00/ 1.00/0.33/0.25|0.17
Product information

B 8.00(7.00(8.00(1.00(6.00{1.00(3.00|7.00(8.00| 1.00(0.33]0.33|1.00|4.00(6.00{ 0.50|5.00| 0.50[1.00| 1.00[1.00{ 0.50(0.33
Offline inventory via

RN A 5.00(3.00(7.00|4.00(6.00{0.50|5.00( 1.00/6.00|0.50|0.50{0.50|0.50| 3.00|0.50{ 0.50|3.00{ 1.00|1.00{ 1.00|0.33{0.50|0.17
Synchronised

cgntentlacross 8.00(7.00(6.00|4.00(7.00(2.00(4.00| 1.00|7.00| 1.00|1.00{0.50(3.00|3.00(5.00{ 0.50|5.88|3.00(1.00| 3.00(1.00{ 0.33|0.33
channcels

g&gﬂﬁtsed member g (0/8.00|7.00(5.00|7.00/1.00/6.00|3.00/6.00| 1.00| 1.00| 1.00|2.00| 5.00|5.00| 1.00/5.00| 4.00| 2.00|2.00| 3.00| 1.00| 1.00
}g{ggg’ggﬁgwd 9.09(9.00/7.00|8.00/9.09|3.00(7.00(2.00|4.00| 1.00| 1.00| 1.00|2.00{4.00|6.00|0.33|4.00|3.00|3.00({4.00|3.00/ 1.00| 1.00

Source: Primary Data
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Table 2: Normalised Matrix
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5 2
] n 1%} en B
IR AR : z gls |y Sl 12 |8 |58
5 = 5 5y = v |2 o < 2 < B w | 9 8 ® 51 8
g1 8| s | = 2| 2|82 | 2|l | g 2 g 1$ |8 |8 | 2/ |=s |= | 8| 8
gl 2|2 |&|E| 2. | £1%8 | §| ¢ 51 2|2 [ |€ | 8§15 |5 |8 | 5| B
Sl 3|2 B E gl | EIE sle 225 |3 |29 |22
Items S| 2| E| 2| 8| 2| | 2|8 |E|2|2g|&|<S|8 |2 |52 |28 | |5 s | B
22| g | E| S =5 |28 €|e|s g2/ |5 s |E]E |2 |2 |23
A= =] . 9 =] = & 3| B . 7 = ] > @ = ] 31
< 5| 8| 5| 2|23 | 8|z || =|E|S|E |5 |28. |28 |z |2 |%]|¢t
el g 5]l 2| 3| % |8 2|32 8| 38| 8|9 | 5| s2Ex &|Z2f2B52 2| E
s | 5| & 8| & g |& L2yl 2| 2| 2| 2| 8 |sg22 T2 £ |82¢TEE 8| 8
D 2| 2| 5| 2| 2|28 5 |z& 2|z |2 |E| 5|58 s58|%E 5|2E|EE|2E| £ &
gl 8| E| 2| 5| B |22 2|85 §E| 8| 8| E| 2 |88|lE€8|28 2 |2S|ES|58| 8| &
£l E|la | & | | & |CO& OD|OE| 0| 0O | O0O| O| T |E&|<Se5| & |&a5|05|ens| O | =
. . 0.007| 0.002| 0.016| 0.007| 0.001| 0.005{ 0.002| 0.005{ 0.019] 0.006| 0.012| 0.012{ 0.009| 0.002| 0.002| 0.012] 0.036| 0.004| 0.005| 0.007| 0.007| 0.010{ 0.009
Integrated interactions
Integrated product 0.045( 0.009{ 0.024| 0.007| 0.026 0.004| 0.019| 0.004| 0.028| 0.007| 0.011| 0.012| 0.006| 0.004| 0.003| 0.012| 0.018| 0.005| 0.006{ 0.012]| 0.008| 0.011| 0.010
descriptions
Simultaneous product 0.004( 0.003| 0.008| 0.002| 0.004| 0.004| 0.019| 0.003| 0.019| 0.008| 0.011| 0.012| 0.007| 0.004| 0.003| 0.012| 0.009| 0.005| 0.005| 0.005| 0.009| 0.013| 0.012
launches
Product variant 0.015/0.018{0.056| 0.014| 0.026{ 0.013{ 0.028| 0.012| 0.028| 0.024| 0.016| 0.013| 0.007| 0.004| 0.007| 0.012| 0.036| 0.015| 0.043| 0.009| 0.014| 0.018|0.011
availability
Personalised 0.045] 0.003|0.016| 0.005| 0.009| 0.004| 0.009{ 0.008| 0.019] 0.008| 0.011 0.01s 0.011] 0.005|0.003| 0.012| 0.003| 0.006{ 0.007| 0.006| 0.008| 0.013| 0.009
recommendations n2
Personalised 0.037{0.054| 0.056| 0.028| 0.053| 0.025| 0.019| 0.024| 0.028| 0.024| 0.016| 0.017| 0.007| 0.039| 0.045| 0.019| 0.036| 0.089| 0.043| 0.069| 0.028| 0.092| 0.029
discounts/privileges
Customised online 0.045( 0.005| 0.004| 0.005| 0.009| 0.013| 0.009| 0.003| 0.003| 0.007| 0.011| 0.012| 0.006| 0.005| 0.003| 0.012| 0.003| 0.005| 0.007| 0.007| 0.008| 0.010| 0.010
browsing pages
. . 0.037{0.054{ 0.056| 0.028| 0.026| 0.025| 0.075| 0.024| 0.038| 0.012| 0.014| 0.015| 0.086( 0.019{ 0.045| 0.016| 0.055| 0.089| 0.006| 0.035| 0.055| 0.031{ 0.043
Client-specific rewards
Consistent 0.004| 0.003| 0.004| 0.005| 0.004| 0.008| 0.028| 0.006| 0.009] 0.005|0.011|0.012{ 0.009| 0.006| 0.007| 0.014| 0.004| 0.007| 0.005| 0.006| 0.006| 0.013{0.012
trademarks/brand
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interactions

. . . 0.059(0.063| 0.048| 0.028| 0.053| 0.051] 0.066| 0.094| 0.085| 0.049| 0.032| 0.021| 0.043| 0.039| 0.045| 0.056| 0.055| 0.059| 0.043| 0.069| 0.055| 0.092| 0.086
Consistent information

. . 10.059/0.081]0.072{ 0.085| 0.079{ 0.153| 0.085| 0.165| 0.085] 0.147| 0.097| 0.104| 0.086| 0.058| 0.067| 0.112| 0.036| 0.089| 0.128| 0.069| 0.055| 0.092| 0.086
Consistent product quality

. . 0.067(0.081|0.072| 0.113]0.079/ 0.153] 0.085| 0.165| 0.085| 0.245| 0.097| 0.104| 0.086| 0.039| 0.067| 0.112| 0.055| 0.089| 0.128| 0.069| 0.111| 0.092| 0.086
Consistent service

. . 0.037/0.063|0.048| 0.085| 0.035] 0.153| 0.066| 0.012| 0.047| 0.049| 0.048| 0.052| 0.043| 0.039| 0.022| 0.037| 0.055| 0.059| 0.043| 0.069| 0.018| 0.046| 0.043
Online/Offline order
Channel choice for 0.059/ 0.045|0.040| 0.071{0.035/ 0.013] 0.038| 0.024| 0.028| 0.024| 0.032| 0.052| 0.021]| 0.019| 0.004| 0.014| 0.018| 0.010| 0.006| 0.009| 0.008| 0.013{ 0.012
service
Flexible payment/pick up | 0.067|0.063|0.064| 0.042| 0.071| 0.013|0.066| 0.012{ 0.028| 0.024| 0.032| 0.035| 0.043| 0.116| 0.022| 0.022| 0.036| 0.030| 0.007| 0.069| 0.011| 0.015/0.012
options
After sales service across | 0.067]0.081]|0.072|0.127]0.079|0.153|0.066| 0.094| 0.075| 0.098| 0.097| 0.104| 0.129(0.155|0.112]| 0.112| 0.055| 0.059| 0.085| 0.069| 0.111| 0.092| 0.258
channels
Tasks through preferred | 0.004]| 0.009(0.016] 0.007| 0.053| 0.013|0.038| 0.008| 0.047| 0.016| 0.048| 0.035| 0.014| 0.019| 0.011{ 0.037| 0.018| 0.007| 0.006| 0.007| 0.009| 0.018| 0.014
channels
Inventory status across 0.052(0.054| 0.048| 0.028| 0.044| 0.008| 0.047| 0.008| 0.038| 0.024| 0.032| 0.035| 0.021| 0.058| 0.022| 0.056| 0.055| 0.030| 0.085| 0.035/ 0.018| 0.023| 0.014
channels
Product information 0.059(0.063|0.064| 0.014| 0.053| 0.025] 0.028| 0.165| 0.075| 0.049| 0.032| 0.035| 0.043| 0.078| 0.135] 0.056| 0.091| 0.015| 0.043| 0.035| 0.055| 0.046| 0.029
across channels
Offline inventory via 0.037(0.027|0.056| 0.057| 0.053| 0.013] 0.047| 0.024| 0.056| 0.024| 0.048| 0.052| 0.021| 0.058| 0.011| 0.056| 0.055| 0.030| 0.043| 0.035| 0.018| 0.046| 0.014
online channels
Synchronised content 0.059(0.063|0.048| 0.057|0.062| 0.051| 0.038| 0.024| 0.066| 0.049| 0.097| 0.052| 0.129| 0.058| 0.112| 0.056| 0.107| 0.089| 0.043| 0.104| 0.055| 0.031| 0.029
across channels
Connected member 0.067(0.072|0.056| 0.071{ 0.062| 0.025]| 0.057| 0.071{ 0.056{ 0.049| 0.097| 0.104| 0.086| 0.097| 0.112] 0.112] 0.091| 0.119| 0.085| 0.069| 0.166| 0.092| 0.086
accounts
Interconnected 0.068|0.081|0.056| 0.113]0.080| 0.076| 0.066| 0.047| 0.038| 0.049| 0.097| 0.104| 0.086| 0.078| 0.135| 0.037| 0.073| 0.089| 0.128| 0.138| 0.166| 0.092| 0.086

Source: Primary Data
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Papers Published

Paper published in the South Asian Journal of Management Research (UGC-CARE list
Group I)

Maria Sancha Ema De Assuncao Pereira, & Juao C. Costa. (2025). What Drives
Omnichannel Customer Experience? An Empirical Study of the Key Antecedents in the
Technical consumer goods Sector. South Asian Journal of Management Research,
15(2), 207-221. https://www.siberindia.edu.in/journals/SAJMR/April-2025/Paper-
16.pdf

Papers Presented

Paper titled ‘Building Blocks of Omni-Channel Experience — A Review of Key
Dimensions and Evidence of Adoption in India’ presented and won the best paper award
in the Academicians’ category at the Two-Day National Conference on ‘Challenges in
Retailing & Its Coping Strategies’ organised by the Government College of Arts,
Science and Commerce, Khandola Goa, held on the 23™ and 24" of J anuary 2023.

Paper titled ‘Customer Experience in Omni-Channel Retailing: A Bibliometric Analysis’
presented at the ICSSR-Sponsored Two-Day International Conference on ‘Emerging
Trends in Business & Entrepreneurship in Digital World” organised by the Department
of Business Management, Sri Padmavati Mahila Visvavidyalayam (Women’s

University), Tirupati Andhra Pradesh, held on the 9™ and 10" of March 2024.
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